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A package for binomial proportion

Proportion: Let x denote the number of successes in n independent
Bernoulli trials with X ~ Binomial (n, p) then phat = x/n denotes the
sample proportion.

Description

Proportion: Let x denote the number of successes in n independent Bernoulli trials with X ~ Bino-
mial (n, p) then phat = x/n denotes the sample proportion.

Introduction

Objective of this package is to present interval estimation procedures for ’p’ outlined above in a
more comprehensive way.Quality assessment procedures such as statistic based on coverage proba-
bility, Expected length, Error, p-confidence and p-bias are also included. Also, an array of Bayesian
computations (Bayes factor, Empirical Bayesian, Posterior predictive computation, and posterior
probability) with conjugate prior are made available. The proportion package provides three cat-
egories of important functions: Confidence Intervals, metrics on confidence intrvals (coverage
probability, length, p-confidence and p-bias, error and long term power) and other methods (hy-
pothesis testing and general/simulation methods).

Proportion methods grouping

For finding confidence interval for p we have included

Methods based on the asymptotic normality of the sample proportion and estimating standard
error

Exact methods based on inverting equal-tailed binomial tests of HO : p = p0,
Methods based on likelihood ratios
Bayesian approaches with beta priors or other suitable priors.
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Proportion function naming convention

The general guideline for finding functions are given below:

Short names for concepts: ci - Confidence Interval, covp - Coverage Probability, expl - Ex-
pected length (simulation), length - Sum of length, pCOpBI - p-Confidence and p-Bias, err -
Error and long term power

Short names for methods: AS - ArcSine, LR - Likelihood Ratio, LT - Logit Wald, SC - Score
(also know as Wilson), TW - Wald-T, WD - Wald, BA - Bayesian and EX - Exact in general
form that includes Mid-P and Clopper-Pearson.

For adjusted methods "A" is added to the function name while "C" will be added if it is
continuity corrected.

For generic functions BAF - Bayesian Factor, SIM - Simulation, GEN - Generic, PRE - Pre-
dicted, POS - Posterior

Combining the above you should be able to identify the function. For example, function for
coverage probability (covp) using ArcSine (AS) method will be covpAS(). If we need the
adjusted coverage probability (covp) using ArcSine (AS) method, then it will be covpAAS().

Wherever possible, results are consolidated for all x (@,1...n) and specific x (function name
succeeds with x). For example, if we run ciAS(n=5, alp=0.05) the output of x=5 will be the
same as CiASx(x=5, n=5,alp=0.05). In the first case the output is printed for all the values
of x till x=n.

All refers to six approximate methods (Wald, Score, Likelihood Ratio, ArcSine, Logit Wald
and Wald-T) - AAIl (Adjusted All) refers to six methods adjusted with adding factor h (Wald,
Score, Likelihood Ratio, ArcSine, Logit Wald and Wald-T)

CAIll (Continuity corrected All) refers to five methods (Wald, Score, ArcSine, Logit Wald and
Wald-T) with continuity correction ¢

Grouping functions for plots end with "g" (PlotciAllxg is the same as PlotciAllx, except the
results are grouped by x)

For almost all the functions, corrosponding plot function is implemented, which plots the
output in an apporiate graph. For example, the function covpAll() will give the numeric
output for the coverage probability of the six approximate methods (see explanation of All
above). Prefixing this with Plot makes it PlotcovpAll() and will display the plot for the
same six approximate methods.

Reproducibility of reference papers

To help the researcher reporduce results in existing papers we have taken six key papers (see refer-
ences below) [3], [8], [9], [10], [11], [12] and reproduced the results and suggested further items to
try. Details are in the vignette.

References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.



10 ciAAIl

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
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ciAAll ClI estimation of 6 adjusted methods (Wald, Wald-T, Likelihood, Score,
Logit-Wald, ArcSine) given adding factor

Description

CI estimation of 6 adjusted methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine) given
adding factor

Usage
ciAAll(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - adding factor

Details

The Confidence Interval using 6 adjusted methods (Wald, Wald-T, Likelihood, Score, Logit-Wald,
ArcSine) for n given alp and h
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Value

A dataframe with

name - Name of the method
X - Number of successes (positive samples)
LLT - Lower limit
ULT - Upper Limit
LABB - Lower Abberation
UABB - Upper Abberation
ZWI - Zero Width Interval
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom. confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Adjusted methods of CI estimation: PlotciAAS, PlotciAAllg, PlotciAAll, PlotciALR,
PlotciALT, PlotciASC, PlotciATW, PlotciAWD, ciAAS, ciALR, ciALT, ciASC, ciATW, ciAWD

Examples

n=5; alp=0.05;h=2
CciAAll(n,alp,h)

ciAAllx ClI estimation of 6 adjusted methods (Wald, Wald-T, Likelihood, Score,
Logit-Wald, ArcSine) given x and n

Description

CI estimation of 6 adjusted methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine) given
X and n
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Usage
ciAAllx(x, n, alp, h)

Arguments
X - Number of success
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
Details

The Confidence Interval of using 6 adjusted methods (Wald, Wald-T, Likelihood, Score, Logit-
Wald, ArcSine) for n given alp, x and h

Value

A dataframe with

name - Name of the method
X - Number of successes (positive samples)
LLT - Lower limit
ULT - Upper Limit
LABB - Lower Abberation
UABB - Upper Abberation
ZWI - Zero Width Interval
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Adjusted methods of CI estimation given x & n: PlotciAAllx, ciAASx, ciALRx, ciALTXx,
ciASCx, ciATWx, ciAWDx



ciAAS 13

Examples

x=5; n=5; alp=0.05;h=2
CiAAllx(x,n,alp,h)

CiAAS Adjusted ArcSine method of CI estimation

Description

Adjusted ArcSine method of CI estimation

Usage
ciAAS(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - adding factor

Details

Wald-type interval for the arcsine transformation of the parameter p for the modified data z + h and
n+ (2xh),where h > 0 and for all z = 0, 1, 2..n.

Value

A dataframe with

X Number of successes (positive samples)
LAAS Adjusted ArcSine Lower limit
UAAS Adjusted ArcSine Upper Limit
LABB Adjusted ArcSine Lower Abberation
UABB Adjusted ArcSine Upper Abberation
ZWI Zero Width Interval

References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.
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See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Adjusted methods of CI estimation: PlotciAAS, PlotciAAllg, PlotciAAll, PlotciALR,
PlotciALT, PlotciASC, PlotciATW, PlotciAWD, ciAAll, ciALR, ciALT, ciASC, ciATW, ciAWD

Examples

n=5; alp=0.05;h=2
CiAAS(n,alp,h)

CciAASX Adjusted ArcSine method of CI estimation

Description

Adjusted ArcSine method of CI estimation

Usage
CiAASx(x, n, alp, h)

Arguments
X - Number of successes
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
Details

Wald-type interval for the arcsine transformation of the parameter p for the modified data « + k and
n+ (2% h), where h > 0 and for the given x and n.

Value

A dataframe with

X Number of successes (positive samples)
LAASX ArcSine Lower limit

UAASX ArcSine Upper Limit

LABB ArcSine Lower Abberation

UABB ArcSine Upper Abberation

ZWI Zero Width Interval



ciAll 15

References
[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Adjusted methods of CI estimation given X & n: PlotciAAllx, ciAAllx, ciALRx, ciALTXx,
ciASCx, ciATWx, ciAWDx

Examples

x=5; n=5; alp=0.05;h=2
CiAASx(x,n,alp,h)

ciAll CI estimation of 6 base methods (Wald, Wald-T, Likelihood, Score,
Logit-Wald, ArcSine)

Description

CI estimation of 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine)

Usage
ciAll(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

The Confidence Interval of 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine)
for n given alp.
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Value

A dataframe with

method - Name of the method
X - Number of successes (positive samples)
LLT - Lower limit
ULT - Upper Limit
LABB - Lower Abberation
UABB - Upper Abberation
ZWI - Zero Width Interval
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Basic methods of CI estimation: PlotciAS, PlotciAllg, PlotciAll, PlotciBA, PlotciEX,
PlotcilLR, PlotcilT, PlotciSC, PlotciTW, PlotciWD, ciAS, ciBA, ciEX, cilLR, cilLT, ciSC, ciTW,
ciWD

Examples

n=5; alp=0.05;
ciAll(n,alp)
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ciAllx Specific CI estimation of 6 base methods (Wald, Wald-T, Likelihood,
Score, Logit-Wald, ArcSine)

Description

Specific CI estimation of 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine)

Usage
ciAllx(x, n, alp)

Arguments

X - Number of sucess

n - Number of trials

alp - Alpha value (significance level required)
Details

The Confidence Interval of using 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald,
ArcSine) for n given alp and x

Value

A dataframe with

name - Name of the method
X - Number of successes (positive samples)
LLT - Lower limit
ULT - Upper Limit
LABB - Lower Abberation
UABB - Upper Abberation
ZWI - Zero Width Interval
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.
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[5] 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom. confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Base methods of CI estimation given x & n: PlotciAllxg, PlotciAllx, PlotciEXx, ciASX,
ciBAx, ciEXx, ciLRx, ciLTx, ciSCx, ciTWx, ciWDx

Examples

x= 5; n=5; alp=0.05;
ciAllx(x,n,alp)

ciALR Adjusted Likelihood method of CI estimation

Description

Adjusted Likelihood method of CI estimation

Usage

CciALR(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - adding factor

Details

Likelihood ratio limits for the data - + h and n + (2 * h) instead of the given codex and n, where h
is a positive integer (1,2.) and for all z = 0,1, 2..n.
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Value

A dataframe with

X Number of successes (positive samples)
LALR Adjusted Likelihood Lower limit
UALR Adjusted Likelihood Upper Limit
LABB Adjusted Likelihood Lower Abberation
UABB Adjusted Likelihood Upper Abberation
ZWI Zero Width Interval

References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Adjusted methods of CI estimation: PlotciAAS, PlotciAAllg, PlotciAAll, PlotciALR,
PlotciALT, PlotciASC, PlotciATW, PlotciAWD, ciAAS, ciAAll, ciALT, ciASC, ciATW, ciAWD

Examples

n=5; alp=0.05;h=2
CiALR(n,alp,h)

ciALRx AdjustedLikelyhood Ratio method of CI estimation

Description

AdjustedLikelyhood Ratio method of CI estimation

Usage
CiALRx(x, n, alp, h)



20 ciALRx

Arguments
X - Number of successes
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
Details

Likelihood ratio limits for the data 2 + h and n + (2 % h) instead of the given x and n, where h is a
positive integer (1, 2.) and for the given x and n.

Value

A dataframe with

X Number of successes (positive samples)
LALRx Likelyhood Ratio Lower limit
UALRx Likelyhood Ratio Upper Limit
LABB Likelyhood Ratio Lower Abberation
UABB Likelyhood Ratio Upper Abberation
ZWI Zero Width Interval

References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Adjusted methods of CI estimation given X & n: PlotciAAllx, ciAASx, ciAAllx, ciALTX,
CciASCx, ciATWx, ciAWDx

Examples

x=5; n=5; alp=0.05;h=2
CiALRx(x,n,alp,h)
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CiALT Adjusted Logit-Wald method of CI estimation

Description

Adjusted Logit-Wald method of CI estimation

Usage

CiALT(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - adding factor

Details

Wald-type interval for the logit transformation log(p/1 — p) of the parameter p for the modified
dataxz + hand n + (2 * h), where h > 0 and forall z = 0,1, 2..n.

Value

A dataframe with

X Number of successes (positive samples)
LALT Adjusted Logit-Wald Lower limit
UALT Adjusted Logit-Wald Upper Limit
LABB Adjusted Logit-Wald Lower Abberation
UABB Adjusted Logit-Wald Upper Abberation
ZWI Zero Width Interval

References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.
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See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Adjusted methods of CI estimation: PlotciAAS, PlotciAAllg, PlotciAAll, PlotciALR,
PlotciALT, PlotciASC, PlotciATW, PlotciAWD, ciAAS, ciAAll, ciALR, ciASC, ciATW, ciAWD

Examples

n=5; alp=0.05;h=2
CiALT(n,alp,h)

CiALTx Adjusted Logit-Wald method of CI estimation

Description

Adjusted Logit-Wald method of CI estimation

Usage
CiALTx(x, n, alp, h)

Arguments
X - Number of successes
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
Details

Wald-type interval for the logit transformation log(p/1 — p) of the parameter p for the modified
data eqnx + hand n + (2 x h) , where h > 0 and the given x and n.

Value

A dataframe with

X Number of successes (positive samples)
LALTx Logit Wald Lower limit

UALTx Logit Wald Upper Limit

LABB Logit Wald Lower Abberation

UABB Logit Wald Upper Abberation

ZWI Zero Width Interval
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References
[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Adjusted methods of CI estimation given x & n: PlotciAAllx, ciAASx, ciAAllx, ciALRXx,
ciASCx, ciATWx, ciAWDx

Examples

x=5; n=5; alp=0.05;h=2
CiALTx(x,n,alp,h)

ciAS ArcSine method of CI estimation

Description

ArcSine method of CI estimation

Usage

ciAS(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

Wald-type interval for all x =0, 1, 2 ..n using the arcsine transformation of the parameter p; that is
based on the normal approximation for sin-1(p). Calculates the Confidence Interval of n given alp
along with lower and upper abberation.
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Value

A dataframe with

X - Number of successes (positive samples)
LAS - ArcSine Lower limit
UAS - ArcSine Upper Limit
LABB - ArcSine Lower Abberation
UABB - ArcSine Upper Abberation
ZWI - Zero Width Interval
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Basic methods of CI estimation: PlotciAS, PlotciAllg, PlotciAll, PlotciBA, PlotciEX,
PlotcilR, PlotcilT, PlotciSC, PlotciTW, PlotciWD, ciAll, ciBA, ciEX, cilLR, cil.T, ciSC,
CciTW, ciWD

Examples

n=5; alp=0.05
ciAS(n,alp)
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ciASC Adjusted Score method of CI estimation

Description

Adjusted Score method of CI estimation

Usage
ciASC(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - adding factor

Details

A score test approach is used after the given data x and n are modified as  + h and n + (2 * h)
respectively, where A > 0 and for all z = 0,1, 2..n.

Value

A dataframe with

X Number of successes (positive samples)
LASC Adjusted Score Lower limit
UASC Adjusted Score Upper Limit
LABB Adjusted Score Lower Abberation
UABB Adjusted Score Upper Abberation
ZWI Zero Width Interval

References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.
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See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Adjusted methods of CI estimation: PlotciAAS, PlotciAAllg, PlotciAAll, PlotciALR,
PlotciALT, PlotciASC, PlotciATW, PlotciAWD, ciAAS, ciAAll, ciALR, ciALT, ciATW, ciAWD

Examples

n=5; alp=0.05;h=2
ciASC(n,alp,h)

ciASCx Adjusted Score method of CI estimation

Description

Adjusted Score method of CI estimation

Usage
CiASCx(x, n, alp, h)

Arguments
X - Number of successes
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
Details

A score test approach is used after the given data x and n are modified as  + h and n + (2 * h)
respectively, where i > 0 and for the given x and n.

Value

A dataframe with

X Number of successes (positive samples)
LASCx Score Lower limit

UASCx Score Upper Limit

LABB Score Lower Abberation

UABB Score Upper Abberation

ZWI Zero Width Interval
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References
[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Adjusted methods of CI estimation given X & n: PlotciAAllx, ciAASX, ciAAllx, ciALRX,
CiALTx, ciATWx, ciAWDx

Examples

x=5; n=5; alp=0.05; h=2
CiASCx(x,n,alp,h)

ciASx Base ArcSine method of CI estimation

Description

Base ArcSine method of CI estimation

Usage

ciASx(x, n, alp)

Arguments

X - Number of successes

n - Number of trials

alp - Alpha value (significance level required)
Details

Wald-type interval for the given x and n using the arcsine transformation of the parameter p; that is
based on the normal approximation for sin~!(p)
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Value

A dataframe with

X Number of successes (positive samples)
LASx ArcSine Lower limit
UASX ArcSine Upper Limit
LABB ArcSine Lower Abberation
UABB ArcSine Upper Abberation
ZWI Zero Width Interval
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom. confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Base methods of CI estimation given x & n: PlotciAllxg, PlotciAllx, PlotciEXx, ciAllx,
CciBAx, ciEXx, ciLRx, cilLTx, ciSCx, ciTWx, ciWDx

Examples

x=5; n=5; alp=0.05
CciASx(x,n,alp)
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CiATW Adjusted WALD-T method of CI estimation

Description

Adjusted WALD-T method of CI estimation

Usage

CiATW(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - adding factor

Details

Given data x and n are modified as z+h and n+ (2 x h) respectively, where h > 0 then approximate
method based on a t_approximation of the standardized point estimator for all x = 0,1, 2..n.

Value

A dataframe with

X Number of successes (positive samples)
LATW Adjusted WALD-T Lower limit
UATW Adjusted WALD-T Upper Limit
LABB Adjusted WALD-T Lower Abberation
UABB Adjusted WALD-T Upper Abberation
ZWI Zero Width Interval

References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.
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See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Adjusted methods of CI estimation: PlotciAAS, PlotciAAllg, PlotciAAll, PlotciALR,
PlotciALT, PlotciASC, PlotciATW, PlotciAWD, ciAAS, ciAAll, ciALR, ciALT, ciASC, ciAWD

Examples

n=5; alp=0.05;h=2
CiATW(n,alp,h)

CiATWx AdjustedWALD-T method of CI estimation

Description

AdjustedWALD-T method of CI estimation

Usage

CiATWx(x, n, alp, h)

Arguments
X - Number of successes
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
Details

Given data x and n are modified as x+h and n+ (2 h) respectively, where h > 0 then approximate
method based on a t_approximation of the standardized point estimator for the given x and n.

Value

A dataframe with

X Number of successes (positive samples)
LATWx T-Wald Lower limit

UATWx T-Wald Upper Limit

LABB T-Wald Lower Abberation

UABB T-Wald Upper Abberation

ZWI Zero Width Interval
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References
[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Adjusted methods of CI estimation given x & n: PlotciAAllx, ciAASX, ciAAllx, ciALRX,
ciALTx, ciASCx, ciAWDx

Examples

x=5; n=5; alp=0.05;h=2
ciATWx(x,n,alp,h)

ciAWD Adjusted Wald method of CI estimation

Description

Adjusted Wald method of CI estimation

Usage
ciAWD(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - adding factor

Details

Given data x and n are modified as « + h and n + (2 * h) respectively, where h > 0 then Wald-type
interval is applied for all x = 0,1, 2..n.
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Value

A dataframe with

X Number of successes (positive samples)
LAWD Wald Lower limit
UAWD Wald Upper Limit
LABB Wald Lower Abberation
UABB Wald Upper Abberation
ZWI Zero Width Interval
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Adjusted methods of CI estimation: PlotciAAS, PlotciAAllg, PlotciAAll, PlotciALR,
PlotciALT, PlotciASC, PlotciATW, PlotciAWD, ciAAS, ciAAll, ciALR, ciALT, ciASC, ciATW

Examples

n=5; alp=0.05;h=2
ciAWD(n,alp,h)

ciAWDx Adjusted Wald method of CI estimation

Description

Adjusted Wald method of CI estimation

Usage
CiAWDx(x, n, alp, h)
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Arguments
X - Number of successes
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
Details

Given data x and n are modified as = 4+ h and n + (2 * h) respectively, where h > 0 then Wald-type
interval is applied for the given x and n.

Value

A dataframe with

X Number of successes (positive samples)
LAWDx Adjusted Wald Lower limit
UAWDX Adjusted Wald Upper Limit
LABB Adjusted Wald Lower Abberation
UABB Adjusted Wald Upper Abberation
ZWI Zero Width Interval
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Adjusted methods of CI estimation given x & n: PlotciAAllx, ciAASx, ciAAllx, ciALRX,
CiALTx, ciASCx, ciATWx

Examples

x= 5; n=5; alp=0.05; h=2
CiAWDx(x,n,alp,h)
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ciBA Bayesian method of CI estimation with different or same parameteric
values for Beta prior distribution

Description
Bayesian method of CI estimation with different or same parameteric values for Beta prior distri-
bution

Usage
ciBA(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Shape parameter 1 for prior Beta distribution in Bayesian model. Can also be
a vector of length n+1 priors.
b - Shape parameter 2 for prior Beta distribution in Bayesian model. Can also be
a vector of length n+1 priors.
Details

Highest Probability Density (HPD) and two tailed intervals are provided for all zi = 0, 1, 2..n based
on the conjugate prior 8(ai, bi)(i = 1,2..n + 1) for the probability of success p of the binomial
distribution so that the posterior is S(xi + ai,n — xi + bi).

Value

A dataframe with

X - Number of successes (positive samples)

pomean - Posterior mean

LBAQ - Lower limits of Quantile based intervals

UBAQ - Upper limits of Quantile based intervals

LBAH - Lower limits of HPD intervals

UBAH - Upper limits of HPD intervals
References

[1] 2002 Gelman A, Carlin JB, Stern HS and Dunson DB Bayesian Data Analysis, Chapman &
Hall/CRC [2] 2006 Ghosh M, Delampady M and Samanta T. An introduction to Bayesian analysis:
Theory and Methods. Springer, New York
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See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Basic methods of CI estimation: PlotciAS, PlotciAllg, PlotciAll, PlotciBA, PlotciEX,
PlotcilR, PlotcilT, PlotciSC, PlotciTW, PlotciWD, ciAS, ciAll, ciEX, cilR, cilT, ciSC,
ciTW, ciWD

Examples

n=5; alp=0.05; a=0.5;b=0.5;

ciBA(n,alp,a,b)

n=5; alp=0.05; a=c(0.5,2,1,1,2,0.5);b=c(0.5,2,1,1,2,0.5)
ciBA(n,alp,a,b)

ciBAXx Bayesian method of CI estimation with Beta prior distribution

Description

Bayesian method of CI estimation with Beta prior distribution

Usage

ciBAx(x, n, alp, a, b)

Arguments
X - Number of sucess
n - Number of trials
alp - Alpha value (significance level required)
a - Shape parameter 1 for prior Beta distribution in Bayesian model. Can also be
a vector of length n+1 priors.
b - Shape parameter 2 for prior Beta distribution in Bayesian model. Can also be
a vector of length n+1 priors.
Details

Highest Probability Density (HPD) and two tailed intervals are provided for the given x and n.
based on the conjugate prior 5(a, b) for the probability of success p of the binomial distribution so
that the posterior is 8(x 4+ a,n — x + b).
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Value

A dataframe with

X - Number of successes (positive samples)

LBAQx - Lower limits of Quantile based intervals

UBAQx - Upper limits of Quantile based intervals

LBAHx - Lower limits of HPD intervals

UBAHx - Upper limits of HPD intervals
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact” for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5] 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Base methods of CI estimation given x & n: PlotciAllxg, PlotciAllx, PlotciEXx, ciASX,
ciAllx, ciEXx, ciLRx, ciLTx, ciSCx, ciTWx, ciWDx

Examples

x=5; n=5; alp=0.05; a=0.5;b=0.5;

ciBAx(x,n,alp,a,b)

x= 5; n=5; alp=0.05; a=c(0.5,2,1,1,2,0.5);b=c(0.5,2,1,1,2,0.5)
ciBAx(x,n,alp,a,b)
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ciCAll ClI estimation of 5 continuity corrected methods (Wald, Wald-T, Score,
Logit-Wald, ArcSine)

Description

CI estimation of 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald, ArcSine)

Usage
ciCAll(n, alp, ©)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

The Confidence Interval on 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald,
ArcSine) for n given alp along with Continuity correction ¢

Value

A dataframe with

method - Name of the method
X - Number of successes (positive samples)
LLT - Lower limit
ULT - Upper Limit
LABB - Lower Abberation
UABB - Upper Abberation
ZWI - Zero Width Interval
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.
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See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Continuity correction methods of CI estimation: PlotciCAS, PlotciCAllg, PlotciCAll,
PlotciCLT, PlotciCSC, PlotciCTW, PlotciCWD, ciCAS, ciCLT, ciCSC, ciCTW, ciCWD

Examples

n=5; alp=0.05;c=1/(2*n)
ciCAll(n,alp,c)

ciCAllx ClI estimation of 5 continuity corrected methods (Wald, Wald-T, Score,
Logit-Wald, ArcSine)

Description

CI estimation of 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald, ArcSine)

Usage
ciCAllx(x, n, alp, ©)

Arguments
X - Number of sucess
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction
Details

The Confidence Interval of 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald, Arc-
Sine) for n given alp and x

Value

A dataframe with

method - Name of the method

X - Number of successes (positive samples)
LLT - Lower limit

ULT - Upper Limit

LABB - Lower Abberation

UABB - Upper Abberation

ZWI - Zero Width Interval
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References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Continuity correction methods of CI estimation given x and n: PlotciCAllxg, PlotciCAllx,
ciCLTx, ciCSCx, ciCTWx, ciCWDx

Examples

x=5; n=5; alp=0.05;c=1/(2*n)
ciCAllx(x,n,alp,c)

ciCAS Continuity corrected ArcSine method of CI estimation

Description

Continuity corrected ArcSine method of CI estimation

Usage
ciCAS(n, alp, ¢)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

Wald-type interval for the arcsine transformation using the test statistic (abs(sin' —1)phat — sin{ —
1)p) — ¢)/SE where ¢ > 0 is a constant for continuity correction and for all z = 0,1,2..n
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Value

A dataframe with

X Number of successes (positive samples)
LCA ArcSine Lower limit
UCA ArcSine Upper Limit
LABB ArcSine Lower Abberation
UABB ArcSine Upper Abberation
ZWI Zero Width Interval
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Continuity correction methods of CI estimation: PlotciCAS, PlotciCAllg, PlotciCAll,
PlotciCLT, PlotciCSC, PlotciCTW, PlotciCWD, ciCAll, ciCLT, ciCSC, ciCTW, ciCWD

Examples

n=5; alp=0.05;c=1/(2*n)
ciCAS(n,alp,c)

ciCASx Continuity corrected ArcSine method of CI estimation

Description

Continuity corrected ArcSine method of CI estimation

Usage
ciCASx(x, n, alp, ¢)
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Arguments
X - Number of successes
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction
Details

Wald-type interval for the arcsine transformation using the test statistic (abs(sin' —1)phat — sin{—
1)p) — ¢)/SE where ¢ > 0 is a constant for continuity correction and for all z = 0,1,2..n

Value

A dataframe with

X Number of successes (positive samples)
LCAX ArcSine Lower limit
UCAX ArcSine Upper Limit
LABB ArcSine Lower Abberation
UABB ArcSine Upper Abberation
ZWI Zero Width Interval
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Examples

x=5; n=5; alp=0.05;c=1/2*n
ciCASx(x,n,alp,c)
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ciCLT Continuity corrected Logit Wald method of CI estimation

Description

Continuity corrected Logit Wald method of CI estimation

Usage

ciCLT(n, alp, c)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

Wald-type interval for the logit transformation of the parameter p using the test statistic (abs(L(phat)—
L(p)) — ¢)/SE where ¢ > 0 is a constant for continuity correction and L(y) = log(y/1 — y) for
all x = 0, 1, 2..n. Boundary modifications when x = 0 or x = n using Exact method values.

Value

A dataframe with

X Number of successes (positive samples)
LCLT Logit Wald Lower limit
UCLT Logit Wald Upper Limit
LABB Logit Wald Lower Abberation
UABB Logit Wald Upper Abberation
ZWI Zero Width Interval
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.
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See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Continuity correction methods of CI estimation: PlotciCAS, PlotciCAllg, PlotciCAll,
PlotciCLT, PlotciCSC, PlotciCTW, PlotciCWD, ciCAS, ciCAll, ciCSC, ciCTW, ciCWD

Examples

n=5; alp=0.05;c=1/(2*n)
ciCLT(n,alp,c)

ciCLTx Continuity corrected Logit-Wald method of CI estimation

Description

Continuity corrected Logit-Wald method of CI estimation

Usage
ciCLTx(x, n, alp, c)

Arguments
X - Number of successes
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction
Details

Wald-type interval for the logit transformation of the parameter p using the test statistic (abs(L(phat)—
L(p)) — ¢)/SE where ¢ > 0 is a constant for continuity correction and L(y) = log(y/1 — y) for
all x = 0, 1, 2..n. Boundary modifications when x = 0 or x = n using Exact method values.

Value

A dataframe with

X Number of successes (positive samples)
LCLTx Logit Wald Lower limit

UCLTx Logit Wald Upper Limit

LABB Logit Wald Lower Abberation

UABB Logit Wald Upper Abberation

ZWI Zero Width Interval
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References
[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Continuity correction methods of CI estimation given x and n: PlotciCAllxg, PlotciCAllx,
ciCAllx, ciCSCx, ciCTWx, ciCWDx

Examples

x=5; n=5; alp=0.05;c=1/2*n
ciCLTx(x,n,alp,c)

ciCsc Continuity corrected Score method of CI estimation

Description

Continuity corrected Score method of CI estimation

Usage

ciCsC(n, alp, c¢)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

A score test approach using the test statistic (abs(phat — p) — ¢)/SE where ¢ > 0 is a constant for
continuity correction for all z = 0,1,2..n
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Value

A dataframe with

X Number of successes (positive samples)
LCS Score Lower limit
ucs Score Upper Limit
LABB Score Lower Abberation
UABB Score Upper Abberation
ZWI Zero Width Interval
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Continuity correction methods of CI estimation: PlotciCAS, PlotciCAllg, PlotciCAll,
PlotciCLT, PlotciCSC, PlotciCTW, PlotciCWD, ciCAS, ciCAll, ciCLT, ciCTW, ciCWD

Examples

n=5; alp=0.05;c=1/(2*n)
ciCsC(n,alp,c)

ciCSCx Continuity corrected Score method of CI estimation

Description

Continuity corrected Score method of CI estimation

Usage
ciCSCx(x, n, alp, ¢©)
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Arguments
X - Number of successes
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction
Details

A score test approach using the test statistic (abs(phat — p) — ¢)/SE where ¢ > 0 is a constant for
continuity correction for all x = 0,1,2..n

Value

A dataframe with

X Number of successes (positive samples)
LCSx Score Lower limit
UCSx Score Upper Limit
LABB Score Lower Abberation
UABB Score Upper Abberation
ZWI Zero Width Interval
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Continuity correction methods of CI estimation given x and n: PlotciCAllxg, PlotciCAllx,
ciCAllx, ciCLTx, ciCTWx, ciCWDx

Examples

x=5; n=5; alp=0.05; c=1/(2*n)
ciCSCx(x,n,alp,c)
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ciCTW Continuity corrected Wald-T method of CI estimation

Description

Continuity corrected Wald-T method of CI estimation

Usage

ciCTW(n, alp, ¢)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

Approximate method based on a t_approximation of the standardized point estimator using the
test statistic (abs(phat — p) — ¢)/SE where ¢ > 0 is a constant for continuity correction for all
z = 0,1, 2..n. Boundary modifications when x = 0 or x = n using Wald adjustment method with
h=2.

Value

A dataframe with

X Number of successes (positive samples)
LCTW T-Wald Lower limit
UCTW T-Wald Upper Limit
LABB T-Wald Lower Abberation
UABB T-Wald Upper Abberation
ZWI Zero Width Interval
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.
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See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Continuity correction methods of CI estimation: PlotciCAS, PlotciCAllg, PlotciCAll,
PlotciCLT, PlotciCSC, PlotciCTW, PlotciCWD, ciCAS, ciCAll, ciCLT, ciCSC, ciCWD

Examples

n=5; alp=0.05;c=1/(2*n)
ciCTW(n,alp,c)

ciCTWx Continuity corrected Wald-T method of CI estimation

Description

Continuity corrected Wald-T method of CI estimation

Usage

ciCTWx(x, n, alp, ¢)

Arguments
X - Number of successes
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction
Details

Approximate method based on a t_approximation of the standardized point estimator using the
test statistic (abs(phat — p) — ¢)/SE where ¢ > 0 is a constant for continuity correction for all
x = 0,1, 2..n. Boundary modifications when = = 0 or x = n using Wald adjustment method with
h=2.

Value

A dataframe with

X Number of successes (positive samples)
LCTWx T-Wald Lower limit

UCTWx T-Wald Upper Limit

LABB T-Wald Lower Abberation

UABB T-Wald Upper Abberation

ZWI Zero Width Interval
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References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Continuity correction methods of CI estimation given x and n: PlotciCAllxg, PlotciCAllx,
ciCAllx, ciCLTx, ciCSCx, ciCWDx

Examples

x=5; n=5; alp=0.05;c=1/2*n
ciCTWx(x,n,alp,c)

ciCWD Continuity corrected Wald method of CI estimation

Description

Continuity corrected Wald method of CI estimation

Usage

ciCWwb(n, alp, c¢)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

Wald-type interval (for all z = 0, 1,2..n) using the test statistic (abs(phat — p) — ¢)/SE where
¢ > 0 1is a constant for continuity correction
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Value

A dataframe with

X Number of successes (positive samples)
LCW Wald Lower limit
ucw Wald Upper Limit
LABB Wald Lower Abberation
UABB Wald Upper Abberation
ZWI Zero Width Interval
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Continuity correction methods of CI estimation: PlotciCAS, PlotciCAllg, PlotciCAll,
PlotciCLT, PlotciCSC, PlotciCTW, PlotciCWD, ciCAS, ciCAll, ciCLT, ciCSC, ciCTW

Examples

n=5; alp=0.05;c=1/(2*n)
ciCWD(n,alp,c)

ciCWDx Continuity corrected Wald method of CI estimation

Description

Continuity corrected Wald method of CI estimation

Usage

ciCWDx(x, n, alp, ¢)
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Arguments
X - Number of successes
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction
Details

Wald-type interval (for all 2 = 0, 1,2..n) using the test statistic (abs(phat — p) — ¢)/SE where
c > 0 is a constant for continuity correction

Value

A dataframe with

X Number of successes (positive samples)
LCWx CC-Wald Lower limit
UCWx CC-Wald Upper Limit
LABB CC-Wald Lower Abberation
UABB CC-Wald Upper Abberation
ZWI Zero Width Interval
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Continuity correction methods of CI estimation given x and n: PlotciCAllxg, PlotciCAllx,
ciCAllx, ciCLTx, ciCSCx, ciCTWx

Examples

x= 5; n=5; alp=0.05; c=1/(2*n)
ciCWDx(x,n,alp,c)
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ciEX Exact method of CI estimation

Description

Exact method of CI estimation

Usage

ciEX(n, alp, e)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
e - Exact method indicator in [0, 1] 1: Clopper Pearson, 0.5: Mid P, The input can
also be a range of values between 0 and 1.
Details

Confidence interval for p (for all x =0, 1, 2 ..n), based on inverting equal-tailed binomial tests with
null hypothesis

HO:p=p0

and calculated from the cumulative binomial distribution. Exact two sided P-value is usually calcu-
lated as

P =2[e* Pr(X = z) 4+ min(Pr(X < z), Pr(X > z))]
where probabilities are found at null value of p and 0 <= e <= 1. The Confidence Interval of n
given alp along with lower and upper abberation.
Value

A dataframe with

X - Number of successes (positive samples)
LEX - Exact Lower limit

UEX - Exact Upper Limit

LABB - Likelihood Ratio Lower Abberation
UABB - Likelihood Ratio Upper Abberation
ZWI - Zero Width Interval

e - Exact method input
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[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom. confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Basic methods of CI estimation: PlotciAS, PlotciAllg, PlotciAll, PlotciBA, PlotciEX,
PlotcilR, PlotcilT, PlotciSC, PlotciTW, PlotciWD, ciAS, ciAll, ciBA, cilR, cil.T, ciSC,
ciTW, ciWD

Examples

n=5; alp=0.05;e=0.5

ciEX(n,alp,e) #Mid-p

n=5; alp=0.05;e=1 #Clopper-Pearson

ciEX(n,alp,e)

n=5; alp=0.05;e=c(0.1,0.5,0.95,1) #Range including Mid-p and Clopper-Pearson
ciEX(n,alp,e)

ciEXx Exact method of CI estimation

Description

Exact method of CI estimation

Usage

ciEXx(x, n, alp, e)
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Arguments

X - Number of sucess

n - Number of trials

alp - Alpha value (significance level required)

e - Exact method indicator in [0, 1] 1: Clopper Pearson, 0.5: Mid P
Details

Confidence interval for p (for the given x and n), based on inverting equal-tailed binomial tests with
null hypothesis HO : p = p0 and calculated from the cumulative binomial distribution. Exact two
sided P-value is usually calculated as

P =2[ex Pr(X = z) + min(Pr(X < z), Pr(X > z))]

where probabilities are found at null value of pand 0 <=e <= 1.

Value

A dataframe with

X - Number of successes (positive samples)
LEXx - Exact Lower limit
UEXx - Exact Upper Limit

References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529
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See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Base methods of CI estimation given x & n: PlotciAllxg, PlotciAllx, PlotciEXx, ciASX,
ciAllx, ciBAx, ciLRx, ciLTx, ciSCx, ciTWx, ciWDx

Examples

x=5; n=5; alp=0.05;e=0.5

CciEXx(x,n,alp,e) #Mid-p

x=5; n=5; alp=0.05;e=1 #Clopper Pearson

ciEXx(x,n,alp,e)

x=5; n=5; alp=0.05;e=c(0.1,0.5,0.95,1) #Range including Mid-p and Clopper-Pearson
ciEXx(x,n,alp,e)

cilR Likelihood Ratio method of CI estimation

Description

Likelihood Ratio method of CI estimation

Usage
cilR(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

Likelihood ratio limits for all x = 0, 1, 2 ..n obtained as the solution to the equation in p formed
as logarithm of ratio between binomial likelihood at sample proportion and that of over all pos-
sible parameters. Calculates the Confidence Interval of n given alp along with lower and upper
abberation.

Value
A dataframe with
X - Number of successes (positive samples)

LLR - Likelihood Ratio Lower limit
ULR - Likelihood Ratio Upper Limit
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LABB - Likelihood Ratio Lower Abberation
UABB - Likelihood Ratio Upper Abberation
ZWI - Zero Width Interval

References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact” for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Basic methods of CI estimation: PlotciAS, PlotciAllg, PlotciAll, PlotciBA, PlotciEX,
PlotcilLR, PlotcilT, PlotciSC, PlotciTW, PlotciWD, ciAS, ciAll, ciBA, ciEX, cilT, ciSC,
ciTW, ciWD

Examples

n=5; alp=0.05
cilR(n,alp)

cilRx Likelihood Ratio method of CI estimation

Description

Likelihood Ratio method of CI estimation

Usage

cilLRx(x, n, alp)
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Arguments

X - Number of successes

n - Number of trials

alp - Alpha value (significance level required)
Details

Likelihood ratio limits for the given x and n obtained as the solution to the equation in p formed
as logarithm of ratio between binomial likelihood at sample proportion and that of over all possible
parameters

Value

A dataframe with

X - Number of successes (positive samples)
LLRx - Likelihood Ratio Lower limit
ULRx - Likelihood Ratio Upper Limit
LABB - Likelihood Ratio Lower Abberation
UABB - Likelihood Ratio Upper Abberation
ZWI - Zero Width Interval

References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom. confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.
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Other Base methods of CI estimation given x & n: PlotciAllxg, PlotciAllx, PlotciEXx, ciASX,

ciAllx, ciBAx, ciEXx, ciLTx, ciSCx, ciTWx, ciWDx

Examples

x=5; n=5; alp=0.05
cilRx(x,n,alp)

cilLT Logit Wald method of CI estimation

Description

Logit Wald method of CI estimation

Usage

cilLT(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

The Confidence Interval of n given alp along with lower and upper abberation.

Value

A dataframe with

X - Number of successes (positive samples)
LLT - Logit Wald Lower limit

ULT - Logit Wald Upper Limit

LABB - Logit Wald Lower Abberation

UABB - Logit Wald Upper Abberation

ZWI - Zero Width Interval
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References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5] 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Basic methods of CI estimation: PlotciAS, PlotciAllg, PlotciAll, PlotciBA, PlotciEX,
PlotcilR, PlotcilT, PlotciSC, PlotciTW, PlotciWD, ciAS, ciAll, ciBA, ciEX, cilR, ciSC,
ciTW, ciWD

Examples

n=5; alp=0.05
cilLT(n,alp)

cilTx Logit Wald method of CI estimation

Description

Logit Wald method of CI estimation

Usage

cilLTx(x, n, alp)
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Arguments

X - Number of successes

n - Number of trials

alp - Alpha value (significance level required)
Details

Wald-type interval for all the given x and n based on the logit transformation of p; that is normal
approximation for log(p/1 — p)

Value

A dataframe with

X - Number of successes (positive samples)
LLTx - Logit Wald Lower limit
ULTx - Logit Wald Upper Limit
LABB - Logit Wald Lower Abberation
UABB - Logit Wald Upper Abberation
ZWI - Zero Width Interval
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Base methods of CI estimation given x & n: PlotciAllxg, PlotciAllx, PlotciEXx, ciASX,
ciAllx, ciBAx, ciEXx, ciLRx, ciSCx, ciTWx, ciWDx
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Examples

x=5; n=5; alp=0.05
cilLTx(x,n,alp)

cisc Score method of ClI estimation

Description

Score method of CI estimation

Usage
ciSC(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

A score test approach based on inverting the test with standard error evaluated at the null hypothesis
is due to Wilson for all x =0, 1, 2 ..n.

Value

A dataframe with

X - Number of successes (positive samples)
LSC - Score Lower limit
usc - Score Upper Limit
LABB - Score Lower Abberation
UABB - Score Upper Abberation
ZWI - Zero Width Interval
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.
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[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom. confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Basic methods of CI estimation: P1lotciAS, PlotciAllg, PlotciAll, PlotciBA, PlotciEX,
PlotcilR, PlotcilT, PlotciSC, PlotciTW, PlotciWD, ciAS, ciAll, ciBA, ciEX, cilR, cilT,
ciTW, ciWD

Examples

n=5; alp=0.05
ciSC(n,alp)

ciSCx Base Score method of CI estimation

Description

Base Score method of CI estimation

Usage

ciSCx(x, n, alp)

Arguments

X - Number of successes

n - Number of trials

alp - Alpha value (significance level required)
Details

A score test approach based on inverting the test with standard error evaluated at the null hypothesis
is due to Wilson for the given x and n
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Value

A dataframe with

X Number of successes (positive samples)
LSCx Score Lower limit
USCx Score Upper Limit
LABB Score Lower Abberation
UABB Score Upper Abberation
ZWI Zero Width Interval
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom. confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Base methods of CI estimation given x & n: PlotciAllxg, PlotciAllx, PlotciEXx, ciASX,
ciAllx, ciBAx, ciEXx, ciLRx, ciLTx, ciTWx, ciWDx

Examples

x=5; n=5; alp=0.05
ciSCx(x,n,alp)
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ciTw Wald-T method of CI estimation

Description

‘Wald-T method of CI estimation

Usage
ciTW(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

An approximate method based on a t_approximation of the standardized point estimator for all x
=0, 1, 2 ..n; that is the point estimator divided by its estimated standard error. Essential boundary
modification is when x = 0 or n,

. (z+2)
P=mxa
Value
A dataframe with
X - Number of successes (positive samples)
LTW - Wald-T Lower limit
UTW - Wald-T Upper Limit
LABB - Wald-T Lower Abberation
UABB - Wald-T Upper Abberation
ZWI - Zero Width Interval
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.
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[5] 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Basic methods of CI estimation: PlotciAS, PlotciAllg, PlotciAll, PlotciBA, PlotciEX,
PlotcilLR, PlotcilT, PlotciSC, PlotciTW, PlotciWD, ciAS, ciAll, ciBA, ciEX, cilR, cilT,
ciSC, ciWD

Examples

n=5; alp=0.05
ciTW(n,alp)

ciTWx Wald-T method of CI estimation

Description

Wald-T method of CI estimation

Usage
ciTWx(x, n, alp)

Arguments

X - Number of successes

n - Number of trials

alp - Alpha value (significance level required)
Details

An approximate method based on a t_approximation of the standardized point estimator for the
given x and n; that is the point estimator divided by its estimated standard error. Essential boundary
modification is when x = Qorn,

. (z+2)
p= (n+4)

phat = (x 4+ 2)/(n + 4)
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Value

A dataframe with

X Number of successes (positive samples)
LTWx Wald-T Lower limit
UTWx Wald-T Upper Limit
LABB Wald-T Lower Abberation
UABB Wald-T Upper Abberation
ZWI Zero Width Interval
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom. confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Base methods of CI estimation given x & n: PlotciAllxg, PlotciAllx, PlotciEXx, ciASX,
ciAllx, ciBAx, ciEXx, ciLRx, ciLTx, ciSCx, ciWDx

Examples

x=5; n=5; alp=0.05
ciTWx(x,n,alp)
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ciWD Wald method of CI estimation

Description

Wald method of CI estimation

Usage
ciWbD(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

Wald-type interval that results from inverting large-sample test and evaluates standard errors at
maximum likelihood estimates for all x =0, 1, 2 ..n. Calculates the Confidence Interval of n given
alp along with lower and upper abberation.

Value

A dataframe with

X Number of successes (positive samples)
LWD Wald Lower limit
uwb Wald Upper Limit
LABB Wald Lower Abberation
UABB Wald Upper Abberation
ZWI Zero Width Interval
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.
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[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom.confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Basic methods of CI estimation: P1lotciAS, PlotciAllg, PlotciAll, PlotciBA, PlotciEX,
PlotcilR, PlotcilT, PlotciSC, PlotciTW, PlotciWD, ciAS, ciAll, ciBA, ciEX, cilR, cilT,
ciSC, ciTW

Examples

n=5; alp=0.05
ciWbD(n,alp)

ciWDx Wald method of ClI estimation

Description

Wald method of CI estimation

Usage

ciWDx(x, n, alp)

Arguments

X - Number of successes

n - Number of trials

alp - Alpha value (significance level required)
Details

Wald-type interval that results from inverting large-sample test and evaluates standard errors at
maximum likelihood estimates for the given x and n
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Value

A dataframe with

X Number of successes (positive samples)
LWDx Wald Lower limit
UWDx Wald Upper Limit
LABB Wald Lower Abberation
UABB Wald Upper Abberation
ZWI Zero Width Interval
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

prop.test and binom.test for equivalent base Stats R functionality, binom. confint provides
similar functionality for 11 methods, wald2ci which provides multiple functions for CI calculation
, binom.blaker.1limits which calculates Blaker CI which is not covered here and propCI which
provides similar functionality.

Other Base methods of CI estimation given x & n: PlotciAllxg, PlotciAllx, PlotciEXx, ciASX,
ciAllx, ciBAx, ciEXx, ciLRx, ciLTx, ciSCx, ciTWx

Examples

x=5; n=5; alp=0.05;
ciWDx(x,n,alp)
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covpAAll Coverage Probability for 6 adjusted methods (Wald, Wald-T, Likeli-
hood, Score, Logit-Wald, ArcSine)

Description
Coverage Probability for 6 adjusted methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, Arc-
Sine)

Usage

covpAAll(n, alp, h, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

h - Adding factor

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Calculates the Coverage Probability for 6 adjusted methods (Wald, Wald-T, Likelihood, Score,
Logit-Wald, ArcSine)

Value

A dataframe with

method Method name

MeanCP Coverage Probability

MinCP Minimum coverage probability

RMSE_N Root Mean Square Error from nominal size

RMSE_M Root Mean Square Error for Coverage Probability

RMSE_MI Root Mean Square Error for minimum coverage probability

tol Required tolerance for coverage probability
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References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

Other Coverage probability of adjusted methods: PlotcovpAAS, PlotcovpAAll, PlotcovpALR,
PlotcovpALT, PlotcovpASC, PlotcovpATW, PlotcovpAWD, covpAAS, covpALR, covpALT, covpASC,
COVPATW, covpAWD

Examples

## Not run:
n= 10; alp=0.05; h=2;a=1;b=1; t1=0.93;t2=0.97
covpAAll(n,alp,h,a,b,t1,t2)

## End(Not run)

COVPAAS Coverage Probability of Adjusted ArcSine method for given n

Description

Coverage Probability of Adjusted ArcSine method for given n

Usage

covpAAS(n, alp, h, a, b, t1, t2)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
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Details

Evaluation of adjusted Wald-type interval for the arcsine transformation of the parameter p using
coverage probability, root mean square statistic, and the proportion of proportion lies within the
desired level of coverage

Value

A dataframe with

mcpAA Adjusted ArcSine Coverage Probability
micpAA Adjusted ArcSine minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

Other Coverage probability of adjusted methods: PlotcovpAAS, PlotcovpAAll, PlotcovpALR,
PlotcovpALT, PlotcovpASC, PlotcovpATW, PlotcovpAWD, covpAAll, covpALR, covpALT, covpASC,
COVpPATW, covpAWD

Examples

n= 10; alp=0.05; h=2; a=1;b=1; t1=0.93;t2=0.97
covpAAS(n,alp,h,a,b,t1,t2)

covpAll Coverage Probability using 6 base methods (Wald, Wald-T, Likeli-
hood, Score, Logit-Wald, ArcSine)

Description

Coverage Probability using 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, Arc-
Sine)
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Usage
covpAll(n, alp, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

The Coverage Probability of 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, Arc-
Sine)

Value

A dataframe with

method method name
MeanCP Coverage Probability
MinCP Minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5] 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529



74 covpALR

See Also

Other Basic coverage probability methods: PlotcovpAS, PlotcovpAll, PlotcovpBA, PlotcovpEX,
PlotcovpLR, PlotcovpLT, PlotcovpSC, PlotcovpTW, PlotcovpWD, covpAS, covpBA, covpEX, covplR,
covpLT, covpSC, covpTW, covpWD

Examples
## Not run:
n= 10; alp=0.05; a=1;b=1; t1=0.93;t2=0.97
covpAll(n,alp,a,b,t1,t2)

## End(Not run)

COVpALR Coverage Probability of Adjusted Likelihood method for given n

Description

Coverage Probability of Adjusted Likelihood method for given n

Usage

covpALR(n, alp, h, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

h - Adding factor

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Evaluation of adjusted Likelihood ratio limits using coverage probability, root mean square statistic,
and the proportion of proportion lies within the desired level of coverage
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Value

A dataframe with

mcpAL Adjusted Likelihood Coverage Probability
micpAL Adjusted Likelihood minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability

References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

Other Coverage probability of adjusted methods: PlotcovpAAS, PlotcovpAAll, PlotcovpALR,
PlotcovpALT, PlotcovpASC, PlotcovpATW, PlotcovpAWD, covpAAS, covpAAll, covpALT, covpASC,
COVPATW, covpAWD

Examples

n= 10; alp=0.05; h=2;a=1;b=1; t1=0.93;t2=0.97
covpALR(n,alp,h,a,b,t1,t2)

COVPALT Coverage Probability of Adjusted Logit Wald method for given n

Description

Coverage Probability of Adjusted Logit Wald method for given n

Usage

COVpALT(n, alp, h, a, b, t1, t2)
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Arguments

n - Number of trials

alp - Alpha value (significance level required)

h - Adding factor

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Evaluation of adjusted Wald-type interval based on the logit transformation of p using coverage
probability, root mean square statistic, and the proportion of proportion lies within the desired level
of coverage.

Value

A dataframe with

mCpALT Adjusted Logit Wald Coverage Probability
micpALT Adjusted Logit Wald minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability

References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

Other Coverage probability of adjusted methods: PlotcovpAAS, PlotcovpAAll, PlotcovpALR,
PlotcovpALT, PlotcovpASC, PlotcovpATW, PlotcovpAWD, covpAAS, covpAAll, covpALR, covpASC,
COVPATW, covpAWD

Examples

n= 10; alp=0.05;h=2; a=1;b=1; t1=0.93;t2=0.97
CoVpALT(n,alp,h,a,b,t1,t2)
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COVpAS Coverage Probability of ArcSine method

Description

Coverage Probability of ArcSine method

Usage

covpAS(n, alp, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Evaluation of Wald-type interval for the arcsine transformation of the parameter p using coverage
probability, root mean square statistic, and the proportion of proportion lies within the desired level
of coverage

Value

A dataframe with

mcpA ArcSine Coverage Probability
micpA ArcSine minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.
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[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5] 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Basic coverage probability methods: PlotcovpAS, PlotcovpAll, PlotcovpBA, PlotcovpEX,
PlotcovpLR, PlotcovpLT, PlotcovpSC, PlotcovpTW, PlotcovpWD, covpAll, covpBA, covpEX,
covpLR, covpLT, covpSC, covpTW, covpWD

Examples

n= 10; alp=0.05; a=1;b=1; t1=0.93;t2=0.97
covpAS(n,alp,a,b,t1,t2)

CovpASC Coverage Probability of Adjusted Score method for given n

Description

Coverage Probability of Adjusted Score method for given n

Usage

covpASC(n, alp, h, a, b, t1, t2)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
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Details
Evaluation of adjusted score test approach using coverage probability, root mean square statistic,
and the proportion of proportion lies within the desired level of coverage

Value

A dataframe with

mCpAS Adjusted Score Coverage Probability
micpAS Adjusted Score minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

Other Coverage probability of adjusted methods: PlotcovpAAS, PlotcovpAAll, PlotcovpALR,
PlotcovpALT, PlotcovpASC, PlotcovpATW, PlotcovpAWD, covpAAS, covpAAll, covpALR, covpALT,
COVPATW, covpAWD

Examples

n= 10; alp=0.05; h=2; a=1;b=1; t1=0.93;t2=0.97
covpASC(n,alp,h,a,b,t1,t2)

COVPATW Coverage Probability of Adjusted Wald-T method for given n

Description

Coverage Probability of Adjusted Wald-T method for given n

Usage
covpATW(n, alp, h, a, b, t1, t2)
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Arguments

n - Number of trials

alp - Alpha value (significance level required)

h - Adding factor

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Evaluation of approximate and adjusted method based on a t_approximation of the standardized
point estimator using coverage probability, root mean square statistic, and the proportion of propor-
tion lies within the desired level of coverage

Value

A dataframe with

mCpATW Adjusted Wald-T Coverage Probability
micpATW Adjusted Wald-T minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact” for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

Other Coverage probability of adjusted methods: PlotcovpAAS, PlotcovpAAll, PlotcovpALR,
PlotcovpALT, PlotcovpASC, PlotcovpATW, PlotcovpAWD, covpAAS, covpAAll, covpALR, covpALT,
covpASC, covpAWD

Examples

n= 10; alp=0.05; h=2;a=1;b=1; t1=0.93;t2=0.97
covpATW(n,alp,h,a,b,t1,t2)
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COoVpAWD Coverage Probability of Adjusted Wald method for given n

Description

Coverage Probability of Adjusted Wald method for given n

Usage
covpAWD(n, alp, h, a, b, t1, t2)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
- Beta parameters for hypo "p"
- Beta parameters for hypo "p"
t1 - Lower tolerance limit to check the spread of coverage Probability
t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Evaluation of adjusted Wald-type interval using coverage probability, root mean square statistic,
and the proportion of proportion lies within the desired level of coverage

Value

A dataframe with

mcpAW Adjusted Wald Coverage Probability
micpAW Adjusted Wald minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.
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See Also

Other Coverage probability of adjusted methods: PlotcovpAAS, PlotcovpAAll, PlotcovpALR,
PlotcovpALT, PlotcovpASC, PlotcovpATW, PlotcovpAWD, covpAAS, covpAAll, covpALR, covpALT,
coVvpASC, covpATW

Examples

n= 10; alp=0.05; h=2;a=1;b=1; t1=0.93;t2=0.97
covpAWD(n,alp,h,a,b,t1,t2)

covpBA Coverage Probability of Bayesian method

Description

Coverage Probability of Bayesian method

Usage

covpBA(n, alp, a, b, t1, t2, al, a2)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
t1 - Lower tolerance limit to check the spread of coverage Probability
t2 - Upper tolerance limit to check the spread of coverage Probability
al - Beta Prior Parameters for Bayesian estimation
a2 - Beta Prior Parameters for Bayesian estimation
Details

Evaluation of Bayesian Highest Probability Density (HPD) and two tailed intervals using coverage
probability, root mean square statistic, and the proportion of proportion lies within the desired level
of coverage for the Beta - Binomial conjugate prior model for the probability of success p.
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Value

A dataframe with

method Both Quantile and HPD method results are returned
MeanCP Coverage Probability
MinCP Minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5] 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Basic coverage probability methods: PlotcovpAS, PlotcovpAll, PlotcovpBA, PlotcovpEX,
PlotcovpLR, PlotcovpLT, PlotcovpSC, PlotcovpTW, PlotcovpWD, covpAS, covpAll, covpEX,
covpLR, covpLT, covpSC, covpTW, covpWD

Examples

## Not run:
n= 10; alp=0.05; a=1;b=1; t1=0.93;t2=0.97;a1=1;a2=1
covpBA(n,alp,a,b,t1,t2,a1,a2)

## End(Not run)
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covpCAll Coverage Probability for 5 continuity corrected methods (Wald, Wald-
T, Score, Logit-Wald, ArcSine)

Description
Coverage Probability for 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald, Arc-
Sine)

Usage

covpCAll(n, alp, c, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

c - Continiuty correction

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

The Coverage Probability of 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald,
ArcSine) for n given alp, h, a, b, t1 and t2 using all the methods

Value

A dataframe with

method Method name

MeanCP Coverage Probability

MinCP Minimum coverage probability

RMSE_N Root Mean Square Error from nominal size

RMSE_M Root Mean Square Error for Coverage Probability

RMSE_MI Root Mean Square Error for minimum coverage probability

tol Required tolerance for coverage probability
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References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also
Other Coverage probability for continuity corrected methods: PlotcovpCAS, PlotcovpCAll, PlotcovpCLT,

PlotcovpCSC, PlotcovpCTW, PlotcovpCWD, covpCAS, covpCLT, covpCSC, covpCTW, covpCWD

Examples

## Not run:
n= 10; alp=0.05; c=1/(2*n);a=1;b=1; t1=0.93;t2=0.97
covpCAll(n,alp,c,a,b,t1,t2)

## End(Not run)

covpCAS Coverage Probability of Continuity corrected ArcSine method

Description

Coverage Probability of Continuity corrected ArcSine method

Usage

covpCAS(n, alp, c, a, b, t1, t2)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continiuty correction
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
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Details

Evaluation of continuity corrected Wald-type interval for the arcsine transformation of the param-
eter p using coverage probability, root mean square statistic, and the proportion of proportion lies
within the desired level of coverage

Value

A dataframe with

mcpCA Continuity corrected ArcSine Coverage Probability
micpCA Continuity corrected ArcSine minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability

References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also
Other Coverage probability for continuity corrected methods: PlotcovpCAS, PlotcovpCAll, PlotcovpCLT,

PlotcovpCSC, PlotcovpCTW, PlotcovpCWD, covpCAll, covpCLT, covpCSC, covpCTW, covpCWD

Examples

n= 10; alp=0.05; c=1/(2*n); a=1;b=1; t1=0.93;t2=0.97
covpCAS(n,alp,c,a,b,t1,t2)

covpCLT Coverage Probability of Continuity corrected Logit Wald method

Description

Coverage Probability of Continuity corrected Logit Wald method

Usage

covpCLT(n, alp, c, a, b, t1, t2)
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Arguments

n - Number of trials

alp - Alpha value (significance level required)

c - Continiuty correction

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Evaluation of continuity corrected Wald-type interval based on the logit transformation of p using
coverage probability, root mean square statistic, and the proportion of proportion lies within the
desired level of coverage

Value

A dataframe with

mcpALT Continuity corrected Logit Wald Coverage Probability
micpALT Continuity corrected Logit Wald minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact” for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also
Other Coverage probability for continuity corrected methods: PlotcovpCAS, PlotcovpCAll, PlotcovpCLT,

PlotcovpCSC, PlotcovpCTW, PlotcovpCWD, covpCAS, covpCAll, covpCSC, covpCTW, covpCWD

Examples

n= 10; alp=0.05;c=1/(2*n); a=1;b=1; t1=0.93;t2=0.97
covpCLT(n,alp,c,a,b,t1,t2)
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covpCSC Coverage Probability of Continuity corrected Score method

Description

Coverage Probability of Continuity corrected Score method

Usage
covpCSC(n, alp, c, a, b, t1, t2)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continiuty correction
- Beta parameters for hypo "p"
- Beta parameters for hypo "p"
t1 - Lower tolerance limit to check the spread of coverage Probability
t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Evaluation of continuity corrected score test approach using coverage probability, root mean square
statistic, and the proportion of proportion lies within the desired level of coverage

Value

A dataframe with

mCpAS Continuity corrected Score Coverage Probability
micpAS Continuity corrected Score minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability

References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.
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See Also
Other Coverage probability for continuity corrected methods: PlotcovpCAS, PlotcovpCAll, PlotcovpCLT,
PlotcovpCSC, PlotcovpCTW, PlotcovpCWD, covpCAS, covpCAll, covpCLT, covpCTW, covpCWD

Examples

n= 10; alp=0.05; c=1/(2*n); a=1;b=1; t1=0.93;t2=0.97
covpCSC(n,alp,c,a,b,t1,t2)

covpCTW Coverage Probability of Continuity corrected Wald-T method

Description

Coverage Probability of Continuity corrected Wald-T method

Usage
covpCTW(n, alp, c, a, b, t1, t2)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continiuty correction
- Beta parameters for hypo "p"
- Beta parameters for hypo "p"
t1 - Lower tolerance limit to check the spread of coverage Probability
t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Evaluation of approximate and continuity corrected method based on a t_approximation of the stan-
dardized point estimator using coverage probability, root mean square statistic, and the proportion
of proportion lies within the desired level of coverage

Value

A dataframe with

mcpATW Continuity corrected Wald-T Coverage Probability

micpATW Continuity corrected Wald-T minimum coverage probability
RMSE_N Root Mean Square Error from nominal size

RMSE_M Root Mean Square Error for Coverage Probability

RMSE_MI Root Mean Square Error for minimum coverage probability

tol Required tolerance for coverage probability
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References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also
Other Coverage probability for continuity corrected methods: PlotcovpCAS, PlotcovpCAll, PlotcovpCLT,

PlotcovpCSC, PlotcovpCTW, PlotcovpCWD, covpCAS, covpCAll, covpCLT, covpCSC, covpCWD

Examples

n= 10; alp=0.05; c=1/(2*n);a=1;b=1; t1=0.93;t2=0.97
covpCTW(n,alp,c,a,b,t1,t2)

covpCWD Coverage Probability of Continuity corrected Wald method

Description

Coverage Probability of Continuity corrected Wald method

Usage

covpCWD(n, alp, c, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

c - Continiuty correction

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Evaluation of Wald-type interval with continuity correction using coverage probability, root mean
square statistic, and the proportion of proportion lies within the desired level of coverage
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Value

A dataframe with

mcpCW Continuity corrected Wald Coverage Probability
micpCW Continuity corrected Wald minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability

References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

Other Coverage probability for continuity corrected methods: PlotcovpCAS, PlotcovpCAll, PlotcovpCLT,
PlotcovpCSC, PlotcovpCTW, PlotcovpCWD, covpCAS, covpCAll, covpCLT, covpCSC, covpCTW

Examples

n= 10; alp=0.05; c=1/(2*n);a=1;b=1; t1=0.93;t2=0.97
covpCWD(n,alp,c,a,b,t1,t2)

covpEX Coverage Probability of Exact method

Description

Coverage Probability of Exact method

Usage

covpEX(n, alp, e, a, b, t1, t2)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
e - Exact method indicator (1:Clop-Pear,0.5:MID-p). The input can also be a
range of values between 0 and 1.
- Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
t1 - Lower tolerance limit to check the spread of coverage Probability
t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Evaluation of Confidence interval for p based on inverting equal-tailed binomial tests with null
hypothesis HO : p = p0 using coverage probability, root mean square statistic, and the proportion
of proportion lies within the desired level of coverage.

Value

A dataframe with

mcpEX Exact Coverage Probability
micpEX Exact minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability
e - Exact method input
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5] 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529
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See Also

Other Basic coverage probability methods: PlotcovpAS, PlotcovpAll, PlotcovpBA, PlotcovpEX,
PlotcovplLR, PlotcovpLT, PlotcovpSC, PlotcovpTW, PlotcovpWD, covpAS, covpAll, covpBA,
covpLR, covpLT, covpSC, covpTW, covpWD

Examples

## Not run:

n= 10; alp=0.05; e=0.5; a=1;b=1; t1=0.93;t2=0.97 # Mid-p
covpEX(n,alp,e,a,b,t1,t2)

n= 10; alp=0.05; e=1; a=1;b=1; t1=0.93;t2=0.97 #Clop-Pear
covpEX(n,alp,e,a,b,t1,t2)

n=5; alp=0.05;

e=c(0.1,0.5,0.95,1) #Range including Mid-p and Clopper-Pearson
a=1;b=1; t1=0.93;t2=0.97

covpEX(n,alp,e,a,b,t1,t2)

## End(Not run)

COVPGEN General Coverage Probability given hypothetical "p" Coverage prob-
ability for CI obtained from any method and discrete hypothetical p

Description

General Coverage Probability given hypothetical "p" Coverage probability for CI obtained from any
method and discrete hypothetical p

Usage
covpGEN(n, LL, UL, alp, hp, t1, t2)

Arguments

n - Number of trials

LL - Lower limit

uL - Upper limit

alp - Alpha value (significance level required)

hp - Hypothetical "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Evaluation of intervals obtained from any method using coverage probability, root mean square
statistic, and the proportion of proportion lies within the desired level of coverage for the n + 1
intervals and pre-defined space for the parameter p
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Value

A dataframe with

mcp Mean Coverage Probability
micp Minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Mean Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability

See Also

Other General methods for coverage probability: PlotcovpGEN

Examples

## Not run:

LL=c(0,0.01,0.0734,0.18237,0.3344,0.5492) #Lower and Upper Limits
UL=c(0.4507,0.6655,0.8176,0.9265,0.9899,1)

hp=seq(@,1,by=0.0001)

n= 5; alp=0.05; t1=0.93; t2=0.97

covpGEN(n,LL,UL,alp,hp,t1,t2)

## End(Not run)

covpLR Coverage Probability of likelihood method

Description

Coverage Probability of likelihood method

Usage

covpLR(n, alp, a, b, t1, t2)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
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Details
Evaluation of Likelihood ratio limits using coverage probability, root mean square statistic, and the
proportion of proportion lies within the desired level of coverage

Value

A dataframe with

mcpL likelihood Coverage Probability
micpL likelihood minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Basic coverage probability methods: PlotcovpAS, PlotcovpAll, PlotcovpBA, PlotcovpEX,
PlotcovpLR, PlotcovpLT, PlotcovpSC, PlotcovpTW, PlotcovpWD, covpAS, covpAll, covpBA,
covpEX, covpLT, covpSC, covpTW, covpWD

Examples

n= 10; alp=0.05; a=1;b=1; t1=0.93;t2=0.97
covpLR(n,alp,a,b,t1,t2)
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covpLT Coverage Probability of Logit Wald method

Description

Coverage Probability of Logit Wald method

Usage

covpLT(n, alp, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Evaluation of Wald-type interval based on the logit transformation of p using coverage probability,
root mean square statistic, and the proportion of proportion lies within the desired level of coverage

Value

A dataframe with

mcpLT Logit Wald Coverage Probability
micpLT Logit Wald minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.
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[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5] 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Basic coverage probability methods: PlotcovpAS, PlotcovpAll, PlotcovpBA, PlotcovpEX,
PlotcovpLR, PlotcovpLT, PlotcovpSC, PlotcovpTW, PlotcovpWD, covpAS, covpAll, covpBA,
covpEX, covpLR, covpSC, covpTW, covpWD

Examples

n= 10; alp=0.05; a=1;b=1; t1=0.93;t2=0.97
covpLT(n,alp,a,b,t1,t2)

covpSC Coverage Probability of Score method

Description

Coverage Probability of Score method

Usage
covpSC(n, alp, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Evaluation of score test approach using coverage probability, root mean square statistic, and the
proportion of proportion lies within the desired level of coverage
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Value

A dataframe with

mcpS Score Coverage Probability
micp$S Score minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Basic coverage probability methods: PlotcovpAS, PlotcovpAll, PlotcovpBA, PlotcovpEX,
PlotcovpLR, PlotcovpLT, PlotcovpSC, PlotcovpTW, PlotcovpWD, covpAS, covpAll, covpBA,
covpEX, covpLR, covpLT, covpTW, covpWD

Examples

n= 10; alp=0.05; a=1;b=1; t1=0.93;t2=0.97
covpSC(n,alp,a,b,t1,t2)
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covpSIM Coverage Probability using simulation Coverage probability for CI
obtained from any method over the space [0, 1]

Description
Coverage Probability using simulation Coverage probability for CI obtained from any method over
the space [0, 1]

Usage

covpSIM(n, LL, UL, alp, s, a, b, t1, t2)

Arguments

n - Number of trials

LL - Lower limit

uL - Upper limit

alp - Alpha value (significance level required)

s - Number of hypothetical "p"

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Evaluation of intervals obtained from any method using coverage probability, root mean square
statistic, and the proportion of proportion lies within the desired level of coverage for the n + 1
intervals and pre-defined space for the parameter p using Monte Carle simulation

Value

A dataframe with

mcp Mean Coverage Probability

micp Minimum coverage probability

RMSE_N Root Mean Square Error from nominal size

RMSE_M Root Mean Square Error for Mean Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability

tol Required tolerance for coverage probability
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See Also

Other Simulated methods for coverage probability: PlotcovpSIM

Examples

LL=c(0,0.01,0.0734,0.18237,0.3344,0.5492) #Lower and Upper Limits
UL=c(0.4507,0.6655,0.8176,0.9265,0.9899,1)

n=5; alp=0.05; s=5000; a=1; b=1; t1=0.93; t2=0.97
covpSIM(n,LL,UL,alp,s,a,b,t1,t2)

covpTW Coverage Probability of Wald-T method

Description

Coverage Probability of Wald-T method

Usage

covpTW(n, alp, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Evaluation of approximate method based on a t_approximation of the standardized point estimator
using coverage probability, root mean square statistic, and the proportion of proportion lies within
the desired level of coverage

Value

A dataframe with

mcpTW Wald-T Coverage Probability

micpTW Wald-T minimum coverage probability

RMSE_N Root Mean Square Error from nominal size

RMSE_M Root Mean Square Error for Coverage Probability

RMSE_MI Root Mean Square Error for minimum coverage probability

tol Required tolerance for coverage probability
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References
[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5] 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Basic coverage probability methods: PlotcovpAS, PlotcovpAll, PlotcovpBA, PlotcovpEX,
PlotcovpLR, PlotcovpLT, PlotcovpSC, PlotcovpTW, PlotcovpWD, covpAS, covpAll, covpBA,
covpEX, covpLR, covpLT, covpSC, covpWD

Examples

n= 10; alp=0.05; a=1;b=1; t1=0.93;t2=0.97
covpTW(n,alp,a,b,t1,t2)

covpWD Coverage Probability of Wald method

Description

Coverage Probability of Wald method

Usage

covpWD(n, alp, a, b, t1, t2)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
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Details
Evaluation of Wald-type interval using coverage probability, root mean square statistic, and the
proportion of proportion lies within the desired level of coverage

Value

A dataframe with

mcpW Wald Coverage Probability
micpW Wald minimum coverage probability
RMSE_N Root Mean Square Error from nominal size
RMSE_M Root Mean Square Error for Coverage Probability
RMSE_MI Root Mean Square Error for minimum coverage probability
tol Required tolerance for coverage probability
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Basic coverage probability methods: PlotcovpAS, PlotcovpAll, PlotcovpBA, PlotcovpEX,
PlotcovpLR, PlotcovpLT, PlotcovpSC, PlotcovpTW, PlotcovpWD, covpAS, covpAll, covpBA,
covpEX, covpLR, covpLT, covpSC, covpTW

Examples

n= 10; alp=0.05; a=1;b=1; t1=0.93;t2=0.97
covpWD(n,alp,a,b,t1,t2)



empericalBA 103

empericalBA The empirical Bayesian approach for Beta-Binomial model

Description

The empirical Bayesian approach for Beta-Binomial model

Usage

empericalBA(n, alp, sL, sU)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
sL - Lower support for MLE optimization
sU - Upper support for MLE optimization
Details

Highest Probability Density (HPD) and two tailed intervals are provided for all z = 0, 1, 2..n based
on empirical Bayesian approach for Beta-Binomial model. Lower and Upper support values are
needed to obtain the MLE of marginal likelihood for prior parameters.

Value

A dataframe with

X - Number of successes (positive samples)

pomean - Posterior mean

LBAQ - Lower limits of Quantile based intervals

UBAQ - Upper limits of Quantile based intervals

LBAH - Lower limits of HPD intervals

UBAH - Upper limits of HPD intervals
References

[1] 1998 Lehmann EL and Casella G Theory of Point Estimation, 2nd ed Springer, New York

See Also

Other Miscellaneous functions for Bayesian method: empericalBAx, probP0Sx, probP0OS, probPREX,
probPRE
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Examples

sL=runif(1,0,2) #Lower and upper of Support for MLE optimization
sU=runif(1,sL,10)

n= 5; alp=0.05

empericalBA(n,alp,sL,sU)

empericalBAx The empirical Bayesian approach for Beta-Binomial model given x

Description

The empirical Bayesian approach for Beta-Binomial model given x

Usage

empericalBAx(x, n, alp, sL, sU)

Arguments
X - Number of successes
n - Number of trials
alp - Alpha value (significance level required)
sL - Lower support for MLE optimization
sU - Upper support for MLE optimization
Details

Highest Probability Density (HPD) and two tailed intervals are provided for the required x (any one
value from 0, 1, 2..n) based on empirical Bayesian approach for Beta-Binomial model. Lower and
Upper support values are needed to obtain the MLE of marginal likelihood for prior parameters.

Value

A dataframe with

X - Number of successes (positive samples)

pomean - Posterior mean

LEBAQ - Lower limits of Quantile based intervals

UEBAQ - Upper limits of Quantile based intervals

LEBAH - Lower limits of HPD intervals

UEBAH - Upper limits of HPD intervals
References

[1] 1998 Lehmann EL and Casella G Theory of Point Estimation, 2nd ed Springer, New York
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See Also

Other Miscellaneous functions for Bayesian method: empericalBA, probP0OSx, probPOS, probPREX,
probPRE

Examples

sL=runif(1,0,2) #Lower and upper of Support for MLE optimization
sU=runif(1,sL,10)

x=0; n=5; alp=0.05

empericalBAx(x,n,alp,sL,sU)

errAAll Calculates error, long term power and pass/fail criteria using 6 ad-
justed methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, Arc-
Sine)
Description

Calculates error, long term power and pass/fail criteria using 6 adjusted methods (Wald, Wald-T,
Likelihood, Score, Logit-Wald, ArcSine)

Usage
errAAll(n, alp, h, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
phi - Null hypothesis value
f - Failure criterion
Details

Calculates error, long term power and pass/fail criteria using 6 adjusted methods (Wald, Wald-T,
Likelihood, Score, Logit-Wald, ArcSine)

Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test
Fail_Pass Fail/pass based on the input f criterion

method Name of the method
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See Also
Other Error for adjusted methods: PloterrAAS, PloterrAAll, PloterrALR, PloterrALT,PloterrASC,
PloterrATW, PloterrAWD, errAAS, errALR, errALT, errASC, errATW, errAWD

Examples

n=20; alp=0.05;h=2; phi=0.99; f=-2
errAAll(n,alp,h,phi,f)

errAAS Calculates error, long term power and pass/fail criteria for adjusted
ArcSine method

Description

Calculates error, long term power and pass/fail criteria for adjusted ArcSine method

Usage
errAAS(n, alp, h, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
phi - Null hypothesis value
f - Failure criterion
Details

Evaluation of adjusted Wald-type interval for the arcsine transformation of the parameter p using
error due to the difference of achieved and nominal level of significance for the n + 1 intervals

Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test
Fail_Pass Fail/pass based on the input f criterion

References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529
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See Also

Other Error for adjusted methods: PloterrAAS, PloterrAAll, PloterrALR, PloterrALT,PloterrASC,
PloterrATW, PloterrAWD, errAAll, errALR, errALT, errASC, errATW, errAWD

Examples

n=20; alp=0.05; h=2;phi=0.99; f=-2
errAAS(n,alp,h,phi,f)

errAll Calculates error, long term power and pass/fail criteria using 6 base
methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine)

Description
Calculates error, long term power and pass/fail criteria using 6 base methods (Wald, Wald-T, Like-
lihood, Score, Logit-Wald, ArcSine)

Usage
errAll(n, alp, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
Details

Calculation of error, long term power and pass/fail criteria using 6 base methods (Wald, Wald-T,
Likelihood, Score, Logit-Wald, ArcSine)

Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test
Fail_Pass Fail/pass based on the input f criterion
method Name of the method
References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529
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See Also
Other Error for base methods: PloterrAS, PloterrAll, PloterrBA, PloterrEX, PloterrLR, PloterrLT,
PloterrSC, PloterrTW, PloterrWD, errAS, errBA, errEX, errLR, errLT, errSC, errTW, errWD

Examples

n=20; alp=0.05; phi=0.05; f=-2
errAll(n,alp,phi,f)

errALR Calculates error, long term power and pass/fail criteria for adjusted
Likelihood Ratio method

Description

Calculates error, long term power and pass/fail criteria for adjusted Likelihood Ratio method

Usage
errALR(n, alp, h, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
phi - Null hypothesis value
f - Failure criterion
Details

Evaluation of adjusted Likelihood ratio limits using error due to the difference of achieved and
nominal level of significance for the n 4 1 intervals

Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test
Fail_Pass Fail/pass based on the input f criterion

References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529



errALT 109

See Also
Other Error for adjusted methods: PloterrAAS, PloterrAAll, PloterrALR, PloterrALT,PloterrASC,
PloterrATW, PloterrAWD, errAAS, errAAll, errALT, errASC, errATW, errAWD

Examples

n=20; alp=0.05; h=2;phi=0.99; f=-2
errALR(n,alp,h,phi,f)

errALT Calculates error, long term power and pass/fail criteria for adjusted
Logit Wald method

Description

Calculates error, long term power and pass/fail criteria for adjusted Logit Wald method

Usage
errALT(n, alp, h, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
phi - Null hypothesis value
f - Failure criterion
Details

Evaluation of adjusted Wald-type interval based on the logit transformation of p using error due to
the difference of achieved and nominal level of significance for the n + 1 intervals

Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test
Fail_Pass Fail/pass based on the input f criterion

References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529
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See Also

Other Error for adjusted methods: PloterrAAS, PloterrAAll, PloterrALR, PloterrALT, PloterrASC,
PloterrATW, PloterrAWD, errAAS, errAAll, errALR, errASC, errATW, errAWD

Examples

n=20; alp=0.05; h=2;phi=0.99; f=-2
errALT(n,alp,h,phi,f)

errAS Calculates error, long term power and pass/fail criteria for ArcSine
method

Description

Calculates error, long term power and pass/fail criteria for ArcSine method

Usage
errAS(n, alp, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
Details

Evaluation of Wald-type interval for the arcsine transformation of the parameter p error due to the
difference of achieved and nominal level of significance for the n + 1 intervals

Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test
Fail_Pass Fail/pass based on the input f criterion

References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529
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See Also
Other Error for base methods: PloterrAS, PloterrAll, PloterrBA, PloterrEX, PloterrLR, PloterrLT,
PloterrSC, PloterrTW, PloterrWD, errAll, errBA, errEX, errLR, errLT, errSC, errTW, errWD

Examples

n=20; alp=0.05; phi=0.05; f=-2
errAsS(n,alp,phi, f)

errASC Calculates error, long term power and pass/fail criteria for adjusted
Score method

Description

Calculates error, long term power and pass/fail criteria for adjusted Score method

Usage
errASC(n, alp, h, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
phi - Null hypothesis value
f - Failure criterion
Details

Evaluation of adjusted score test approach using error due to the difference of achieved and nominal
level of significance for the n 4 1 intervals

Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test
Fail_Pass Fail/pass based on the input f criterion

References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529
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See Also
Other Error for adjusted methods: PloterrAAS, PloterrAAll, PloterrALR, PloterrALT,PloterrASC,
PloterrATW, PloterrAWD, errAAS, errAAll, errALR, errALT, errATW, errAWD

Examples

n=20; alp=0.05; h=2;phi=0.99; f=-2
errASC(n,alp,h,phi,f)

errATW Calculates error, long term power and pass/fail criteria for adjusted
Wald-T method

Description

Calculates error, long term power and pass/fail criteria for adjusted Wald-T method

Usage
errATW(n, alp, h, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
phi - Null hypothesis value
f - Failure criterion
Details

Evaluation of approximate and adjusted method based on a t_approximation of the standardized
point estimator using error due to the difference of achieved and nominal level of significance for
the n + 1 intervals

Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test
Fail_Pass Fail/pass based on the input f criterion

References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529
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See Also
Other Error for adjusted methods: PloterrAAS, PloterrAAll, PloterrALR, PloterrALT,PloterrASC,
PloterrATW, PloterrAWD, errAAS, errAAll, errALR, errALT, errASC, errAWD

Examples

n=20; alp=0.05; h=2;phi=0.99; f=-2
errATW(n,alp,h,phi,f)

errAWD Calculates error, long term power and pass/fail criteria for adjusted
Wald method

Description

Calculates error, long term power and pass/fail criteria for adjusted Wald method

Usage
errAWD(n, alp, h, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
phi - Null hypothesis value
f - Failure criterion
Details

Evaluation of adjusted Wald-type interval using error due to the difference of achieved and nominal
level of significance for the n 4 1 intervals

Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test
Fail_Pass Fail/pass based on the input f criterion

References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529
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See Also

Other Error for adjusted methods: PloterrAAS, PloterrAAll, PloterrALR, PloterrALT, PloterrASC,
PloterrATW, PloterrAWD, errAAS, errAAll, errALR, errALT, errASC, errATW

Examples

n=20; alp=0.05; h=2;phi=0.99; f=-2
errAWD(n,alp,h,phi,f)

errBA Calculates error, long term power and pass/fail criteria for Bayesian
method

Description

Calculates error, long term power and pass/fail criteria for Bayesian method

Usage
errBA(n, alp, phi, f, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Evaluation of Bayesian Highest Probability Density (HPD) and two tailed intervals using error due
to the difference of achieved and nominal level of significance for the n + 1 intervals for the Beta -
Binomial conjugate prior model for the probability of success p

Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test
Fail_Pass Fail/pass based on the input f criterion

method Name of method - Quantile or HPD
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References
[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529
See Also
Other Error for base methods: PloterrAS, PloterrAll, PloterrBA, PloterrEX, PloterrLR, PloterrLT,
PloterrSC, PloterrTW, PloterrWD, errAS, errAll, errEX, errLR, errLT, errSC, errTW, errWD
Examples

n=20; alp=0.05; phi=0.05; f=-2;a=0.5;b=0.5
errBA(n,alp,phi,f,a,b)

errCAll Calculates error, long term power and pass/fail criteria using 5 conti-
nuity corrected methods (Wald, Wald-T, Score, Logit-Wald, ArcSine)

Description
Calculates error, long term power and pass/fail criteria using 5 continuity corrected methods (Wald,
Wald-T, Score, Logit-Wald, ArcSine)

Usage
errCAll(n, alp, phi, c, )

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
c - Continuity correction
f - Failure criterion
Details

Calculates error, long term power and pass/fail criteria using 5 continuity corrected methods (Wald,
Wald-T, Score, Logit-Wald, ArcSine)

Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test
Fail_Pass Fail/pass based on the input f criterion

method Name of the method
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References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Error for continuity corrected methods: PloterrCAS, PloterrCAll, PloterrCLT, PloterrCSC,
PloterrCTW, PloterrCWD, errCAS, errCLT, errCSC, errCTW, errCWD
Examples

n=5; alp=0.05; phi=0.05;c=1/(2*n); f=-2
errCAll(n,alp,phi,c,f)

errCAS Calculates error, long term power and pass/fail criteria for continuity
corrected ArcSine method

Description

Calculates error, long term power and pass/fail criteria for continuity corrected ArcSine method

Usage
errCAS(n, alp, phi, c, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
C - Continuity correction
f - Failure criterion
Details

Evaluation of continuity corrected Wald-type interval for the arcsine transformation of the param-
eter p using error due to the difference of achieved and nominal level of significance for the n + 1
intervals

Value
A dataframe with
delalp Delta-alpha is the increase of the nominal error with respect to real error

theta Long term power of the test

Fail_Pass Fail/pass based on the input f criterion
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References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Error for continuity corrected methods: PloterrCAS, PloterrCAll, PloterrCLT, PloterrCSC,
PloterrCTW, PloterrCWD, errCAll, errCLT, errCSC, errCTW, errCWD
Examples

n=5; alp=0.05; phi=0.05;c=1/(2*n); f=-2
errCAS(n,alp,phi,c,f)

errCLT Calculates error, long term power and pass/fail criteria for continuity
corrected Logit Wald method

Description

Calculates error, long term power and pass/fail criteria for continuity corrected Logit Wald method

Usage

errCLT(n, alp, phi, c, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
c - Continuity correction
f - Failure criterion
Details

Evaluation of continuity corrected Wald-type interval based on the logit transformation of p using
error due to the difference of achieved and nominal level of significance for the n + 1 intervals

Value
A dataframe with
delalp Delta-alpha is the increase of the nominal error with respect to real error

theta Long term power of the test

Fail_Pass Fail/pass based on the input f criterion
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References
[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also
Other Error for continuity corrected methods: PloterrCAS, PloterrCAll, PloterrCLT, PloterrCSC,
PloterrCTW, PloterrCWD, errCAS, errCAll, errCSC, errCTW, errCWD

Examples

n=5; alp=0.05; phi=0.05;c=1/(2*n); f=-2
errCLT(n,alp,phi,c,f)

errCSsC Calculates error, long term power and pass/fail criteria for continuity
corrected Score method

Description

Calculates error, long term power and pass/fail criteria for continuity corrected Score method

Usage
errCSC(n, alp, phi, c, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
c - Continuity correction
f - Failure criterion
Details

Evaluation of continuity corrected score test approach using error due to the difference of achieved
and nominal level of significance for the n + 1 intervals

Value
A dataframe with
delalp Delta-alpha is the increase of the nominal error with respect to real error

theta Long term power of the test

Fail_Pass Fail/pass based on the input f criterion
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References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Error for continuity corrected methods: PloterrCAS, PloterrCAll, PloterrCLT, PloterrCSC,
PloterrCTW, PloterrCWD, errCAS, errCAll, errCLT, errCTW, errCWD
Examples

n=5; alp=0.05; phi=0.05;c=1/(2*n); f=-2
errCSC(n,alp,phi,c,f)

errCTW Calculates error, long term power and pass/fail criteria for continuity
corrected Wald-T method

Description

Calculates error, long term power and pass/fail criteria for continuity corrected Wald-T method

Usage
errCTW(n, alp, phi, c, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
C - Continuity correction
f - Failure criterion
Details

Evaluation of approximate and continuity corrected method based on a t_approximation of the
standardized point estimator using error due to the difference of achieved and nominal level of
significance for the n + 1 intervals

Value
A dataframe with
delalp Delta-alpha is the increase of the nominal error with respect to real error

theta Long term power of the test

Fail_Pass Fail/pass based on the input f criterion
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References
[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also
Other Error for continuity corrected methods: PloterrCAS, PloterrCAll, PloterrCLT, PloterrCSC,
PloterrCTW, PloterrCWD, errCAS, errCAll, errCLT, errCSC, errCWD

Examples

n=5; alp=0.05; phi=0.05;c=1/(2*n); f=-2
errCTW(n,alp,phi,c,f)

errCwD Calculates error, long term power and pass/fail criteria for continuity
corrected Wald method

Description

Calculates error, long term power and pass/fail criteria for continuity corrected Wald method

Usage
errCWD(n, alp, phi, c, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
c - Continuity correction
f - Failure criterion
Details

Evaluation of Wald-type interval with continuity correction using error due to the difference of
achieved and nominal level of significance for the n + 1 intervals
Value
A dataframe with
delalp Delta-alpha is the increase of the nominal error with respect to real error

theta Long term power of the test

Fail_Pass Fail/pass based on the input f criterion
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References
[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also
Other Error for continuity corrected methods: PloterrCAS, PloterrCAll, PloterrCLT, PloterrCSC,
PloterrCTW, PloterrCWD, errCAS, errCAll, errCLT, errCSC, errCTW

Examples

n=5; alp=0.05; phi=0.05;c=1/(2*n); f=-2
errCWD(n, alp,phi,c,f)

errEX Calculates error, long term power and pass/fail criteria for Exact
method

Description

Calculates error, long term power and pass/fail criteria for Exact method

Usage
errEX(n, alp, phi, f, e)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
e - Exact method indicator in [0, 1] 1: Clopper Pearson, 0.5: Mid P The input can
also be a range of values between 0 and 1.
Details

Evaluation of Confidence interval for p based on inverting equal-tailed binomial tests with null hy-
pothesis HO : p = p0 using error due to the difference of achieved and nominal level of significance
for the n + 1 intervals

Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test

Fail_Pass Fail/pass based on the input f criterion
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References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Error for base methods: PloterrAS, PloterrAll, PloterrBA, PloterrEX, PloterrLR, PloterrLT,
PloterrSC, PloterrTW, PloterrWD, errAS, errAll, errBA, errLR, errLT, errSC, errTW, errWD

Examples

n=20; alp=0.05;phi=0.05; f=-2;e=0.5 # Mid-p

errEX(n,alp,phi,f,e)

n=20; alp=0.05;phi=0.05; f=-2;e=1 #Clopper-Pearson

erreEX(n,alp,phi,f,e)

n=20; alp=0.05;phi=0.05; f=-2;e=c(0.1,0.5,0.95,1) #Range including Mid-p and Clopper-Pearson
errEX(n,alp,phi,f,e)

errGEN Calculates error, long term power and pass/fail criteria for CI ob-
tained from any method

Description

Calculates error, long term power and pass/fail criteria for CI obtained from any method

Usage
errGEN(n, LL, UL, alp, phi, f)

Arguments
n - Number of trials
LL - Lower limit
uL - Upper limit
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
Details

Evaluation of intervals obtained from any method using error due to the difference of achieved and
nominal level of significance for the n + 1 intervals
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Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test
Fail_Pass Fail/pass based on the input f criterion

References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

Examples

LL=c(0,0.01,0.0734,0.18237,0.3344,0.5492) #Lower and Upper Limits
UL=c(0.4507,0.6655,0.8176,0.9265,0.9899,1)

n=5; alp=0.05;phi=0.05; f=-2

errGEN(n,LL,UL,alp,phi,f)

errLR Calculates error, long term power and pass/fail criteria for Likelihood
Ratio method

Description

Calculates error, long term power and pass/fail criteria for Likelihood Ratio method

Usage

errLR(n, alp, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
Details

Evaluation of Likelihood ratio limits using error due to the difference of achieved and nominal level
of significance for the n + 1 intervals
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Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test
Fail_Pass Fail/pass based on the input f criterion

References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also
Other Error for base methods: PloterrAS, PloterrAll, PloterrBA, PloterrEX, PloterrLR, PloterrLT,
PloterrSC, PloterrTW, PloterrWD, errAS, errAll, errBA, errEX, errLT, errSC, errTW, errWD

Examples

n=20; alp=0.05; phi=0.05; f=-2
errLR(n,alp,phi,f)

errLT Calculates error, long term power and pass/fail criteria for Logit Wald
method

Description

Calculates error, long term power and pass/fail criteria for Logit Wald method

Usage
errLT(n, alp, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
Details

Evaluation of Wald-type interval based on the logit transformation of p using error due to the dif-
ference of achieved and nominal level of significance for the n + 1 intervals
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Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test
Fail_Pass Fail/pass based on the input f criterion

References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529
See Also
Other Error for base methods: PloterrAS, PloterrAll, PloterrBA, PloterrEX, PloterrLR, PloterrLT,
PloterrSC, PloterrTW, PloterrWD, errAS, errAll, errBA, errEX, errLR, errSC, errTW, errWD
Examples

n=20; alp=0.05; phi=0.05; f=-2
errLT(n,alp,phi,f)

errSC Calculates error, long term power and pass/fail criteria for Score
method

Description

Calculates error, long term power and pass/fail criteria for Score method

Usage
errSC(n, alp, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
Details

Evaluation of score test approach using error due to the difference of achieved and nominal level of
significance for the n + 1 intervals
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Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test
Fail_Pass Fail/pass based on the input f criterion

References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also
Other Error for base methods: PloterrAS, PloterrAll, PloterrBA, PloterrEX, PloterrLR, PloterrLT,
PloterrSC, PloterrTW, PloterrWD, errAS, errAll, errBA, errEX, errLR, errLT, errTW, errWD

Examples

n=20; alp=0.05; phi=0.05; f=-2
errSC(n,alp,phi,f)

errTw Calculates error, long term power and pass/fail criteria for Wald-T
method

Description

Calculates error, long term power and pass/fail criteria for Wald-T method

Usage
errTW(n, alp, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
Details

Evaluation of approximate method based on a t_approximation of the standardized point estimator
using error due to the difference of achieved and nominal level of significance for the n+ 1 intervals
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Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test
Fail_Pass Fail/pass based on the input f criterion

References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529
See Also
Other Error for base methods: PloterrAS, PloterrAll, PloterrBA, PloterrEX, PloterrLR, PloterrLT,
PloterrSC, PloterrTW, PloterrWD, errAS, errAll, errBA, errEX, errLR, errLT, errSC, errWD
Examples

n=20; alp=0.05; phi=0.05; f=-2
errTW(n,alp,phi,f)

errWD Calculates error, long term power and pass/fail criteria for Wald
method

Description

Calculates error, long term power and pass/fail criteria for Wald method

Usage
errWdD(n, alp, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
Details

Evaluation of Wald-type intervals using error due to the difference of achieved and nominal level of
significance for the n + 1 intervals
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Value

A dataframe with

delalp Delta-alpha is the increase of the nominal error with respect to real error
theta Long term power of the test
Fail_Pass Fail/pass based on the input f criterion

References

[1] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also
Other Error for base methods: PloterrAS, PloterrAll, PloterrBA, PloterrEX, PloterrLR, PloterrLT,

PloterrSC, PloterrTW, PloterrWD, errAS, errAll, errBA, errEX, errLR, errLT, errSC, errTW

Examples

n=20; alp=0.05; phi=0.05; f=-2
errWD(n,alp,phi,f)

hypotestBAF1 Bayesain Hypothesis testing : Hypothesis 1: Theta = Theta0 Vs Theta
<> Theta0

Description

Bayesain Hypothesis testing : Hypothesis 1: Theta = ThetaO Vs Theta <> Theta0

Usage

hypotestBAF1(n, the, al, b1l)

Arguments
n - Number of trials from data
the - Hypothetical parameter for HO
al - Priors for hypothesis H1

b1 - Priors for hypothesis H1
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Details

Computes Bayes factor under Beta-Binomial model for the model: p = p0 Vs p # p0 from the
given number of trials n and for all number of successes x = 0, 1, 2......n. We use the following
guideline for reporting the results:

* 1/3 <=BaFa0l < 1: Evidence against HO is not worth more than a bare mention.

* 1/20 <= BaFa0l < 1/3: Evidence against HO is positive.

1/150 <= BaFa0l < 1/20: Evidence against HO is strong.
* BaFalO < 1/150: Evidence against HO is very strong.

1 <= BaFa0l < 3: Evidence against H1 is not worth more than a bare mention.

* 3 <= BaFa0l < 20: Evidence against H1 is positive.

20 <= BaFa0l < 150: Evidence against H1 is strong.

* 150 <= BaFa0l: Evidence against H1 is very strong.

Value

A dataframe with

X Number of successes
BaFa01 Bayesian Factor
References

[1] 2006 Ghosh M, Delampady M and Samanta T. An introduction to Bayesian analysis: Theory
and Methods. Springer, New York

[2] 2014 Sakthivel S, Subbiah M and Ramakrishnan R Default prior approach for Bayesian testing
of hypotheses involving single binomial proportion International Journal of Statistics and Analysis,
4(2),139-153

See Also

Other Hypothesis testing: hypotestBAF1x, hypotestBAF2x, hypotestBAF2, hypotestBAF3x, hypotestBAF3,
hypotestBAF4x, hypotestBAF4, hypotestBAF5x, hypotestBAF5, hypotestBAF6x, hypotestBAF6

Examples

n=10; the=0.1; al=1; b1=1
hypotestBAF1(n,tho,al,bl)



130 hypotestBAF1x

hypotestBAF1x Bayesain Hypothesis testing given x: Hypothesis 1: Theta = ThetaO
Vs Theta <> Theta0

Description

Bayesain Hypothesis testing given x: Hypothesis 1: Theta = Theta0 Vs Theta <> Theta0

Usage

hypotestBAF1x(x, n, tho, al, bl)

Arguments
X - Number of success
n - Number of trials from data
tho - Hypothetical parameter for HO
al - Priors for hypothesis H1
b1 - Priors for hypothesis H1
Details

Computes Bayes factor under Beta-Binomial model for the model: p = p0 Vs p # p0 from the
given number of trials n and and for given number of successes x = 0, 1, 2......n We use the follow-
ing guideline for reporting the results:

* 1/3 <=BaFa0l < 1: Evidence against HO is not worth more than a bare mention.

* 1/20 <= BaFa0l < 1/3: Evidence against HO is positive.
1/150 <= BaFa01 < 1/20: Evidence against HO is strong.

BaFal0 < 1/150: Evidence against HO is very strong.

* 1 <= BaFa0l < 3: Evidence against H1 is not worth more than a bare mention.
* 3 <= BaFa0l < 20: Evidence against H1 is positive.

* 20 <= BaFa0l < 150: Evidence against H1 is strong.

150 <= BaFa01: Evidence against H1 is very strong.

Value

A dataframe with

X Number of successes

BaFa01 Bayesian Factor
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References

[1] 2006 Ghosh M, Delampady M and Samanta T. An introduction to Bayesian analysis: Theory
and Methods. Springer, New York

[2] 2014 Sakthivel S, Subbiah M and Ramakrishnan R Default prior approach for Bayesian testing
of hypotheses involving single binomial proportion International Journal of Statistics and Analysis,
4(2),139-153

See Also

Other Hypothesis testing: hypotestBAF1, hypotestBAF2x, hypotestBAF2, hypotestBAF3x, hypotestBAF3,
hypotestBAF4x, hypotestBAF4, hypotestBAF5x, hypotestBAF5, hypotestBAF6x, hypotestBAF6

Examples

x=682; n=925; th0=0.75; al=3; b1=3
hypotestBAF1x(x,n,tho,al,b1)

hypotestBAF2 Bayesain Hypothesis testing : Hypothesis 2: Theta = Theta0 Vs Theta
> Theta0

Description

Bayesain Hypothesis testing : Hypothesis 2: Theta = ThetaO Vs Theta > Theta0

Usage
hypotestBAF2(n, the, al, b1l)

Arguments
n - Number of trials from data
tho - Hypothetical parameter for HO
al - Priors for hypothesis H1
b1 - Priors for hypothesis H1
Details

Computes Bayes factor under Beta-Binomial model for the model: p = p0 Vs p > p0 from the
given number of trials n and for all number of successes x = 0,1, 2......n We use the following
guideline for reporting the results:

* 1/3 <=BaFa0l < 1: Evidence against HO is not worth more than a bare mention.

* 1/20 <= BaFa0l < 1/3: Evidence against HO is positive.

* 1/150 <= BaFa01 < 1/20: Evidence against HO is strong.

* BaFal0 < 1/150: Evidence against HO is very strong.
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* 1 <=BaFa0l < 3: Evidence against H1 is not worth more than a bare mention.

* 3 <=BaFa0l < 20: Evidence against H1 is positive.

20 <= BaFa01 < 150: Evidence against H1 is strong.
* 150 <= BaFa0l: Evidence against H1 is very strong.

Value

A dataframe with

X Number of successes
BaFa01 Bayesian Factor
References

[1] 2006 Ghosh M, Delampady M and Samanta T. An introduction to Bayesian analysis: Theory
and Methods. Springer, New York

[2] 2014 Sakthivel S, Subbiah M and Ramakrishnan R Default prior approach for Bayesian testing
of hypotheses involving single binomial proportion International Journal of Statistics and Analysis,
4(2),139-153

See Also

Other Hypothesis testing: hypotestBAF1x, hypotestBAF1, hypotestBAF2x, hypotestBAF3x, hypotestBAF3,
hypotestBAF4x, hypotestBAF4, hypotestBAF5x, hypotestBAF5, hypotestBAF6x, hypotestBAF6

Examples

n=10; the=0.1; al=1; bi=1
hypotestBAF2(n,tho,al,b1)

hypotestBAF2x Bayesain Hypothesis testing given x: Hypothesis 2: Theta = ThetaO
Vs Theta > Theta0O

Description

Bayesain Hypothesis testing given x: Hypothesis 2: Theta = ThetaO Vs Theta > Theta0

Usage

hypotestBAF2x(x, n, the, al, bl)
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Arguments
X - Number of success
n - Number of trials from data
tho - Hypothetical parameter for HO
al - Priors for hypothesis H1
b1 - Priors for hypothesis H1
Details

Computes Bayes factor under Beta-Binomial model for the model: p = p0 Vs p > p0 from the
given number of trials n and and for given number of successes x = 0, 1, 2......n We use the follow-
ing guideline for reporting the results:

* 1/3 <= BaFa0l < 1: Evidence against HO is not worth more than a bare mention.

* 1/20 <= BaFa0l < 1/3: Evidence against HO is positive.
1/150 <= BaFa0l1 < 1/20: Evidence against HO is strong.
* BaFal0 < 1/150: Evidence against HO is very strong.

* 1 <=BaFa0l < 3: Evidence against H1 is not worth more than a bare mention.

* 3 <= BaFa0l < 20: Evidence against H1 is positive.

20 <= BaFa0l < 150: Evidence against H1 is strong.

150 <= BaFa0l1: Evidence against H1 is very strong.

Value

A dataframe with

X Number of successes
BaFao1 Bayesian Factor
References

[1] 2006 Ghosh M, Delampady M and Samanta T. An introduction to Bayesian analysis: Theory
and Methods. Springer, New York

[2] 2014 Sakthivel S, Subbiah M and Ramakrishnan R Default prior approach for Bayesian testing
of hypotheses involving single binomial proportion International Journal of Statistics and Analysis,
4(2),139-153

See Also

Other Hypothesis testing: hypotestBAF1x, hypotestBAF1, hypotestBAF2, hypotestBAF3x, hypotestBAF3,
hypotestBAF4x, hypotestBAF4, hypotestBAF5x, hypotestBAF5, hypotestBAF6x, hypotestBAF6

Examples

x=682; n=925; th0=0.75; al=3; b1=3
hypotestBAF2x(x,n,tho,al,b1)
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hypotestBAF3 Bayesain Hypothesis testing : Hypothesis 3: Theta = Theta0 Vs Theta
< Theta0

Description

Bayesain Hypothesis testing : Hypothesis 3: Theta = Theta0 Vs Theta < Theta0

Usage

hypotestBAF3(n, the, al, b1l)

Arguments
n - Number of trials from data
tho - Hypothetical parameter for HO
al - Priors for hypothesis H1
b1 - Priors for hypothesis H1
Details

Computes Bayes factor under Beta-Binomial model for the model: p = p0 Vs p < p0 from the
given number of trials n and for all number of successes x = 0,1, 2......n We use the following
guideline for reporting the results:

* 1/3 <=BaFa0l < 1: Evidence against HO is not worth more than a bare mention.

* 1/20 <= BaFa0l < 1/3: Evidence against HO is positive.
1/150 <= BaFa0l < 1/20: Evidence against HO is strong.

BaFal0 < 1/150: Evidence against HO is very strong.

* 1 <=BaFa0l < 3: Evidence against H1 is not worth more than a bare mention.
* 3 <=BaFa0l < 20: Evidence against H1 is positive.

* 20 <= BaFa0l < 150: Evidence against H1 is strong.

* 150 <= BaFa0l: Evidence against H1 is very strong.

Value

A dataframe with

X Number of successes

BaFa01 Bayesian Factor
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References

[1] 2006 Ghosh M, Delampady M and Samanta T. An introduction to Bayesian analysis: Theory
and Methods. Springer, New York

[2] 2014 Sakthivel S, Subbiah M and Ramakrishnan R Default prior approach for Bayesian testing
of hypotheses involving single binomial proportion International Journal of Statistics and Analysis,
4(2),139-153

See Also

Other Hypothesis testing: hypotestBAF1x, hypotestBAF1, hypotestBAF2x, hypotestBAF2, hypotestBAF3x,
hypotestBAF4x, hypotestBAF4, hypotestBAF5x, hypotestBAF5, hypotestBAF6x, hypotestBAF6

Examples

n=10; th0=0.1; al=1; bl1=1
hypotestBAF3(n,tho,al,b1)

hypotestBAF3x Bayesain Hypothesis testing given x: Hypothesis 3: Theta = ThetaQ
Vs Theta < Theta0

Description

Bayesain Hypothesis testing given x: Hypothesis 3: Theta = Theta0 Vs Theta < ThetaO

Usage
hypotestBAF3x(x, n, the, al, bl)

Arguments
X - Number of success
n - Number of trials from data
tho - Hypothetical parameter for HO
al - Priors for hypothesis H1
b1 - Priors for hypothesis H1
Details

Computes Bayes factor under Beta-Binomial model for the model: p = p0 Vs p < p0 from the
given number of trials n and and for given number of successes x = 0, 1, 2......n We use the follow-
ing guideline for reporting the results:

* 1/3 <=BaFa0l < 1: Evidence against HO is not worth more than a bare mention.

* 1/20 <= BaFa0l < 1/3: Evidence against HO is positive.

* 1/150 <= BaFa01 < 1/20: Evidence against HO is strong.
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BaFal0 < 1/150: Evidence against HO is very strong.
* 1 <=BaFa0l < 3: Evidence against HI is not worth more than a bare mention.

* 3 <=BaFa0l < 20: Evidence against H1 is positive.

20 <= BaFa0l < 150: Evidence against H1 is strong.
* 150 <= BaFa0l: Evidence against H1 is very strong.

Value

A dataframe with

X Number of successes
BaFao1 Bayesian Factor
References

[1] 2006 Ghosh M, Delampady M and Samanta T. An introduction to Bayesian analysis: Theory
and Methods. Springer, New York

[2] 2014 Sakthivel S, Subbiah M and Ramakrishnan R Default prior approach for Bayesian testing
of hypotheses involving single binomial proportion International Journal of Statistics and Analysis,
4(2),139-153

See Also
Other Hypothesis testing: hypotestBAF1x, hypotestBAF1, hypotestBAF2x, hypotestBAF2, hypotestBAF3,

hypotestBAF4x, hypotestBAF4, hypotestBAF5x, hypotestBAF5, hypotestBAF6x, hypotestBAF6

Examples

x=682; n=925; th0=0.75; al=3; b1=3
hypotestBAF3x(x,n,th@,al,b1)

hypotestBAF4 Bayesain Hypothesis testing :Hypothesis 4: Theta <= Theta0 Vs Theta
> Theta0

Description

Bayesain Hypothesis testing :Hypothesis 4: Theta <= Theta0 Vs Theta > Theta0

Usage

hypotestBAF4(n, the, a0, bo, al, bl)
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Arguments
n - Number of trials from data
the - Hypothetical parameter for HO
a0 - Priors for hypothesis HO
bo - Priors for hypothesis HO
al - Priors for hypothesis H1
b1 - Priors for hypothesis H1
Details

Computes Bayes factor under Beta-Binomial model for the model: p <= p0 Vs p > p0 from the
given number of trials n and for all number of successes z = 0,1, 2......n We use the following
guideline for reporting the results:

* 1/3 <=BaFa0l < 1: Evidence against HO is not worth more than a bare mention.

* 1/20 <= BaFa0l < 1/3: Evidence against HO is positive.

* 1/150 <= BaFa0l1 < 1/20: Evidence against HO is strong.

* BaFal0 < 1/150: Evidence against HO is very strong.
1 <= BaFa01 < 3: Evidence against H1 is not worth more than a bare mention.

* 3 <=BaFa0l < 20: Evidence against H1 is positive.
20 <= BaFa01 < 150: Evidence against H1 is strong.

* 150 <= BaFa0l: Evidence against H1 is very strong.

Value

A dataframe with

X Number of successes
BaFao1 Bayesian Factor
References

[1] 2006 Ghosh M, Delampady M and Samanta T. An introduction to Bayesian analysis: Theory
and Methods. Springer, New York

[2] 2014 Sakthivel S, Subbiah M and Ramakrishnan R Default prior approach for Bayesian testing
of hypotheses involving single binomial proportion International Journal of Statistics and Analysis,
4(2),139-153

See Also

Other Hypothesis testing: hypotestBAF1x, hypotestBAF1, hypotestBAF2x, hypotestBAF2, hypotestBAF3x,
hypotestBAF3, hypotestBAF4x, hypotestBAF5x, hypotestBAF5, hypotestBAF6x, hypotestBAF6

Examples

n=10; th0=0.1; a0=0.5; b0=0.5; al=1; bl=1
hypotestBAF4(n,th@,a0,b0,al,b1)
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hypotestBAF4x Bayesain Hypothesis testing given x: Hypothesis 4: Theta <= Theta0
Vs Theta > Theta0O

Description

Bayesain Hypothesis testing given x: Hypothesis 4: Theta <= Theta0 Vs Theta > Theta0

Usage
hypotestBAF4x(x, n, tho, a0, bo, al, bl)

Arguments
X - Number of success
n - Number of trials from data
tho - Hypothetical parameter for HO
a0 - Priors for hypothesis HO
bo - Priors for hypothesis HO
al - Priors for hypothesis H1
b1 - Priors for hypothesis H1
Details

Computes Bayes factor under Beta-Binomial model for the model: p <= p0 Vs p > p0 from the
given number of trials n and for given number of successes x = 0,1, 2......n We use the following
guideline for reporting the results:

* 1/3 <= BaFa0l < 1: Evidence against HO is not worth more than a bare mention.

* 1/20 <= BaFa0l < 1/3: Evidence against HO is positive.
1/150 <= BaFa01 < 1/20: Evidence against HO is strong.
BaFal0 < 1/150: Evidence against HO is very strong.

* 1 <=BaFa0l < 3: Evidence against H1 is not worth more than a bare mention.
* 3 <=BaFa0l < 20: Evidence against H1 is positive.
20 <= BaFa0l < 150: Evidence against H1 is strong.

150 <= BaFa01: Evidence against H1 is very strong.

Value

A dataframe with

X Number of successes

BaFa01 Bayesian Factor



hypotestBAF5 139

References
[1] 2006 Ghosh M, Delampady M and Samanta T. An introduction to Bayesian analysis: Theory
and Methods. Springer, New York

[2] 2014 Sakthivel S, Subbiah M and Ramakrishnan R Default prior approach for Bayesian testing
of hypotheses involving single binomial proportion International Journal of Statistics and Analysis,

4(2),139 - 153

See Also

Other Hypothesis testing: hypotestBAF1x, hypotestBAF1, hypotestBAF2x, hypotestBAF2, hypotestBAF3x,
hypotestBAF3, hypotestBAF4, hypotestBAF5x, hypotestBAF5, hypotestBAF6x, hypotestBAF6

Examples

x=682; n=925; th0=0.75;a0=0.5; b0=0.5; al=3; b1=3
hypotestBAF4x(x,n,th@,a0d,bd,al1,b1)

hypotestBAF5 Bayesain Hypothesis testing : Hypothesis 5: Theta >= ThetaO Vs
Theta < ThetaO

Description

Bayesain Hypothesis testing : Hypothesis 5: Theta >= Theta0 Vs Theta < Theta0

Usage
hypotestBAF5(n, the, a@, be, al, bl)

Arguments
n - Number of trials from data
tho - Hypothetical parameter for HO
a0 - Priors for hypothesis HO
bo - Priors for hypothesis HO
al - Priors for hypothesis H1
b1 - Priors for hypothesis H1
Details

Computes Bayes factor under Beta-Binomial model for the model: p >= p0 Vs p < p0 from the
given number of trials n and for all number of successes z = 0,1, 2......n We use the following
guideline for reporting the results:

* 1/3 <=BaFa0l < 1: Evidence against HO is not worth more than a bare mention.

* 1/20 <= BaFa0l < 1/3: Evidence against HO is positive.
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1/150 <= BaFa0l < 1/20: Evidence against HO is strong.

BaFal0 < 1/150: Evidence against HO is very strong.
* 1 <= BaFa0l < 3: Evidence against H1 is not worth more than a bare mention.

* 3 <= BaFa0l < 20: Evidence against H1 is positive.

20 <= BaFa0l < 150: Evidence against H1 is strong.
* 150 <= BaFa0l: Evidence against H1 is very strong.

Value

A dataframe with

X Number of successes
BaFa01 Bayesian Factor
References

[1] 2006 Ghosh M, Delampady M and Samanta T. An introduction to Bayesian analysis: Theory
and Methods. Springer, New York

[2] 2014 Sakthivel S, Subbiah M and Ramakrishnan R Default prior approach for Bayesian testing
of hypotheses involving single binomial proportion International Journal of Statistics and Analysis,
4(2),139-153

See Also

Other Hypothesis testing: hypotestBAF1x, hypotestBAF1, hypotestBAF2x, hypotestBAF2, hypotestBAF3x,
hypotestBAF3, hypotestBAF4x, hypotestBAF4, hypotestBAF5x, hypotestBAF6x, hypotestBAF6

Examples

n=10; th0=0.1; a0=0.5; b0= 0.5;a1=1; b1=1
hypotestBAF5(n, th@,a0,b0,al,b1)

hypotestBAF5x Bayesain Hypothesis testing given x: Hypothesis 5: Theta >= Theta0
Vs Theta < Theta0O

Description

Bayesain Hypothesis testing given x: Hypothesis 5: Theta >= Theta0 Vs Theta < Theta0

Usage
hypotestBAF5x(x, n, tho, a0, bo, al, bl)
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Arguments
X - Number of success
n - Number of trials from data
tho - Hypothetical parameter for HO
a0 - Priors for hypothesis HO
bo - Priors for hypothesis HO
al - Priors for hypothesis H1
b1 - Priors for hypothesis H1
Details

Computes Bayes factor under Beta-Binomial model for the model: p = p0 Vs p # p0 from the
given number of trials n and and for given number of successes x = 0, 1, 2......n We use the follow-
ing guideline for reporting the results:

* 1/3 <=BaFa0l < 1: Evidence against HO is not worth more than a bare mention.

1/20 <= BaFa0l < 1/3: Evidence against HO is positive.

1/150 <= BaFa0l1 < 1/20: Evidence against HO is strong.

BaFal0 < 1/150: Evidence against HO is very strong.

1 <= BaFa01 < 3: Evidence against H1 is not worth more than a bare mention.

* 3 <=BaFa0l < 20: Evidence against H1 is positive.

20 <= BaFa0l < 150: Evidence against H1 is strong.

150 <= BaFa0l1: Evidence against H1 is very strong.

Value

A dataframe with

X Number of successes
BaFa01 Bayesian Factor
References

[1] 2006 Ghosh M, Delampady M and Samanta T. An introduction to Bayesian analysis: Theory
and Methods. Springer, New York

[2] 2014 Sakthivel S, Subbiah M and Ramakrishnan R Default prior approach for Bayesian testing
of hypotheses involving single binomial proportion International Journal of Statistics and Analysis,

4(2),139- 153

See Also

Other Hypothesis testing: hypotestBAF1x, hypotestBAF1, hypotestBAF2x, hypotestBAF2, hypotestBAF3x,
hypotestBAF3, hypotestBAF4x, hypotestBAF4, hypotestBAF5, hypotestBAF6x, hypotestBAF6
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Examples

x=682; n=925: th@=0.75; a0=0.5; bo= 0.5;al=1; bi=1
hypotestBAF5x(x,n,th@,a0d,b0,a1,b1)

hypotestBAF6 Bayesain Hypothesis testing : Hypothesis 6: Theta < Thetal Vs Theta
> Theta?2

Description

Bayesain Hypothesis testing : Hypothesis 6: Theta < Thetal Vs Theta > Theta2

Usage
hypotestBAF6(n, th1l, al, bl, th2, a2, b2)

Arguments
n - Number of trials from data
th1 - Hypothetical parameter for H1
al - Priors for hypothesis H1
b1 - Priors for hypothesis H1
th2 - Hypothetical parameter for H2
a2 - Priors for hypothesis H2
b2 - Priors for hypothesis H2
Details

Computes Bayes factor under Beta-Binomial model for the model: p < pl Vs p > p2 from the
given number of trials n and for all number of successes x = 0,1, 2......n We use the following
guideline for reporting the results:

* 1/3 <=BaFa0l < 1: Evidence against HO is not worth more than a bare mention.

1/20 <= BaFa0l < 1/3: Evidence against HO is positive.
1/150 <= BaFa01 < 1/20: Evidence against HO is strong.

BaFal0 < 1/150: Evidence against HO is very strong.
* 1 <= BaFa0l < 3: Evidence against H1 is not worth more than a bare mention.

* 3 <=BaFa0l < 20: Evidence against H1 is positive.

20 <= BaFa01 < 150: Evidence against H1 is strong.

150 <= BaFa0l: Evidence against H1 is very strong.
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Value

A dataframe with

X Number of successes
BaFao1 Bayesian Factor
References

[1] 2006 Ghosh M, Delampady M and Samanta T. An introduction to Bayesian analysis: Theory
and Methods. Springer, New York

[2] 2014 Sakthivel S, Subbiah M and Ramakrishnan R Default prior approach for Bayesian testing
of hypotheses involving single binomial proportion International Journal of Statistics and Analysis,
4(2),139-153

See Also
Other Hypothesis testing: hypotestBAF1x, hypotestBAF1, hypotestBAF2x, hypotestBAF2, hypotestBAF3x,

hypotestBAF3, hypotestBAF4x, hypotestBAF4, hypotestBAF5x, hypotestBAF5, hypotestBAF6x

Examples

n=10;th1=0.1; al=1; b1=1; th2=0.9; a2=0.5; b2=0.5
hypotestBAF6(n,th1,al,b1,th2,a2,b2)

hypotestBAF6x Bayesain Hypothesis testing given x: Hypothesis 6: Theta < Thetal
Vs Theta > Theta?2

Description

Bayesain Hypothesis testing given x: Hypothesis 6: Theta < Thetal Vs Theta > Theta2

Usage
hypotestBAF6x(x, n, th1, a1, b1, th2, a2, b2)

Arguments
X - Number of success
n - Number of trials from data
thi - Hypothetical parameter for H1
al - Priors for hypothesis H1
b1 - Priors for hypothesis H1
th2 - Hypothetical parameter for H2
a2 - Priors for hypothesis H2

b2 - Priors for hypothesis H2
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Details

Computes Bayes factor under Beta-Binomial model for the model: p < pl Vs p > p2 from the
given number of trials n and and for given number of successes x = 0, 1, 2......n We use the follow-
ing guideline for reporting the results:

* 1/3 <=BaFa0l < 1: Evidence against HO is not worth more than a bare mention.

* 1/20 <= BaFa0l < 1/3: Evidence against HO is positive.

1/150 <= BaFa0l < 1/20: Evidence against HO is strong.
» BaFalO < 1/150: Evidence against HO is very strong.

1 <= BaFa0l < 3: Evidence against H1 is not worth more than a bare mention.

* 3 <= BaFa0l < 20: Evidence against H1 is positive.

20 <= BaFa0l < 150: Evidence against H1 is strong.

* 150 <= BaFa0l: Evidence against H1 is very strong.

Value

A dataframe with

X Number of successes
BaFa01 Bayesian Factor
References

[1] 2006 Ghosh M, Delampady M and Samanta T. An introduction to Bayesian analysis: Theory
and Methods. Springer, New York

[2] 2014 Sakthivel S, Subbiah M and Ramakrishnan R Default prior approach for Bayesian testing
of hypotheses involving single binomial proportion International Journal of Statistics and Analysis,
4(2),139-153

See Also

Other Hypothesis testing: hypotestBAF1x, hypotestBAF1, hypotestBAF2x, hypotestBAF2, hypotestBAF3x,
hypotestBAF3, hypotestBAF4x, hypotestBAF4, hypotestBAF5x, hypotestBAF5, hypotestBAF6

Examples

x=682; n=925; th1=0.5; al=1; b1=1; th2=0.9; a2=0.5; b2=0.5
hypotestBAF6x(x,n,th1,al,b1,th2,a2,b2)
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lengthAAll Expected Length summary calculation using 6 adjusted methods
(Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine)

Description
Expected Length summary calculation using 6 adjusted methods (Wald, Wald-T, Likelihood, Score,
Logit-Wald, ArcSine)

Usage
lengthAAll(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
- Beta parameters for hypo "p"
- Beta parameters for hypo "p"
Details

The sum of length of 6 adjusted methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine)
for n given alp, a, b

Value

A dataframe with

sumLen The sum of the expected length
explMean The mean of the expected length
explSD The Standard Deviation of the expected length
explMax The max of the expected length
explLL The Lower limit of the expected length calculated using mean - SD
explUL The Upper limit of the expected length calculated using mean + SD
method Name of the method
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.
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See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplALT,
PlotexplASC, PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALR,
PlotlengthALT,PlotlengthASC, PlotlengthATW, PlotlengthAWD, lengthAAS, lengthALR, lengthALT,
lengthASC, lengthATW, lengthAWD

Examples

n= 10; alp=0.05; h=2;a=1;b=1;
lengthAAll(n,alp,h,a,b)

lengthAAS Expected length and sum of length of Adjusted ArcSine method

Description

Expected length and sum of length of Adjusted ArcSine method

Usage
lengthAAS(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
- Beta parameters for hypo "p"
Details

Evaluation of adjusted Wald-type interval for the arcsine transformation of the parameter p using
sum of length of the n + 1 intervals

Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explsSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
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References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplALT,
PlotexplASC, PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALR,
PlotlengthALT,PlotlengthASC,PlotlengthATW,PlotlengthAWD, lengthAAll, lengthALR, lengthALT,
lengthASC, lengthATW, lengthAWD

Examples

n= 10; alp=0.05; h=2;a=1;b=1;
lengthAAS(n,alp,h,a,b)

lengthAll Expected Length summary calculation using 6 base methods (Wald,
Wald-T, Likelihood, Score, Logit-Wald, ArcSine)

Description
Expected Length summary calculation using 6 base methods (Wald, Wald-T, Likelihood, Score,
Logit-Wald, ArcSine)

Usage
lengthAll(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The sum of length for 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine) for
n given alpha alp and Beta parameters a, b
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Value

A dataframe with

sumLen The sum of the expected length
explMean The mean of the expected length
explsSD The Standard Deviation of the expected length
explMax The max of the expected length
explLL The Lower limit of the expected length calculated using mean - SD
explUL The Upper limit of the expected length calculated using mean + SD
method The name of the method
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR, PlotexplLT,PlotexplSC,PlotexplTW,PlotexplWD, PlotlengthAS, PlotlengthAll,
PlotlengthBA, PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW,
PlotlengthWD, lengthAS, lengthBA, lengthEX, lengthLR, lengthlLT, lengthSC, lengthTW, lengthWD

Examples

## Not run:
n=5; alp=0.05;a=1;b=1
lengthAll(n,alp,a,b)

## End(Not run)
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lengthALR Performs expected length and sum of length of Adjusted Likelihood
method Performs expected length and sum of length of Adjusted Like-
lihood method
Description

Performs expected length and sum of length of Adjusted Likelihood method Performs expected
length and sum of length of Adjusted Likelihood method

Usage
lengthALR(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
- Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Evaluation of adjusted Likelihood ratio limits using sum of length of the n + 1 intervals

Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explsSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.
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See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplALT,
PlotexplASC, PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALR,
PlotlengthALT,PlotlengthASC, PlotlengthATW, PlotlengthAWD, lengthAAS, lengthAAll, lengthALT,
lengthASC, lengthATW, lengthAWD

Examples

n= 10; alp=0.05; h=2;a=1;b=1;
lengthALR(n,alp,h,a,b)

lengthALT Performs expected length and sum of length of Adjusted Logit Wald
method

Description

Performs expected length and sum of length of Adjusted Logit Wald method

Usage
lengthALT(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
- Beta parameters for hypo "p"
- Beta parameters for hypo "p"
Details

Evaluation of adjusted Wald-type interval based on the logit transformation of p using sum of length
of the n + 1 intervals

Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD



lengthAS 151

References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplALT,
PlotexplASC, PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALR,
PlotlengthALT,PlotlengthASC, PlotlengthATW, PlotlengthAWD, lengthAAS, lengthAAll, lengthALR,
lengthASC, 1engthATW, lengthAWD

Examples

n= 10; alp=0.05; h=2;a=1;b=1;
lengthALT(n,alp,h,a,b)

lengthAS Expected length and sum of length of ArcSine method

Description

Expected length and sum of length of ArcSine method

Usage

lengthAS(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Evaluation of Wald-type interval for the arcsine transformation of the parameter p using sum of
length of the n + 1 intervals
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Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR,PlotexplLT,PlotexplSC,PlotexplTW,PlotexplWD, PlotlengthAS, PlotlengthAll
PlotlengthBA, PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW,
PlotlengthWD, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC, lengthTW,
lengthWD

Examples

n=5; alp=0.05;a=1;b=1
lengthAS(n,alp,a,b)
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lengthASC Performs expected length and sum of length of Adjusted Score method

Description

Performs expected length and sum of length of Adjusted Score method

Usage
lengthASC(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Evaluation of adjusted score test approach using sum of length of the n 4 1 intervals

Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.
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See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplALT,
PlotexplASC, PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALR,
PlotlengthALT,PlotlengthASC, PlotlengthATW, PlotlengthAWD, lengthAAS, lengthAAll, lengthALR,
lengthALT, lengthATW, lengthAWD

Examples

n= 10; alp=0.05; h=2;a=1;b=1;
lengthASC(n,alp,h,a,b)

lengthATW Performs expected length and sum of length of Adjusted Wald-T
method

Description

Performs expected length and sum of length of Adjusted Wald-T method

Usage
lengthATW(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
- Beta parameters for hypo "p"
- Beta parameters for hypo "p"
Details

Evaluation of approximate and adjusted method based on a t_approximation of the standardized
point estimator using sum of length of the n + 1 intervals

Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
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References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplALT,
PlotexplASC, PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALR,
PlotlengthALT,PlotlengthASC, PlotlengthATW, PlotlengthAWD, lengthAAS, lengthAAll, lengthALR,
lengthALT, lengthASC, lengthAWD

Examples

n= 10; alp=0.05; h=2;a=1;b=1;
lengthATW(n,alp,h,a,b)

lengthAWD Performs expected length and sum of length of Adjusted Wald method

Description

Performs expected length and sum of length of Adjusted Wald method

Usage

lengthAWD(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Evaluation of adjusted Wald-type interval using sum of length of the n + 1 intervals
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Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explsSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplALT,
PlotexplASC, PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALR,
PlotlengthALT,PlotlengthASC, PlotlengthATW, PlotlengthAWD, lengthAAS, lengthAAll, lengthALR,
lengthALT, lengthASC, lengthATW

Examples

n= 10; alp=0.05; h=2;a=1;b=1;
lengthAWD(n,alp,h,a,b)

lengthBA Expected length and sum of length of Bayesian method

Description

Expected length and sum of length of Bayesian method

Usage

lengthBA(n, alp, a, b, al, a2)
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Arguments

n - Number of trials

alp - Alpha value (significance level required)

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

al - Beta Prior Parameters for Bayesian estimation

a2 - Beta Prior Parameters for Bayesian estimation
Details

Evaluation of Bayesian Highest Probability Density (HPD) and two tailed intervals using sum of
length of the n + 1 intervals for the Beta - Binomial conjugate prior model for the probability of
success p

Value

A dataframe with

sumLen The sum of the expected length
explMean The mean of the expected length
explSD The Standard Deviation of the expected length
explMax The max of the expected length
explLL The Lower limit of the expected length calculated using mean - SD
explUL The Upper limit of the expected length calculated using mean + SD
method The method used - Quantile and HPD
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529
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See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR,PlotexplLT,PlotexplSC,PlotexplTW, PlotexplWD, PlotlengthAS, PlotlengthAll
PlotlengthBA, PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW,
PlotlengthWD, lengthAS, lengthAll, lengthEX, lengthLR, lengthLT, lengthSC, lengthTW,
lengthWD

Examples

n=5; alp=0.05;a=1;b=1;a1=1;a2=1
lengthBA(n,alp,a,b,al,a2)

lengthCAll Expected Length summary calculation using 5 continuity corrected
methods (Wald, Wald-T, Score, Logit-Wald, ArcSine)

Description
Expected Length summary calculation using 5 continuity corrected methods (Wald, Wald-T, Score,
Logit-Wald, ArcSine)

Usage
lengthCAll(n, alp, c, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction
- Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The sum of length of 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald, ArcSine)
of n given alp, a, b

Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
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References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

Other Expected length of continuity corrected methods: PlotexplCAS, PlotexplCAll, PlotexplCLT,
PlotexplCSC, PlotexplCTW, PlotexplCWD, PlotlengthCAS, PlotlengthCAll, PlotlengthCLT,
PlotlengthCSC,PlotlengthCTW, PlotlengthCWD, lengthCAS, 1lengthCLT, lengthCSC, lengthCTW,
lengthCWD

Examples

## Not run:
n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
lengthCAll(n,alp,c,a,b)

## End(Not run)

lengthCAS Expected Length summary of continuity corrected ArcSine method

Description

Expected Length summary of continuity corrected ArcSine method

Usage
lengthCAS(n, alp, c, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction
- Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Evaluation of continuity corrected Wald-type interval for the arcsine transformation of the parame-
ter p using sum of length of the n + 1 intervals
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Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explsSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

Other Expected length of continuity corrected methods: PlotexplCAS, PlotexplCALl, PlotexplCLT,
PlotexplCSC, PlotexplCTW, PlotexplCWD, PlotlengthCAS, PlotlengthCAll, PlotlengthCLT,
PlotlengthCSC,PlotlengthCTW,PlotlengthCWD, lengthCAll, 1engthCLT, lengthCSC, 1lengthCTW,
lengthCWD

Examples

n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
lengthCAS(n,alp,c,a,b)

lengthCLT Expected Length summary of continuity corrected Logit Wald method

Description

Expected Length summary of continuity corrected Logit Wald method

Usage

lengthCLT(n, alp, c, a, b)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Evaluation of continuity corrected Wald-type interval based on the logit transformation of p using
sum of length of the n + 1 intervals

Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

Other Expected length of continuity corrected methods: PlotexplCAS, PlotexplCALl, PlotexplCLT,
PlotexplCSC, PlotexplCTW, PlotexplCWD, PlotlengthCAS, PlotlengthCAll, PlotlengthCLT,
PlotlengthCSC,PlotlengthCTW, PlotlengthCWD, 1engthCAS, lengthCAll, 1engthCSC, lengthCTW,
lengthCWD

Examples

n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
lengthCLT(n,alp,c,a,b)
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lengthCSC Expected Length summary of continuity corrected Score method

Description

Expected Length summary of continuity corrected Score method

Usage
lengthCSC(n, alp, c, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Evaluation of continuity corrected score test approach using sum of length of the n + 1 intervals

Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.
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See Also

Other Expected length of continuity corrected methods: PlotexplCAS, PlotexplCAll, PlotexplCLT,
PlotexplCSC, PlotexplCTW, PlotexplCWD, PlotlengthCAS, PlotlengthCAll, PlotlengthCLT,
PlotlengthCSC,PlotlengthCTW, PlotlengthCWD, lengthCAS, lengthCAll, 1lengthCLT, lengthCTW,
lengthCWD

Examples

n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
lengthCSC(n,alp,c,a,b)

lengthCTW Expected Length summary of continuity corrected Wald-T method

Description

Expected Length summary of continuity corrected Wald-T method

Usage
lengthCTW(n, alp, c, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction
a - Beta parameters for hypo "p"
- Beta parameters for hypo "p"
Details

Evaluation of approximate and continuity corrected method based on a t_approximation of the
standardized point estimator using sum of length of the n + 1 intervals

Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explsSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
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References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

Other Expected length of continuity corrected methods: PlotexplCAS, PlotexplCALl, PlotexplCLT,
PlotexplCSC, PlotexplCTW, PlotexplCWD, PlotlengthCAS, PlotlengthCAll, PlotlengthCLT,
PlotlengthCSC,PlotlengthCTW, PlotlengthCWD, 1engthCAS, 1engthCAll, lengthCLT, lengthCSC,
lengthCWD

Examples

n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
lengthCTW(n,alp,c,a,b)

lengthCWD Expected Length summary of continuity corrected Wald method

Description

Expected Length summary of continuity corrected Wald method

Usage

lengthCWD(n, alp, c, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Evaluation of Wald-type interval with continuity correction using sum of length of the n+-1 intervals
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Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explsSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
References

[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

See Also

Other Expected length of continuity corrected methods: PlotexplCAS, PlotexplCALl, PlotexplCLT,
PlotexplCSC, PlotexplCTW, PlotexplCWD, PlotlengthCAS, PlotlengthCAll, PlotlengthCLT,
PlotlengthCSC,PlotlengthCTW, PlotlengthCWD, 1engthCAS, 1engthCAll, 1engthCLT, lengthCSC,
lengthCTW

Examples

n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
lengthCWD(n,alp,c,a,b)

lengthEX Expected length and sum of length of Exact method

Description

Expected length and sum of length of Exact method

Usage

lengthEX(n, alp, e, a, b)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
e - Exact method indicator in [0, 1] 1: Clopper Pearson, 0.5: Mid P The input can
also be a range of values between 0 and 1.
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Evaluation of Confidence interval for p based on inverting equal-tailed binomial tests with null
hypothesis HO : p = p0 using sum of length of the n + 1 intervals.

Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5] 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529
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See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR, PlotexplLT, PlotexplSC, PlotexplTW, PlotexplWD, PlotlengthAS, PlotlengthAll
PlotlengthBA, PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW,
PlotlengthWD, lengthAS, lengthAll, lengthBA, lengthLR, lengthLT, lengthSC, lengthTW,
lengthWD

Examples

## Not run:

n=5; alp=0.05;e=0.5;a=1;b=1

lengthEX(n,alp,e,a,b)

n=5; alp=0.05;e=1;a=1;b=1 #Clopper-Pearson

lengthEX(n,alp,e,a,b)

n=5; alp=0.05;e=c(0.1,0.5,0.95,1);a=1;b=1 #Range including Mid-p and Clopper-Pearson
lengthEX(n,alp,e,a,b)

## End(Not run)

lengthGEN Calculates the sum of lengths for a specific LL and UL

Description

Calculates the sum of lengths for a specific LL and UL

Usage

lengthGEN(n, LL, UL, hp)

Arguments
n - Number of trials
LL - Lower limit
uL - Upper limit
hp - Hypothetical "p"
Details

Evaluation of intervals obtained from any method using sum of the lengths for the n + 1 intervals
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Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
See Also

Other Expected length: PlotexplGEN, PlotexplSIM, PlotlengthGEN, PlotlengthSIM, lengthSIM

Examples

n= 5;

LL=c(0,0.01,0.0734,0.18237,0.3344,0.5492) #Lower and Upper Limits
UL=c(0.4507,0.6655,0.8176,0.9265,0.9899,1)

hp=seq(@,1,by=0.01)

lengthGEN(n,LL,UL,hp)

lengthLR Expected length and sum of length of likelihood Ratio method

Description

Expected length and sum of length of likelihood Ratio method

Usage
lengthLR(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Evaluation of Likelihood ratio limits using sum of length of the n + 1 intervals
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Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR,PlotexplLT,PlotexplSC,PlotexplTW,PlotexplWD, PlotlengthAS, PlotlengthAll
PlotlengthBA, PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW,
PlotlengthWD, lengthAS, lengthAll, lengthBA, lengthEX, lengthLT, lengthSC, lengthTW,
lengthWD

Examples

n=5; alp=0.05;a=1;b=1
lengthLR(n,alp,a,b)
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lengthLT Expected length and sum of length of Logit Wald method

Description

Expected length and sum of length of Logit Wald method

Usage
lengthLT(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Evaluation of Wald-type interval based on the logit transformation of p using sum of length of the

n + 1 intervals

Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explsSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809

- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of

binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of

seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-

tical Science: 16; 101 - 133.
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[5] 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR,PlotexplLT,PlotexplSC,PlotexplTW, PlotexplWD, PlotlengthAS, PlotlengthAll
PlotlengthBA, PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW,
PlotlengthWD, lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthSC, lengthTW,
lengthWD

Examples

n=5; alp=0.05;a=1;b=1
lengthLT(n,alp,a,b)

lengthSC Expected length and sum of length of Score method

Description

Expected length and sum of length of Score method

Usage

lengthSC(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Evaluation of score test approach using sum of length of the n + 1 intervals
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Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR,PlotexplLT,PlotexplSC,PlotexplTW,PlotexplWD, PlotlengthAS, PlotlengthAll
PlotlengthBA, PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW,
PlotlengthWD, lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthTW,
lengthWD

Examples

n=5; alp=0.05;a=1;b=1
lengthSC(n,alp,a,b)
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lengthSIM Sum of length calculated using simulation method

Description

Sum of length calculated using simulation method

Usage
lengthSIM(n, LL, UL, s, a, b)

Arguments
n - Number of trials
LL - Lower limit
uL - Upper limit
s - Number of Hypothetical "p"
- Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The calculation of the sum of length for n given lower limit LL and upper limit UL

Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explsSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
See Also

Other Expected length: PlotexplGEN, PlotexplSIM, PlotlengthGEN, PlotlengthSIM, lengthGEN

Examples

LL=c(0,0.01,0.0734,0.18237,0.3344,0.5492) #Lower and Upper Limits
UL=c(0.4507,0.6655,0.8176,0.9265,0.9899,1)

n=5; s=5000; a=1; b=1;

lengthSIM(n,LL,UL,s,a,b)
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lengthTW

Expected length and sum of length of Wald-T method

Description

Expected length and sum of length of Wald-T method

Usage

lengthTW(n, alp, a, b)

Arguments
n
alp
a
b

Details

- Beta parameters for hypo "p
- Beta parameters for hypo "p

- Number of trials

- Alpha value (significance level required)

n.n

n.n

Evaluation of approximate method based on a t_approximation of the standardized point estimator
using sum of length of the n + 1 intervals

Value

A dataframe with

sumLen
explMean
explsSD
explMax
explLL
explUL

References

The sum of the expected length

The mean of the expected length

The Standard Deviation of the expected length

The max of the expected length

The Lower limit of the expected length calculated using mean - SD

The Upper limit of the expected length calculated using mean + SD

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809

- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.
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[5] 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR,PlotexplLT,PlotexplSC,PlotexplTW, PlotexplWD, PlotlengthAS, PlotlengthAll,
PlotlengthBA, PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW,
PlotlengthWD, lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC,
lengthWD

Examples

n=5; alp=0.05;a=1;b=1
lengthTW(n,alp,a,b)

lengthwD Expected length and sum of length of Wald method

Description

Expected length and sum of length of Wald method

Usage

lengthWD(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Evaluation of Wald-type intervals using sum of length of the n + 1 intervals



176 lengthWD

Value

A dataframe with

sumLen The sum of the expected length

explMean The mean of the expected length

explSD The Standard Deviation of the expected length

explMax The max of the expected length

explLL The Lower limit of the expected length calculated using mean - SD

explUL The Upper limit of the expected length calculated using mean + SD
References

[1] 1993 Vollset SE. Confidence intervals for a binomial proportion. Statistics in Medicine: 12; 809
- 824.

[2] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.

[3] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.

[4] 2001 Brown LD, Cai TT and DasGupta A. Interval estimation for a binomial proportion. Statis-
tical Science: 16; 101 - 133.

[5]1 2002 Pan W. Approximate confidence intervals for one proportion and difference of two propor-
tions Computational Statistics and Data Analysis 40, 128, 143-157.

[6] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.

[7] 2014 Martin Andres, A. and Alvarez Hernandez, M. Two-tailed asymptotic inferences for a
proportion. Journal of Applied Statistics, 41, 7, 1516-1529

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR,PlotexplLT,PlotexplSC,PlotexplTW, PlotexplWD, PlotlengthAS, PlotlengthAll,
PlotlengthBA, PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW,
PlotlengthWD, lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC,
lengthTW

Examples

n=5; alp=0.05;a=1;b=1
lengthWD(n,alp,a,b)
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pCOpBIAALL Performs p-Confidence and p-Bias estimation of 6 adjusted methods
(Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine) given adding
factor
Description

Performs p-Confidence and p-Bias estimation of 6 adjusted methods (Wald, Wald-T, Likelihood,
Score, Logit-Wald, ArcSine) given adding factor

Usage
pCOpBIAALl(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

Evaluation of p-Confidence and p-Bias estimation of 6 adjusted methods (Wald, Wald-T, Likeli-
hood, Score, Logit-Wald, ArcSine)

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias
method Method name
References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of adjusted methods: P1otpCOpBIAAS, P1otpCOpBIAALL, P1otpCOpBIALR,
PlotpCOpBIALT, P1lotpCOpBIASC, P1lotpCOpBIATW, PlotpCOpBIAWD, pCOpBIAAS, pCOPBIALR, pCOpBIALT,
pCOpPBIASC, pCOPBIATW, pCOpBIAWD
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Examples

n=5; alp=0.05;h=2
pCOpBIAALL(n,alp,h)

pCOpBIAAS p-Confidence and p-Bias estimation for adjusted ArcSine method

Description

p-Confidence and p-Bias estimation for adjusted ArcSine method

Usage
pCOpBIAAS(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

Evaluation of adjusted Wald-type interval for the arcsine transformation of the parameter p using
p-confidence and p-bias for the n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of adjusted methods: P1otpCOpBIAAS, P1otpCOpBIAALL, PlotpCOpBIALR,
PlotpCOpBIALT, P1lotpCOpBIASC, P1lotpCOpBIATW, PlotpCOpBIAWD, pCOpBIAALL, pCOPBIALR, pCOpBIALT,
pCOpBIASC, pCOpBIATW, pCOpBIAWD

Examples

n=5; alp=0.05;h=2
pCOpBIAAS(n,alp,h)
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pCOpBIAll Calculates p-confidence and p-bias for a given n and alpha level for 6
base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine)

Description
Calculates p-confidence and p-bias for a given n and alpha level for 6 base methods (Wald, Wald-T,
Likelihood, Score, Logit-Wald, ArcSine)

Usage
pCOpBIAll(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

Evaluation of p-confidence and p-bias for the n + 1 intervals using 6 base methods (Wald, Wald-T,
Likelihood, Score, Logit-Wald, ArcSine)

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias
method Method
References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of base methods: P1otpCOpBIAS, PlotpCOpBIALL, PlotpCOpBIBA,
PlotpCOpBIEX, PlotpCOpPBILR, PlotpCOpBILT, PlotpCOpBISC, PlotpCOpBITW, PlotpCOpBIWD,
pCOpBIAS, pCOpBIBA, pCOPBIEX, pCOPBILR, pCOpBILT, pCOPBISC, pCOPBITW, pCOPBIWD

Examples

n=5; alp=0.05
pCOpBIAll(n,alp)
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pCOpBIALR p-Confidence and p-Bias estimation for adjusted Likelihood method

Description

p-Confidence and p-Bias estimation for adjusted Likelihood method

Usage
pCOpBIALR(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

Evaluation of adjusted Likelihood ratio limits using p-confidence and p-bias for the n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of adjusted methods: P1otpCOpBIAAS, P1otpCOpBIAALL, P1otpCOpBIALR,
PlotpCOpBIALT, P1lotpCOpBIASC, P1otpCOpBIATW, P1otpCOpBIAWD, pCOpBIAAS, pCOpBIAALL, pCOpPBIALT,
pCOpBIASC, pCOPBIATW, pCOpBIAWD

Examples

n=5; alp=0.05;h=2
pCOpBIALR(n,alp,h)
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pCOpBIALT p-Confidence and p-Bias estimation for adjusted Logit-Wald method

Description

p-Confidence and p-Bias estimation for adjusted Logit-Wald method

Usage
pCOpBIALT(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

Evaluation of adjusted Wald-type interval based on the logit transformation of p using p-confidence
and p-bias for the n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of adjusted methods: P1otpCOpBIAAS, PlotpCOpBIAALL, P1lotpCOpBIALR,
P1lotpCOpPBIALT, PlotpCOpBIASC, P1otpCOpBIATW, PlotpCOpBIAWD, pCOpBIAAS, pCOpBIAALL, pCOPBIALR,
pCOpBIASC, pCOpBIATW, pCOpBIAWD

Examples

n=5; alp=0.05;h=2
pCOPBIALT(n,alp,h)
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pCOpBIAS p-confidence and p-bias for ArcSine method given n and alpha level

Description

p-confidence and p-bias for ArcSine method given n and alpha level

Usage

pCOpBIAS(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

Evaluation of Wald-type interval for the arcsine transformation of the parameter p using p-confidence
and p-bias for the n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of base methods: P1lotpCOpBIAS, PlotpCOpBIAll, P1lotpCOpBIBA,
PlotpCOpBIEX, PlotpCOpBILR, PlotpCOpBILT, PlotpCOpBISC, PlotpCOpBITW, PlotpCOpBIWD,
pCOpBIALL, pCOpBIBA, pCOPBIEX, pCOpBILR, pCOpBILT, pCOPBISC, pCOPBITW, pCOpBIWD

Examples

n=5; alp=0.05
pCOpPBIAS(n,alp)
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pCOpPBIASC p-Confidence and p-Bias estimation for adjusted Score method

Description

p-Confidence and p-Bias estimation for adjusted Score method

Usage
pCOpBIASC(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

Evaluation of adjusted score test approach using p-confidence and p-bias for the n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of adjusted methods: P1otpCOpBIAAS, P1otpCOpBIAALL, P1otpCOpBIALR,
PlotpCOpBIALT, P1lotpCOpBIASC, P1otpCOpBIATW, P1otpCOpBIAWD, pCOpBIAAS, pCOpBIAALL, pCOpPBIALR,
pCOpPBIALT, pCOpBIATW, pCOpBIAWD

Examples

n=5; alp=0.05;h=2
pCOpBIASC(n,alp,h)
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pCOpBIATW p-Confidence and p-Bias estimation for adjusted Wald-T method

Description

p-Confidence and p-Bias estimation for adjusted Wald-T method

Usage
pCOpBIATW(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

Evaluation of approximate Wald method based on a t_approximation of the standardized point
estimator using p-confidence and p-bias for the n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of adjusted methods: P1otpCOpBIAAS, PlotpCOpBIAALL, P1lotpCOpBIALR,
P1lotpCOpPBIALT, PlotpCOpBIASC, P1otpCOpBIATW, PlotpCOpBIAWD, pCOpBIAAS, pCOpBIAALL, pCOPBIALR,
pCOpBIALT, pCOpBIASC, pCOpBIAWD

Examples

n=5; alp=0.05;h=2
pCOPBIATW(n,alp,h)
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pCOpBIAWD p-Confidence and p-Bias estimation for adjusted Wald method

Description

p-Confidence and p-Bias estimation for adjusted Wald method

Usage
pCOpBIAWD(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

Evaluation of adjusted Wald-type interval using p-confidence and p-bias for the n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of adjusted methods: P1otpCOpBIAAS, P1otpCOpBIAALL, P1otpCOpBIALR,
PlotpCOpBIALT, P1lotpCOpBIASC, P1otpCOpBIATW, P1otpCOpBIAWD, pCOpBIAAS, pCOpBIAALL, pCOpPBIALR,
pCOpPBIALT, pCOPBIASC, pCOpBIATW

Examples

n=5; alp=0.05;h=2
pCOpBIAWD(n,alp,h)
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pCOpBIBA p-confidence and p-bias for Bayesian method given n and alpha level
and priors a & b

Description

p-confidence and p-bias for Bayesian method given n and alpha level and priors a & b

Usage
pCOpBIBA(n, alp, al, a2)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
al - Shape parameter 1 for prior Beta distribution in Bayesian model
a2 - Shape parameter 2 for prior Beta distribution in Bayesian model
Details

Evaluation of Bayesian Highest Probability Density (HPD) and two tailed intervals using p-confidence
and p-bias for the n + 1 intervals for the Beta - Binomial conjugate prior model for the probability
of success p

Value

A dataframe with

x1 Number of successes (positive samples)
pconfQ p-Confidence Quantile
pbiasQ p-Bias Quantile
pconfH p-Confidence HPD
pbiasH p-Bias HPD
References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of base methods: P1lotpCOpBIAS, PlotpCOpBIAlL, P1lotpCOpBIBA,
PlotpCOpBIEX, PlotpCOpBILR, PlotpCOpBILT, PlotpCOpBISC, PlotpCOpBITW, P1lotpCOpBIWD,
pCOpBIAS, pCOpBIALL, pCOPBIEX, pCOPBILR, pCOpBILT, pCOPBISC, pCOPBITW, pCOpBIWD



pCOpBICAII 187

Examples

n=5; alp=0.05;al1=1;a2=1
pCOpBIBA(n,alp,al,a2)

pCOpBICALl Performs p-Confidence and p-Bias estimation for 5 continuity cor-
rected methods (Wald, Wald-T, Score, Logit-Wald, ArcSine)

Description
Performs p-Confidence and p-Bias estimation for 5 continuity corrected methods (Wald, Wald-T,
Score, Logit-Wald, ArcSine)

Usage
pCOpBICALl(n, alp, c)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

Evaluation of p-Confidence and p-Bias estimation of 5 continuity corrected methods (Wald, Wald-T,
Score, Logit-Wald, ArcSine)

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias
method Method name
References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of continuity corrected methods: PLotpCOpBICAS, PlotpCOpBICALI,
PlotpCOpBICLT, P1lotpCOpBICSC, P1lotpCOpBICTW, PlotpCOpBICWD, pCOpBICAS, pCOPBICLT, pCOpBICSC,
pCOpBICTW, pCOpBICWD
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Examples

n=5; alp=0.05;c=1/(2*n)
pCOpPBICAll(n,alp,c)

pCOpBICAS p-Confidence and p-Bias estimation for continuity corrected ArcSine
method

Description

p-Confidence and p-Bias estimation for continuity corrected ArcSine method

Usage
pCOpBICAS(n, alp, c)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

Evaluation of continuity corrected Wald-type interval for the arcsine transformation of the parame-
ter p using p-confidence and p-bias for the n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of continuity corrected methods: PLotpCOpBICAS, PlotpCOpBICALI,
PlotpCOpBICLT, P1lotpCOpBICSC, P1lotpCOpBICTW, PlotpCOpBICWD, pCOpBICALL, pCOPBICLT, pCOPBICSC,
pCOpBICTW, pCOpBICWD
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Examples

n=5; alp=0.05;c=1/(2*n)
pCOpPBICAS(n,alp,c)

pCOpPBICLT p-Confidence and p-Bias estimation for continuity corrected Logit
Wald method

Description

p-Confidence and p-Bias estimation for continuity corrected Logit Wald method

Usage
pCOpBICLT(n, alp, c)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

Evaluation of continuity corrected Wald-type interval based on the logit transformation of p using
p-confidence and p-bias for the n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of continuity corrected methods: PLotpCOpBICAS, PlotpCOpBICALI,
PlotpCOpBICLT, P1lotpCOpBICSC, P1lotpCOpBICTW, PlotpCOpBICWD, pCOpBICAS, pCOPBICALL, pCOpBICSC,
pCOpBICTW, pCOpBICWD
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Examples

n=5; alp=0.05;c=1/(2*n)
pCOPBICLT(n,alp,c)

pCOpBICSC p-Confidence and p-Bias estimation for continuity corrected Score
method

Description

p-Confidence and p-Bias estimation for continuity corrected Score method

Usage
pCOpBICSC(n, alp, c)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction
Details
Evaluation of continuity corrected score test approach using p-confidence and p-bias for the n + 1
intervals
Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of continuity corrected methods: PLotpCOpBICAS, PlotpCOpBICALI,
PlotpCOpBICLT, P1lotpCOpBICSC, P1lotpCOpBICTW, PlotpCOpBICWD, pCOPBICAS, pCOPBICALL, pCOpBICLT,
pCOpBICTW, pCOpBICWD
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Examples

n=5; alp=0.05;c=1/(2*n)
pCOpPBICSC(n,alp,c)

pCOpBICTW p-Confidence and p-Bias estimation for continuity corrected Wald-T
method

Description

p-Confidence and p-Bias estimation for continuity corrected Wald-T method

Usage
pCOpBICTW(n, alp, c)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

Evaluation of continuity corrected Wald method based on a t_approximation of the standardized
point estimator using p-confidence and p-bias for the n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of continuity corrected methods: PLotpCOpBICAS, PlotpCOpBICALI,
PlotpCOpBICLT, P1lotpCOpBICSC, P1lotpCOpBICTW, PlotpCOpBICWD, pCOpBICAS, pCOPBICALL, pCOpBICLT,
pCOpBICSC, pCOpBICWD
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Examples

n=5; alp=0.05;c=1/(2*n)
pCOPBICTW(n,alp,c)

pCOpBICWD p-Confidence and p-Bias estimation for continuity corrected Wald
method

Description

p-Confidence and p-Bias estimation for continuity corrected Wald method

Usage
pCOpBICWD(n, alp, c)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

Evaluation of Wald-type interval with continuity correction using p-confidence and p-bias for the
n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of continuity corrected methods: PLotpCOpBICAS, PlotpCOpBICALI,
PlotpCOpBICLT, P1lotpCOpBICSC, P1lotpCOpBICTW, PlotpCOpBICWD, pCOpBICAS, pCOPBICALL, pCOpBICLT,
pCOpBICSC, pCOpBICTW
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Examples

n=5; alp=0.05;c=1/(2*n)
pCOpPBICWD(n,alp,c)

pCOpBIEX p-confidence and p-bias for Exact method given n and alpha level

Description

p-confidence and p-bias for Exact method given n and alpha level

Usage
pCOpBIEX(n, alp, e)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
e - Exact method indicator in [0, 1] 1: Clopper Pearson, 0.5: Mid P. The input can
also be a range of values between 0 and 1.
Details

Evaluation of Confidence interval for p based on inverting equal-tailed binomial tests with null
hypothesis HO : p = p0 using p-confidence and p-bias for the n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias
e - Exact method input
References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of base methods: P1lotpCOpBIAS, PlotpCOpBIAlL, P1lotpCOpBIBA,
PlotpCOpBIEX, PlotpCOpPBILR, PlotpCOpBILT, PlotpCOpBISC, PlotpCOpBITW, P1lotpCOpBIWD,
pCOpPBIAS, pCOpBIALL, pCOPBIBA, pCOpBILR, pCOpBILT, pCOPBISC, pCOPBITW, pCOpBIWD
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Examples

n=5; alp=0.05;e=0.5

pCOpBIEX(n,alp,e)

n=5; alp=0.05;e=1 #Clopper-Pearson

pCOpBIEX(n,alp,e)

n=5; alp=0.05;e=c(0.1,0.5,0.95,1) #Range including Mid-p and Clopper-Pearson
pCOpPBIEX(n,alp,e)

pCOpBIGEN Performs p-Confidence and p-Bias estimation only using n, lower limit
and upper limit for general method

Description

Performs p-Confidence and p-Bias estimation only using n, lower limit and upper limit for general
method

Usage
pCOpBIGEN(n, LL, UL)

Arguments
n - Number of trials
LL - Lower limit
uL - Upper limit
Details
Evaluation of intervals obtained from any method using p-confidence and p-bias for the n + 1
intervals
Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References
[1] 1998 Agresti A and Coull BA. Approximate is better than "Exact" for interval estimation of
binomial proportions. The American Statistician: 52; 119 - 126.
[2] 1998 Newcombe RG. Two-sided confidence intervals for the single proportion: Comparison of
seven methods. Statistics in Medicine: 17; 857 - 872.
[3] 2008 Pires, A.M., Amado, C. Interval Estimators for a Binomial Proportion: Comparison of
Twenty Methods. REVSTAT - Statistical Journal, 6, 165-197.
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See Also
Other General methods for p-Confidence and p-Bias: PLotpCOpBIGEN

Examples

LL=c(0,0.01,0.0734,0.18237,0.3344,0.5492) #Lower and Upper Limits
UL=c(0.4507,0.6655,0.8176,0.9265,0.9899,1)

n=5;

pCOPBIGEN(n,LL,UL)

pCOpBILR p-confidence and p-bias for Likelihood method given n and alpha level

Description

p-confidence and p-bias for Likelihood method given n and alpha level

Usage
pCOpBILR(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

Evaluation of Likelihood ratio limits using p-confidence and p-bias for the n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of base methods: PlotpCOpBIAS, PlotpCOpBIAll, P1lotpCOpBIBA,
PlotpCOpBIEX, PlotpCOpPBILR, PlotpCOpBILT, PlotpCOpBISC, PlotpCOpBITW, P1lotpCOpBIWD,
pCOpBIAS, pCOpBIALL, pCOPBIBA, pCOpBIEX, pCOpBILT, pCOPBISC, pCOPBITW, pCOpBIWD
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Examples

n=5; alp=0.05
pCOpBILR(n,alp)

pCOpBILT p-confidence and p-bias for Logit Wald method given n and alpha level

Description

p-confidence and p-bias for Logit Wald method given n and alpha level

Usage
pCOpPBILT(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

Evaluation of Wald-type interval based on the logit transformation of p using p-confidence and
p-bias for the n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of base methods: P1otpCOpBIAS, PlotpCOpBIALL, PlotpCOpBIBA,
PlotpCOpBIEX, P1lotpCOpBILR, P1otpCOpBILT, P1lotpCOpBISC, P1lotpCOpBITW, P1lotpCOpBIWD,
pCOpBIAS, pCOpBIALl, pCOpBIBA, pCOpBIEX, pCOPBILR, pCOPBISC, pCOpBITW, pCOpBIWD

Examples

n=5; alp=0.05
pCOPBILT(n,alp)
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pCOpBISC p-confidence and p-bias for Score method given n and alpha level

Description

p-confidence and p-bias for Score method given n and alpha level

Usage

pCOpBISC(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

Evaluation of score test approach using p-confidence and p-bias for the n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of base methods: P1otpCOpBIAS, P1otpCOpBIALL, P1lotpCOpBIBA,
PlotpCOpBIEX, P1lotpCOpBILR, P1otpCOpBILT, P1lotpCOpBISC, P1lotpCOpBITW, P1lotpCOpBIWD,
pCOpBIAS, pCOPBIALL, pCOPBIBA, pCOpBIEX, pCOPBILR, pCOPBILT, pCOPBITW, pCOpBIWD

Examples

n=5; alp=0.05
pCOpPBISC(n,alp)
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pCOpBITW p-confidence and p-bias for T-Wald method given n and alpha level

Description

p-confidence and p-bias for T-Wald method given n and alpha level

Usage
pCOpBITW(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

Evaluation of approximate method based on a t_approximation of the standardized point estimator
using p-confidence and p-bias for the n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of base methods: P1lotpCOpBIAS, PlotpCOpBIAll, P1lotpCOpBIBA,
PlotpCOpBIEX, PlotpCOPBILR, PlotpCOpBILT, PlotpCOpBISC, PlotpCOpBITW, PlotpCOpBIWD,
pCOpBIAS, pCOpBIALL, pCOPBIBA, pCOpPBIEX, pCOPBILR, pCOPBILT, pCOPBISC, pCOPBIWD

Examples

n=5; alp=0.05
pCOPBITW(n, alp)
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pCOpPBIWD p-confidence and p-bias for Wald method given n and alpha level

Description

p-confidence and p-bias for Wald method given n and alpha level

Usage

pCOpBIWD(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

Evaluation of Wald-type intervals using p-confidence and p-bias for the n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of base methods: P1otpCOpBIAS, P1otpCOpBIALL, P1lotpCOpBIBA,
PlotpCOpBIEX, P1lotpCOpBILR, P1otpCOpBILT, P1lotpCOpBISC, P1lotpCOpBITW, P1lotpCOpBIWD,
pCOpBIAS, pCOPBIALL, pCOPBIBA, pCOpBIEX, pCOPBILR, pCOPBILT, pCOPBISC, pCOpBITW

Examples

n=5; alp=0.05
pCOpBIWD(n,alp)



200 PlotciAAllg

PlotciAAll Plots the CI estimation of 6 adjusted methods (Wald, Wald-T, Likeli-
hood, Score, Logit-Wald, ArcSine)

Description
Plots the CI estimation of 6 adjusted methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, Arc-
Sine)

Usage
PlotciAAll(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

The plots of the Confidence Interval using 6 adjusted methods (Wald, Wald-T, Likelihood, Score,
Logit-Wald, ArcSine) for n given alp and h

See Also
Other Adjusted methods of CI estimation: PlotciAAS, PlotciAAllg, PlotciALR, PlotciALT,
PlotciASC, PlotciATW, PlotciAWD, ciAAS, ciAAll, ciALR, ciALT, ciASC, ciATW, ciAWD

Examples

n=5; alp=0.05;h=2
PlotciAAll(n,alp,h)

PlotciAAllg Plots the CI estimation of 6 adjusted methods (Wald, Wald-T, Likeli-
hood, Score, Logit-Wald, ArcSine) grouped by x value

Description
Plots the CI estimation of 6 adjusted methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, Arc-
Sine) grouped by x value

Usage
PlotciAAllg(n, alp, h)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - adjustment

Details

The plot of Confidence Interval of n given alp and h grouped by x for 6 adjusted methods (Wald,
Wald-T, Likelihood, Score, Logit-Wald, ArcSine)

See Also
Other Adjusted methods of CI estimation: PlotciAAS, PlotciAAll, PlotciALR, PlotciALT,PlotciASC,
PlotciATW, PlotciAWD, ciAAS, ciAAll, ciALR, ciALT, ciASC, ciATW, ciAWD

Examples

n=5; alp=0.05; h=2
PlotciAAllg(n,alp,h)

PlotciAAllx Plots the CI estimation of 6 adjusted methods (Wald, Wald-T, Likeli-
hood, Score, Logit-Wald, ArcSine)

Description
Plots the CI estimation of 6 adjusted methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, Arc-
Sine)

Usage
PlotciAAllx(x, n, alp, h)

Arguments
X - Number of success
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
Details

The plots of confidence intervals of using 6 adjusted methods (Wald, Wald-T, Likelihood, Score,
Logit-Wald, ArcSine) for n given alp, x and h
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See Also

Other Adjusted methods of CI estimation given x & n: ciAASx, ciAAllx, ciALRx, ciALTx, ciASCX,
CiATWx, ciAWDx

Examples

x=5; n=5; alp=0.05; h=2
PlotciAAllx(x,n,alp,h)

PlotciAAllxg Plots the CI estimation of 6 adjusted methods (Wald, Wald-T, Likeli-
hood, Score, Logit-Wald, ArcSine) grouped by x value

Description

Plots the CI estimation of 6 adjusted methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, Arc-
Sine) grouped by x value

Usage

PlotciAAllxg(x, n, alp, h)

Arguments
X - Number of success
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
Details

The plots of confidence intervals of using 6 adjusted methods (Wald, Wald-T, Likelihood, Score,
Logit-Wald, ArcSine) grouped by x for n given alp, x and h

Examples

x=5; n=5; alp=0.5;h=2
PlotciAAllxg(x,n,alp,h)
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PlotciAAS Plot of CI estimation of adjusted ArcSine

Description

Plot of CI estimation of adjusted ArcSine

Usage
PlotciAAS(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

The plots of the Confidence Interval using adjusted ArcSine method for n given alp and h

See Also

Other Adjusted methods of CI estimation: PlotciAAllg, PlotciAAll, PlotciALR, PlotciALT,
PlotciASC, PlotciATW, PlotciAWD, ciAAS, ciAAll, ciALR, ciALT, ciASC, ciATW, ciAWD

Examples

n=5; alp=0.05;h=2
PlotciAAS(n,alp,h)

PlotciAll Plots the CI estimation of 6 base methods (Wald, Wald-T, Likelihood,
Score, Logit-Wald, ArcSine) methods

Description

Plots the CI estimation of 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine)
methods

Usage
PlotciAll(n, alp)
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Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

The plot of Confidence Interval of 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald,
ArcSine) for n given alp.

See Also

Other Basic methods of CI estimation: PlotciAS, PlotciAllg, PlotciBA, PlotciEX, PlotcilR,
PlotcilT, PlotciSC, PlotciTW, PlotciWD, ciAS, ciAll, ciBA, ciEX, cilR, cilLT, ciSC, ciTW,
ciWD

Examples

n=5; alp=0.05;
PlotciAll(n,alp)

PlotciAllg Plots the CI estimation of 6 base methods (Wald, Wald-T, Likelihood,
Score, Logit-Wald, ArcSine) grouped by x value

Description
Plots the CI estimation of 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine)
grouped by x value

Usage
PlotciAllg(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

The plot of Confidence Interval of 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald,
ArcSine) for n given alp.

See Also

Other Basic methods of CI estimation: PlotciAS, PlotciAll, PlotciBA, PlotciEX, PlotcilR,
PlotcilLT, PlotciSC, PlotciTW, PlotciWD, ciAS, ciAll, ciBA, ciEX, cilLR, cilLT, ciSC, ciTW,
ciWD
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Examples

n=5; alp=0.05;
PlotciAllg(n,alp)

PlotciAllx Plots the CI estimation of 6 base methods (Wald, Wald-T, Likelihood,
Score, Logit-Wald, ArcSine)

Description

Plots the CI estimation of 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine)

Usage

PlotciAllx(x, n, alp)

Arguments

X - Number of sucess

n - Number of trials

alp - Alpha value (significance level required)
Details

Plots of the Confidence Intervals of 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald,
ArcSine) for n given alp and x

See Also
Other Base methods of CI estimation given x & n: PlotciAllxg, PlotciEXx, ciASx, ciAllx,

ciBAx, ciEXx, ciLRx, ciLTx, ciSCx, ciTWx, ciWDx

Examples

x=5; n=5; alp=0.05;
PlotciAllx(x,n,alp)
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PlotciAllxg Plots the CI estimation of 6 base methods (Wald, Wald-T, Likelihood,
Score, Logit-Wald, ArcSine) grouped by x value

Description
Plots the CI estimation of 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine)
grouped by x value

Usage
PlotciAllxg(x, n, alp)

Arguments

X - Number of sucess

n - Number of trials

alp - Alpha value (significance level required)
Details

Plots of the Confidence Interval of 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald,
ArcSine) for n given alp and x grouped by x

See Also
Other Base methods of CI estimation given x & n: PlotciAllx, PlotciEXx, ciASx, ciAllx, ciBAX,

CciEXx, ciLRx, ciLTx, ciSCx, ciTWx, ciWDx

Examples

x=5; n=5; alp=0.05;
PlotciAllxg(x,n,alp)

PlotciALR Plot of CI estimation of adjusted Likelihood Ratio

Description

Plot of CI estimation of adjusted Likelihood Ratio

Usage
PlotciALR(n, alp, h)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

The plots of the Confidence Interval using adjusted Likelihood Ratio method for n given alp and h

See Also
Other Adjusted methods of CI estimation: PlotciAAS, PlotciAAllg, PlotciAAll, PlotciALT,
PlotciASC, PlotciATW, PlotciAWD, ciAAS, ciAAll, ciALR, ciALT, ciASC, ciATW, ciAWD
Examples

n=5; alp=0.05;h=2
PlotciALR(n,alp,h)

PlotciALT Plot of CI estimation of adjusted Logit Wald

Description

Plot of CI estimation of adjusted Logit Wald

Usage
PlotciALT(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

The plots of the Confidence Interval using adjusted Logit Wald method for n given alp and h

See Also
Other Adjusted methods of CI estimation: PlotciAAS, PlotciAAllg, PlotciAAll, PlotciALR,
PlotciASC, PlotciATW, PlotciAWD, ciAAS, ciAAll, ciALR, ciALT, ciASC, ciATW, ciAWD
Examples

n=5; alp=0.05;h=2
PlotciALT(n,alp,h)
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PlotciAS Plots the CI estimation of ArcSine method

Description

Plots the CI estimation of ArcSine method

Usage
PlotciAS(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

The plot of Confidence Interval of n given alp using ArcSine method

See Also

Other Basic methods of CI estimation: PlotciAllg, PlotciAll, PlotciBA, PlotciEX, PlotcilR,
PlotcilT, PlotciSC, PlotciTW, PlotciWD, ciAS, ciAll, ciBA, ciEX, cilR, cilLT, ciSC, ciTW,
ciWD

Examples

n=5; alp=0.05
PlotciAS(n,alp)

PlotciASC Plot of CI estimation of adjusted Score

Description

Plot of CI estimation of adjusted Score

Usage
PlotciASC(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)

h - Adding factor
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Details

The plots of the Confidence Interval using adjusted Score method for n given alp and h

See Also

Other Adjusted methods of CI estimation: PlotciAAS, PlotciAAllg, PlotciAAll, PlotciALR,
PlotciALT, PlotciATW, PlotciAWD, ciAAS, ciAAll, ciALR, ciALT, ciASC, ciATW, ciAWD

Examples

n=5; alp=0.05;h=2
PlotciASC(n,alp,h)

PlotciATW Plot of CI estimation of adjusted Wald-T

Description

Plot of CI estimation of adjusted Wald-T

Usage
PlotciATW(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

The plots of the Confidence Interval using adjusted Wald-T method for n given alp and h

See Also

Other Adjusted methods of CI estimation: PlotciAAS, PlotciAAllg, PlotciAAll, PlotciALR,
PlotciALT, PlotciASC, PlotciAWD, ciAAS, ciAAll, ciALR, ciALT, ciASC, ciATW, ciAWD

Examples

n=5; alp=0.05;h=2
PlotciATW(n,alp,h)
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PlotciAWD Plot of CI estimation of adjusted Wald

Description

Plot of CI estimation of adjusted Wald

Usage

PlotciAWD(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

The plots of the Confidence Interval using adjusted Wald method for n given alp and h

See Also

Other Adjusted methods of CI estimation: PlotciAAS, PlotciAAllg, PlotciAAll, PlotciALR,
PlotciALT, PlotciASC, PlotciATW, ciAAS, ciAAll, ciALR, ciALT, ciASC, ciATW, ciAWD

Examples

n=5; alp=0.05;h=2
PlotciAWD(n,alp,h)

PlotciBA Plots the CI estimation of Bayesian method

Description

Plots the CI estimation of Bayesian method

Usage

PlotciBA(n, alp, a, b)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Shape parameter 1 for prior Beta distribution in Bayesian model. Can also be
a vector of priors.
b - Shape parameter 2 for prior Beta distribution in Bayesian model. Can also be
a vector of priors.
Details

The plot of Confidence Interval of n given alp using Bayesian method

See Also

Other Basic methods of CI estimation: P1lotciAS, PlotciAllg, PlotciAll, PlotciEX, PlotcilR,
PlotcilT, PlotciSC, PlotciTW, PlotciWD, ciAS, ciAll, ciBA, ciEX, cilLR, cilT, ciSC, ciTW,
ciWD

Examples

n=5; alp=0.05; a=0.5;b=0.5;

PlotciBA(n,alp,a,b)

n=5; alp=0.05; a=c(0.5,2,1,1,2,0.5);b=c(0.5,2,1,1,2,0.5)
PlotciBA(n,alp,a,b)

PlotciCAll Plots the CI estimation of 5 continuity corrected methods (Wald, Wald-
T, Score, Logit-Wald, ArcSine) given n, alp and ¢

Description

Plots the CI estimation of 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald, Arc-
Sine) given n, alp and ¢

Usage
PlotciCAll(n, alp, c)

Arguments
n - Number of trials
alp - Alpha value (significance level required)

c - Continuity correction
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Details
Plots the Confidence Interval for 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald,
ArcSine) for n given alp along with Continuity correction ¢

See Also
Other Continuity correction methods of CI estimation: PlotciCAS, PlotciCAllg, PlotciCLT,
PlotciCSC, PlotciCTW, PlotciCWD, ciCAS, ciCAll, ciCLT, ciCSC, ciCTW, ciCWD

Examples

n=5; alp=0.05;c=1/(2*n)
PlotciCAll(n,alp,c)

PlotciCAllg Plots the CI estimation of 5 continuity corrected methods (Wald, Wald-
T, Score, Logit-Wald, ArcSine) grouped by x value

Description

Plots the CI estimation of 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald, Arc-
Sine) grouped by x value

Usage
PlotciCAllg(n, alp, c)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
C - Continuity correction

Details

Plots the Confidence Interval for 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald,
ArcSine) grouped by x for n given alp along with Continuity correction ¢

See Also
Other Continuity correction methods of CI estimation: PlotciCAS, PlotciCAll, PlotciCLT, PlotciCSC,
PlotciCTW, PlotciCWD, ciCAS, ciCAll, ciCLT, ciCSC, ciCTW, ciCWD

Examples

n=5; alp=0.05; c=1/(2*n)
PlotciCAllg(n,alp,c)
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PlotciCAllx Plots the Cl estimation of 5 continuity corrected methods (Wald, Wald-
T, Score, Logit-Wald, ArcSine) given n, alp and x with continuity cor-
rection ¢
Description

Plots the CI estimation of 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald, Arc-
Sine) given n, alp and x with continuity correction ¢

Usage

PlotciCAllx(x, n, alp, c¢)

Arguments
X - Number of sucess
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction
Details

Plots the Confidence Interval of 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald,
ArcSine) for n given alp, x and and ¢

See Also

Other Continuity correction methods of CI estimation given x and n: PlotciCAllxg, ciCAllx,
ciCLTx, ciCSCx, ciCTWx, ciCWDx

Examples

x=5; n=5; alp=0.05;c=1/(2*n)
PlotciCAllx(x,n,alp,c)
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PlotciCAllxg Plots the CI estimation of 5 continuity corrected methods (Wald, Wald-
T, Score, Logit-Wald, ArcSine) given x & n grouped by x value

Description
Plots the CI estimation of 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald, Arc-
Sine) given x & n grouped by x value

Usage
PlotciCAllxg(x, n, alp, c)

Arguments
X - Number of sucess
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction
Details

Plots he Confidence Interval of 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald,
ArcSine) for n given alp, c and x grouped by x

See Also
Other Continuity correction methods of CI estimation given x and n: PlotciCAllx, ciCAllx,

ciCLTx, ciCSCx, ciCTWx, ciCWDx

Examples

x=5; n=5; alp=0.05;c=1/(2*n)
PlotciCAllxg(x,n,alp,c)

PlotciCAS Plots the CI estimation of continuity corrected ArcSine method given
n, alp and ¢

Description

Plots the CI estimation of continuity corrected ArcSine method given n, alp and ¢

Usage
PlotciCAS(n, alp, c)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

Plots the Confidence Interval for continuity corrected ArcSine method for n given alp along with
Continuity correction ¢

See Also
Other Continuity correction methods of CI estimation: PlotciCAllg, PlotciCAll, PlotciCLT,
PlotciCSC, PlotciCTW, PlotciCWD, ciCAS, ciCAll, ciCLT, ciCSC, ciCTW, ciCWD

Examples

n=5; alp=0.05;c=1/(2*n)
PlotciCAS(n,alp,c)

PlotciCLT Plots the CI estimation of continuity corrected Logit Wald method
given n, alp and ¢

Description

Plots the CI estimation of continuity corrected Logit Wald method given n, alp and ¢

Usage
PlotciCLT(n, alp, c)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

Plots the Confidence Interval for continuity corrected Logit Wald method for n given alp along
with Continuity correction ¢
See Also

Other Continuity correction methods of CI estimation: PlotciCAS, PlotciCAllg, PlotciCAll,
PlotciCSC, PlotciCTW, PlotciCWD, ciCAS, ciCAll, ciCLT, ciCSC, ciCTW, ciCWD
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Examples

n=5; alp=0.05;c=1/(2*n)
PlotciCLT(n,alp,c)

PlotciCSC Plots the CI estimation of continuity corrected Score method given n,
alp and ¢

Description

Plots the CI estimation of continuity corrected Score method given n, alp and ¢

Usage

PlotciCSC(n, alp, c)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

Plots the Confidence Interval for continuity corrected Score method for n given alp along with
Continuity correction ¢

See Also

Other Continuity correction methods of CI estimation: PlotciCAS, PlotciCAllg, PlotciCAll,
PlotciCLT, PlotciCTW, PlotciCWD, ciCAS, ciCAll, ciCLT, ciCSC, ciCTW, ciCWD

Examples

n=5; alp=0.05;c=1/(2*n)
PlotciCSC(n,alp,c)
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PlotciCTW Plots the CI estimation of continuity corrected Wald-T method given
n, alp and ¢

Description

Plots the CI estimation of continuity corrected Wald-T method given n, alp and ¢

Usage

PlotciCTW(n, alp, c)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

Plots the Confidence Interval for continuity corrected Wald-T method for n given alp along with
Continuity correction ¢

See Also
Other Continuity correction methods of CI estimation: PlotciCAS, PlotciCAllg, PlotciCAll,

PlotciCLT, PlotciCSC, PlotciCWD, ciCAS, ciCAll, ciCLT, ciCSC, ciCTW, ciCWD

Examples

n=5; alp=0.05;c=1/(2*n)
PlotciCTW(n,alp,c)

PlotciCwD Plots the CI estimation of continuity corrected Wald method given n,
alp and ¢

Description

Plots the CI estimation of continuity corrected Wald method given n, alp and ¢

Usage

PlotciCWD(n, alp, c)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

Plots the Confidence Interval for continuity corrected Wald method for n given alp along with
Continuity correction ¢

See Also
Other Continuity correction methods of CI estimation: PlotciCAS, PlotciCAllg, PlotciCAll,
PlotciCLT, PlotciCSC, PlotciCTW, ciCAS, ciCAll, ciCLT, ciCSC, ciCTW, ciCWD

Examples

n=5; alp=0.05;c=1/(2*n)
PlotciCWD(n,alp,c)

PlotciEX Plots the CI estimation of exact methods

Description

Plots the CI estimation of exact methods

Usage

PlotciEX(n, alp, e)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
e - Exact method indicator in [0, 1] 1: Clopper Pearson, 0.5: Mid P, The input can
also be a range of values between 0 and 1.
Details

The plot of Confidence Interval of n given alp.

See Also

Other Basic methods of CI estimation: PlotciAS, PlotciAllg, PlotciAll, PlotciBA, PlotcilR,
PlotcilLT, PlotciSC, PlotciTW, PlotciWD, ciAS, ciAll, ciBA, ciEX, cilLR, cilLT, ciSC, ciTW,
ciWD
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Examples

## Not run:

n=5; alp=0.05; e=0.5 #Mid-p

PlotciEX(n,alp,e)

n=5; alp=0.05;e=1 #Clopper-Pearson

PlotciEX(n,alp,e)

n=5; alp=0.05;e=c(0.05,0.1,0.5,0.95,1) #Range including Mid-p and Clopper-Pearson
PlotciEX(n,alp,e)

## End(Not run)

PlotciEXx Plots the CI estimation of the exact method

Description

Plots the CI estimation of the exact method

Usage
PlotciEXx(x, n, alp, e)

Arguments

X - Number of sucess

n - Number of trials

alp - Alpha value (significance level required)

e - Exact method indicator in [0, 1] 1: Clopper Pearson, 0.5: Mid P
Details

Plot of the Confidence interval for exact method

See Also

Other Base methods of CI estimation given x & n: PlotciAllxg, PlotciAllx, ciASx, ciAllx,
ciBAXx, ciEXx, ciLRx, ciLTx, ciSCx, ciTWx, ciWDx

Examples

x=5; n=5; alp=0.05;e=0.5

PlotciEXx(x,n,alp,e) #Mid-p

x=5; n=5; alp=0.05;e=1 #Clopper Pearson

PlotciEXx(x,n,alp,e)

x=5; n=5; alp=0.05;e=c(0.1,0.5,0.95,1) #Range including Mid-p and Clopper-Pearson
PlotciEXx(x,n,alp,e)
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PlotcilR Plots the CI estimation of Likelihood Ratio method

Description

Plots the CI estimation of Likelihood Ratio method

Usage
PlotcilLR(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

The plot of Confidence Interval of n given alp using Likelihood Ratio method

See Also

Other Basic methods of CI estimation: PlotciAS, PlotciAllg, PlotciAll, PlotciBA, PlotciEX,
PlotcilT, PlotciSC, PlotciTW, PlotciWD, ciAS, ciAll, ciBA, ciEX, cilR, cilLT, ciSC, ciTW,
ciWD

Examples

n=5; alp=0.05
PlotcilLR(n,alp)

PlotcilT Plots the CI estimation of Logit Wald method

Description

Plots the CI estimation of Logit Wald method

Usage
PlotcilLT(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
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Details

The plot of Confidence Interval of n given alp using Logit Wald method

See Also

Other Basic methods of CI estimation: P1lotciAS, PlotciAllg, PlotciAll, PlotciBA, PlotciEX,
PlotcilLR, PlotciSC, PlotciTW, PlotciWD, ciAS, ciAll, ciBA, ciEX, cilLR, cilLT, ciSC, ciTW,
ciWD

Examples

n=5; alp=0.05
PlotcilT(n,alp)

PlotciSC Plots the CI estimation of Score method

Description

Plots the CI estimation of Score method

Usage
PlotciSC(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

The plot of Confidence Interval of n given alp using Score method

See Also

Other Basic methods of CI estimation: PlotciAS, PlotciAllg, PlotciAll, PlotciBA, PlotciEX,
PlotcilR, PlotcilT, PlotciTW, PlotciWD, ciAS, ciAll, ciBA, ciEX, cilLR, cilT, ciSC, ciTW,
ciWD

Examples

n=5; alp=0.05
PlotciSC(n,alp)
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PlotciTW Plots the CI estimation of Wald-T method

Description

Plots the CI estimation of Wald-T method

Usage
PlotciTW(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

The plot of Confidence Interval of n given alp using Wald-T method

See Also

Other Basic methods of CI estimation: PlotciAS, PlotciAllg, PlotciAll, PlotciBA, PlotciEX,
PlotcilR, PlotcilT, PlotciSC, PlotciWD, ciAS, ciAll, ciBA, ciEX, cilR, cilLT, ciSC, ciTW,
ciWD

Examples

n=5; alp=0.05
PlotciTW(n,alp)

PlotciWD Plots the CI estimation of Wald method

Description

Plots the CI estimation of Wald method

Usage
PlotciWD(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
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Details

The plot of Confidence Interval of n given alp using Wald method

See Also

Other Basic methods of CI estimation: PlotciAS, PlotciAllg, PlotciAll, PlotciBA, PlotciEX,
PlotcilR, PlotcilT, PlotciSC, PlotciTW, ciAS, ciAll, ciBA, ciEX, cilR, cilLT, ciSC, ciTW,
ciWD

Examples

n=5; alp=0.05
PlotciWD(n,alp)

PlotcovpAAll Plots the Coverage Probability using 6 adjusted methods (Wald, Wald-
T, Likelihood, Score, Logit-Wald, ArcSine)

Description
Plots the Coverage Probability using 6 adjusted methods (Wald, Wald-T, Likelihood, Score, Logit-
Wald, ArcSine)

Usage

PlotcovpAAll(n, alp, h, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

h - Adding factor

- Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

The plots of the Coverage Probability of 6 adjusted methods (Wald, Wald-T, Likelihood, Score,
Logit-Wald, ArcSine) for n given alp, h, a, b, t1 and t2 using all the methods
See Also

Other Coverage probability of adjusted methods: PlotcovpAAS, PlotcovpALR, PlotcovpALT, PlotcovpASC,
PlotcovpATW, PlotcovpAWD, covpAAS, covpAAll, covpALR, covpALT, covpASC, covpATW, covpAWD
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Examples

## Not run:
n= 10; alp=0.05; h=2;a=1;b=1; t1=0.93;t2=0.97
PlotcovpAAll(n,alp,h,a,b,t1,t2)

## End(Not run)

PlotcovpAAS Plots the Coverage Probability using adjusted ArcSine method

Description

Plots the Coverage Probability using adjusted ArcSine method

Usage
PlotcovpAAS(n, alp, h, a, b, t1, t2)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
- Beta parameters for hypo "p"
- Beta parameters for hypo "p"
t1 - Lower tolerance limit to check the spread of coverage Probability
t2 - Upper tolerance limit to check the spread of coverage Probability
Details

The plots of the Coverage Probability of adjusted ArcSine method for n given alp, h, a, b, t1 and
t2 using all the methods

See Also

Other Coverage probability of adjusted methods: PlotcovpAAll, PlotcovpALR, PlotcovpALT,
PlotcovpASC, PlotcovpATW, PlotcovpAWD, covpAAS, covpAAll, covpALR, covpALT, covpASC,
COVpATW, covpAWD

Examples

## Not run:
n= 10; alp=0.05; h=2;a=1;b=1; t1=0.93;t2=0.97
PlotcovpAAS(n,alp,h,a,b,t1,t2)

## End(Not run)
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PlotcovpAll Graphs of basic Coverage Probability 6 base methods (Wald, Wald-T,
Likelihood, Score, Logit-Wald, ArcSine)

Description
Graphs of basic Coverage Probability 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-
Wald, ArcSine)

Usage

PlotcovpAll(n, alp, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

The graphs of basic Coverage Probability methods

See Also

Other Basic coverage probability methods: PlotcovpAS, PlotcovpBA, PlotcovpEX, PlotcovpLR,
PlotcovpLT, PlotcovpSC, PlotcovpTW, PlotcovpWD, covpAS, covpAll, covpBA, covpEX, covpLR,
covpLT, covpSC, covpTW, covpWD

Examples
## Not run:
n= 10; alp=0.05; a=1; b=1; t1=0.93; t2=0.97

PlotcovpAll(n,alp,a,b,t1,t2)

## End(Not run)
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PlotcovpALR Plots the Coverage Probability using adjusted Likelihood Ratio
method

Description

Plots the Coverage Probability using adjusted Likelihood Ratio method

Usage

PlotcovpALR(n, alp, h, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

h - Adding factor

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

The plots of the Coverage Probability of adjusted Likelihood Ratio method for n given alp, h, a, b,
t1 and t2 using all the methods

See Also

Other Coverage probability of adjusted methods: PlotcovpAAS, PlotcovpAAll, PlotcovpALT,
PlotcovpASC, PlotcovpATW, PlotcovpAWD, covpAAS, covpAAll, covpALR, covpALT, covpASC,
COVPATW, covpAWD

Examples

## Not run:
n= 10; alp=0.05; h=2;a=1;b=1; t1=0.93;t2=0.97
PlotcovpALR(n,alp,h,a,b,t1,t2)

## End(Not run)
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PlotcovpALT Plots the Coverage Probability using adjusted Logistic Wald method

Description

Plots the Coverage Probability using adjusted Logistic Wald method

Usage

PlotcovpALT(n, alp, h, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

h - Adding factor

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

The plots of the Coverage Probability of adjusted Logistic Wald method for n given alp, h, a, b, t1
and t2 using all the methods

See Also

Other Coverage probability of adjusted methods: PlotcovpAAS, PlotcovpAAll, PlotcovpALR,
PlotcovpASC, PlotcovpATW, PlotcovpAWD, covpAAS, covpAAll, covpALR, covpALT, covpASC,
COVpATW, covpAWD

Examples

## Not run:
n= 10; alp=0.05; h=2;a=1;b=1; t1=0.93;t2=0.97
PlotcovpALT(n,alp,h,a,b,t1,t2)

## End(Not run)
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PlotcovpAS Plots Coverage Probability for base ArcSine method
Description
Plots Coverage Probability for base ArcSine method
Usage
PlotcovpAS(n, alp, a, b, t1, t2)
Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
t1 - Lower tolerance limit to check the spread of coverage Probability
t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Plots Coverage Probability for base ArcSine method

See Also

Other Basic coverage probability methods: PlotcovpAll, PlotcovpBA, PlotcovpEX, PlotcovplLR,
PlotcovpLT, PlotcovpSC, PlotcovpTW, PlotcovpWD, covpAS, covpAll, covpBA, covpEX, covpLR,

covpLT, covpSC, covpTW, covpWD

Examples
## Not run:
n= 10; alp=0.05; a=1; b=1; t1=0.93; t2=0.97
PlotcovpAS(n,alp,a,b,t1,t2)

## End(Not run)
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PlotcovpASC Plots the Coverage Probability using adjusted Score method

Description

Plots the Coverage Probability using adjusted Score method

Usage

PlotcovpASC(n, alp, h, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

h - Adding factor

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

The plots of the Coverage Probability of adjusted Score method for n given alp, h, a, b, t1 and t2
using all the methods

See Also

Other Coverage probability of adjusted methods: PlotcovpAAS, PlotcovpAAll, PlotcovpALR,
PlotcovpALT, PlotcovpATW, PlotcovpAWD, covpAAS, covpAAll, covpALR, covpALT, covpASC,
COVpATW, covpAWD

Examples

## Not run:
n= 10; alp=0.05; h=2;a=1;b=1; t1=0.93;t2=0.97
PlotcovpASC(n,alp,h,a,b,t1,t2)

## End(Not run)
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PlotcovpATW Plots the Coverage Probability using adjusted Wald-T method

Description

Plots the Coverage Probability using adjusted Wald-T method

Usage

PlotcovpATW(n, alp, h, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

h - Adding factor

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

The plots of the Coverage Probability of adjusted Wald-T method for n given alp, h, a, b, t1 and
t2 using all the methods

See Also

Other Coverage probability of adjusted methods: PlotcovpAAS, PlotcovpAAll, PlotcovpALR,
PlotcovpALT, PlotcovpASC, PlotcovpAWD, covpAAS, covpAAll, covpALR, covpALT, covpASC,
COVPATW, covpAWD

Examples
## Not run:

n= 10; alp=0.05; h=2;a=1;b=1; t1=0.93;t2=0.97
PlotcovpATW(n,alp,h,a,b,t1,t2)

## End(Not run)
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PlotcovpAWD Plots the Coverage Probability using adjusted Wald method

Description

Plots the Coverage Probability using adjusted Wald method

Usage

PlotcovpAWD(n, alp, h, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

h - Adding factor

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

The plots of the Coverage Probability of adjusted Wald method for n given alp, h, a, b, t1 and t2
using all the methods

See Also

Other Coverage probability of adjusted methods: PlotcovpAAS, PlotcovpAAll, PlotcovpALR,
PlotcovpALT, PlotcovpASC, PlotcovpATW, covpAAS, covpAAll, covpALR, covpALT, covpASC,
COVPATW, covpAWD

Examples

## Not run:
n= 10; alp=0.05; h=2;a=1;b=1; t1=0.93;t2=0.97
PlotcovpAWD(n,alp,h,a,b,t1,t2)

## End(Not run)
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PlotcovpBA Graphs of Coverage Probability of the Bayesian method

Description

Graphs of Coverage Probability of the Bayesian method

Usage

PlotcovpBA(n, alp, a, b, t1, t2, al, a2)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
t1 - Lower tolerance limit to check the spread of coverage Probability
t2 - Upper tolerance limit to check the spread of coverage Probability
al - Beta Prior Parameters for Bayesian estimation
a2 - Beta Prior Parameters for Bayesian estimation
Details

The graphs of Coverage Probability of Bayesian method

See Also

Other Basic coverage probability methods: PlotcovpAS, PlotcovpAll, PlotcovpEX, PlotcovplLR,
PlotcovpLT, PlotcovpSC, PlotcovpTW, PlotcovpWD, covpAS, covpAll, covpBA, covpEX, covpLR,
covpLT, covpSC, covpTW, covpWD

Examples
## Not run:
n= 10; alp=0.05; a=1;b=1; t1=0.93;t2=0.97;al1=1;a2=1

PlotcovpBA(n,alp,a,b,t1,t2,al,a2)

## End(Not run)
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PlotcovpCAll Graphs of Coverage Probability for 5 continuity corrected methods
(Wald, Wald-T, Score, Logit-Wald, ArcSine)

Description
Graphs of Coverage Probability for 5 continuity corrected methods (Wald, Wald-T, Score, Logit-
Wald, ArcSine)

Usage

PlotcovpCAll(n, alp, c, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

c - Continiuty correction

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

The graphs of the Coverage Probability of 5 continuity corrected methods (Wald, Wald-T, Score,
Logit-Wald, ArcSine) for n given alp, h, a, b, t1 and t2

See Also
Other Coverage probability for continuity corrected methods: PlotcovpCAS, PlotcovpCLT, PlotcovpCSC,

PlotcovpCTW, PlotcovpCWD, covpCAS, covpCAll, covpCLT, covpCSC, covpCTW, covpCWD

Examples

## Not run:
n= 10; alp=0.05; c=1/(2*n);a=1;b=1; t1=0.93;t2=0.97
PlotcovpCAll(n,alp,c,a,b,t1,t2)

## End(Not run)
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PlotcovpCAS Graphs of Coverage Probability for continuity corrected ArcSine
method

Description

Graphs of Coverage Probability for continuity corrected ArcSine method

Usage

PlotcovpCAS(n, alp, c, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

c - Continiuty correction

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

The plot of the Coverage Probability of continuity corrected ArcSine method for n given alp, h, a,
b, t1 and t2 using all the methods

See Also
Other Coverage probability for continuity corrected methods: PlotcovpCAll, PlotcovpCLT, PlotcovpCSC,

PlotcovpCTW, PlotcovpCWD, covpCAS, covpCAll, covpCLT, covpCSC, covpCTW, covpCWD

Examples

## Not run:
n= 10; alp=0.05; c=1/(2*n);a=1;b=1; t1=0.93;t2=0.97
PlotcovpCAS(n,alp,c,a,b,t1,t2)

## End(Not run)
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PlotcovpCLT Graphs of Coverage Probability for continuity corrected Logistic Wald
method

Description

Graphs of Coverage Probability for continuity corrected Logistic Wald method

Usage

PlotcovpCLT(n, alp, c, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

c - Continiuty correction

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

The plot of the Coverage Probability of continuity corrected Logistic Wald method for n given alp,
h, a, b, t1 and t2 using all the methods

See Also
Other Coverage probability for continuity corrected methods: PlotcovpCAS, PlotcovpCAll, PlotcovpCSC,

PlotcovpCTW, PlotcovpCWD, covpCAS, covpCAll, covpCLT, covpCSC, covpCTW, covpCWD

Examples

## Not run:
n= 10; alp=0.05; c=1/(2*n);a=1;b=1; t1=0.93;t2=0.97
PlotcovpCLT(n,alp,c,a,b,t1,t2)

## End(Not run)
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PlotcovpCSC Graphs of Coverage Probability for continuity corrected Score method

Description

Graphs of Coverage Probability for continuity corrected Score method

Usage

PlotcovpCSC(n, alp, c, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

c - Continiuty correction

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

The plot of the Coverage Probability of continuity corrected Score method for n given alp, h, a, b,
t1 and t2 using all the methods

See Also

Other Coverage probability for continuity corrected methods: PlotcovpCAS, PlotcovpCAll, PlotcovpCLT,
PlotcovpCTW, PlotcovpCWD, covpCAS, covpCAll, covpCLT, covpCSC, covpCTW, covpCWD

Examples
## Not run:
n= 10; alp=0.05; c=1/(2*n);a=1;b=1; t1=0.93;t2=0.97
PlotcovpCSC(n,alp,c,a,b,t1,t2)

## End(Not run)
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PlotcovpCTW Graphs of Coverage Probability for continuity corrected Wald-T
method

Description

Graphs of Coverage Probability for continuity corrected Wald-T method

Usage

PlotcovpCTW(n, alp, c, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

c - Continiuty correction

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

The plot of the Coverage Probability of continuity corrected Wald-T method for n given alp, h, a,
b, t1 and t2 using all the methods

See Also
Other Coverage probability for continuity corrected methods: PlotcovpCAS, PlotcovpCAll, PlotcovpCLT,

PlotcovpCSC, PlotcovpCWD, covpCAS, covpCAll, covpCLT, covpCSC, covpCTW, covpCWD

Examples

## Not run:
n= 10; alp=0.05; c=1/(2*n);a=1;b=1; t1=0.93;t2=0.97
PlotcovpCTW(n,alp,c,a,b,t1,t2)

## End(Not run)
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PlotcovpCWD Graphs of Coverage Probability for continuity corrected Wald method

Description

Graphs of Coverage Probability for continuity corrected Wald method

Usage

PlotcovpCWD(n, alp, c, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

c - Continiuty correction

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

The plot of the Coverage Probability of continuity corrected Wald method for n given alp, h, a, b,
t1 and t2 using all the methods

See Also

Other Coverage probability for continuity corrected methods: PlotcovpCAS, PlotcovpCAll, PlotcovpCLT,
PlotcovpCSC, PlotcovpCTW, covpCAS, covpCAll, covpCLT, covpCSC, covpCTW, covpCWD

Examples
## Not run:
n= 10; alp=0.05; c=1/(2*n);a=1;b=1; t1=0.93;t2=0.97
PlotcovpCWD(n,alp,c,a,b,t1,t2)

## End(Not run)
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PlotcovpEX Graphs of Coverage Probability - exact method

Description

Graphs of Coverage Probability - exact method

Usage

PlotcovpEX(n, alp, e, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

e - Exact method indicator (1:Clop-Pear,0.5:MID-p)

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

The graphs of basic Coverage Probability methods

See Also

Other Basic coverage probability methods: PlotcovpAS, PlotcovpAll, PlotcovpBA, PlotcovplLR,
PlotcovpLT, PlotcovpSC, PlotcovpTW, PlotcovpWD, covpAS, covpAll, covpBA, covpEX, covpLR,
covpLT, covpSC, covpTW, covpWD

Examples

## Not run:

n= 10; alp=0.05; e=0.5; a=1;b=1; t1=0.93;t2=0.97 # Mid-p
PlotcovpEX(n,alp,e,a,b,t1,t2)

n= 10; alp=0.05; e=1; a=1;b=1; t1=0.93;t2=0.97 #Clop-Pear
PlotcovpEX(n,alp,e,a,b,t1,t2)

n=5; alp=0.05;

e=c(0.1,0.5,0.95,1) #Range including Mid-p and Clopper-Pearson
a=1;b=1; t1=0.93;t2=0.97

PlotcovpEX(n,alp,e,a,b,t1,t2)

## End(Not run)
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PlotcovpGEN Plot of simulation based Coverage Probability with discrete values for
p

Description

Plot of simulation based Coverage Probability with discrete values for p

Usage

PlotcovpGEN(n, LL, UL, alp, hp, t1, t2)

Arguments

n - Number of trials

LL - Lower limit

uL - Upper limit

alp - Alpha value (significance level required)

hp - Hypothetical "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Graphical evaluation of intervals obtained from any method using coverage probability, root mean
square statistic, and the proportion of proportion lies within the desired level of coverage for the
n + 1 intervals and pre-defined space for the parameter p

See Also

Other General methods for coverage probability: covpGEN

Examples

## Not run:

LL=c(0,0.01,0.0734,0.18237,0.3344,0.5492) #Lower and Upper Limits
UL=c(0.4507,0.6655,0.8176,0.9265,0.9899,1)

hp=seq(@,1,by=0.0001)

n=5; alp=0.05; t1=0.93; t2=0.97
PlotcovpGEN(n,LL,UL,alp,hp,t1,t2)

## End(Not run)
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PlotcovpLR Plots Coverage Probability for base Likelihood Ratio method

Description

Plots Coverage Probability for base Likelihood Ratio method

Usage

PlotcovpLR(n, alp, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Plots Coverage Probability for base Likelihood Ratio method

See Also

Other Basic coverage probability methods: PlotcovpAS, PlotcovpAll, PlotcovpBA, PlotcovpEX,
PlotcovpLT, PlotcovpSC, PlotcovpTW, PlotcovpWD, covpAS, covpAll, covpBA, covpEX, covpLR,
covpLT, covpSC, covpTW, covpWD

Examples
## Not run:
n= 10; alp=0.05; a=1; b=1; t1=0.93; t2=0.97
PlotcovpLR(n,alp,a,b,t1,t2)

## End(Not run)
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PlotcovpLT Plots Coverage Probability for base Logit Wald method
Description
Plots Coverage Probability for base Logit Wald method
Usage
PlotcovpLT(n, alp, a, b, t1, t2)
Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
t1 - Lower tolerance limit to check the spread of coverage Probability
t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Plots Coverage Probability for base Logit Wald method

See Also

Other Basic coverage probability methods: PlotcovpAS, PlotcovpAll, PlotcovpBA, PlotcovpEX,
PlotcovpLR, PlotcovpSC, PlotcovpTW, PlotcovpWD, covpAS, covpAll, covpBA, covpEX, covpLR,

covpLT, covpSC, covpTW, covpWD

Examples
## Not run:
n= 10; alp=0.05; a=1; b=1; t1=0.93; t2=0.97
PlotcovpLT(n,alp,a,b,t1,t2)

## End(Not run)
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PlotcovpSC Plots Coverage Probability for base Score method

Description

Plots Coverage Probability for base Score method

Usage

PlotcovpSC(n, alp, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Plots Coverage Probability for base Score method

See Also

Other Basic coverage probability methods: PlotcovpAS, PlotcovpAll, PlotcovpBA, PlotcovpEX,
PlotcovpLR, PlotcovpLT, PlotcovpTW, PlotcovpWD, covpAS, covpAll, covpBA, covpEX, covpLR,

covpLT, covpSC, covpTW, covpWD

Examples
## Not run:
n= 10; alp=0.05; a=1; b=1; t1=0.93; t2=0.97
PlotcovpSC(n,alp,a,b,t1,t2)

## End(Not run)
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PlotcovpSIM Plots graph of simulation based Coverage Probability with simulated
pin[01]

Description

Plots graph of simulation based Coverage Probability with simulated p in [0,1]

Usage

PlotcovpSIM(n, LL, UL, alp, s, a, b, t1, t2)

Arguments

n - Number of trials

LL - Lower limit

uL - Upper limit

alp - Alpha value (significance level required)

s - Number of hypothetical "p"

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Graphical evaluation of intervals obtained from any method using coverage probability, root mean
square statistic, and the proportion of proportion lies within the desired level of coverage for the
n + 1 intervals and pre-defined space for the parameter p using Monte Carle simulation

See Also

Other Simulated methods for coverage probability: covpSIM

Examples

## Not run:

LL=c(0,0.01,0.0734,0.18237,0.3344,0.5492) #Lower and Upper Limits
UL=c(0.4507,0.6655,0.8176,0.9265,0.9899,1)

n=5; alp=0.05; s=5000; a=1; b=1; t1=0.93; t2=0.97
PlotcovpSIM(n,LL,UL,alp,s,a,b,t1,t2)

## End(Not run)
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PlotcovpTW Plots Coverage Probability for base Wald-T method

Description

Plots Coverage Probability for base Wald-T method

Usage

PlotcovpTW(n, alp, a, b, t1, t2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

t1 - Lower tolerance limit to check the spread of coverage Probability

t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Plots Coverage Probability for base Wald-T method

See Also

Other Basic coverage probability methods: PlotcovpAS, PlotcovpAll, PlotcovpBA, PlotcovpEX,
PlotcovpLR, PlotcovpLT, PlotcovpSC, PlotcovpWD, covpAS, covpAll, covpBA, covpEX, covpLR,

covpLT, covpSC, covpTW, covpWD

Examples
## Not run:
n= 10; alp=0.05; a=1; b=1; t1=0.93; t2=0.97
PlotcovpTW(n,alp,a,b,t1,t2)

## End(Not run)
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PlotcovpWD Plots Coverage Probability for base Wald method
Description
Plots Coverage Probability for base Wald method
Usage
PlotcovpWD(n, alp, a, b, t1, t2)
Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
t1 - Lower tolerance limit to check the spread of coverage Probability
t2 - Upper tolerance limit to check the spread of coverage Probability
Details

Plots Coverage Probability for base Wald method

See Also

Other Basic coverage probability methods: PlotcovpAS, PlotcovpAll, PlotcovpBA, PlotcovpEX,
PlotcovpLR, PlotcovpLT, PlotcovpSC, PlotcovpTW, covpAS, covpAll, covpBA, covpEX, covpLR,

covpLT, covpSC, covpTW, covpWD

Examples
## Not run:
n= 10; alp=0.05; a=1; b=1; t1=0.93; t2=0.97
PlotcovpWD(n,alp,a,b,t1,t2)

## End(Not run)
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PloterrAAll Plot of error, long term power and pass/fail criteria using 6 adjusted
methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine)

Description

Plot of error, long term power and pass/fail criteria using 6 adjusted methods (Wald, Wald-T, Like-
lihood, Score, Logit-Wald, ArcSine)

Usage

PloterrAAll(n, alp, h, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
phi - Null hypothesis value
f - Failure criterion
Details

Calculates error, long term power and pass/fail criteria using 6 adjusted methods (Wald, Wald-T,
Likelihood, Score, Logit-Wald, ArcSine)

See Also
Other Error for adjusted methods: PloterrAAS, PloterrALR, PloterrALT,PloterrASC, PloterrATW,
PloterrAWD, errAAS, errAAll, errALR, errALT, errASC, errATW, errAWD

Examples

n=20; alp=0.05; h=2; phi=0.99; f=-2
PloterrAAll(n,alp,h,phi,f)
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PloterrAAS Plots error, long term power and pass/fail criteria using adjusted Arc-
Sine method

Description

Plots error, long term power and pass/fail criteria using adjusted ArcSine method

Usage

PloterrAAS(n, alp, h, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
phi - Null hypothesis value
f - Failure criterion
Details

Plot of adjusted ArcSine-type interval using error due to the difference of achieved and nominal
level of significance for the n + 1 intervals

See Also
Other Error for adjusted methods: PloterrAAll, PloterrALR, PloterrALT,PloterrASC,PloterrATW,

PloterrAWD, errAAS, errAAll, errALR, errALT, errASC, errATW, errAWD

Examples

n=20; alp=0.05; h=2;phi=0.99; f=-2
PloterrAAS(n,alp,h,phi,f)

PloterrAll Plots error, long term power and pass/fail criteria using 6 base meth-
ods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine)

Description

Plots error, long term power and pass/fail criteria using 6 base methods (Wald, Wald-T, Likelihood,
Score, Logit-Wald, ArcSine)
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Usage
PloterrAll(n, alp, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
Details

Plots of error, long term power and pass/fail criteria using 6 base methods (Wald, Wald-T, Likeli-
hood, Score, Logit-Wald, ArcSine)

See Also
Other Error for base methods: PloterrAS, PloterrBA, PloterrEX, PloterrLR, PloterrLT, PloterrSC,

PloterrTW, PloterrWD, errAS, errAll, errBA, errEX, errLR, errLT, errSC, errTW, errWD

Examples

n=20; alp=0.05; phi=0.05; f=-2
PloterrAll(n,alp,phi,f)

PloterrALR Plots error, long term power and pass/fail criteria using adjusted Like-
lihood Ratio method

Description

Plots error, long term power and pass/fail criteria using adjusted Likelihood Ratio method

Usage
PloterrALR(n, alp, h, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
phi - Null hypothesis value

f - Failure criterion
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Details
Plot of adjusted Likelihood Ratio-type interval using error due to the difference of achieved and
nominal level of significance for the n + 1 intervals

See Also
Other Error for adjusted methods: PloterrAAS, PloterrAAll, PloterrALT, PloterrASC, PloterrATW,
PloterrAWD, errAAS, errAAll, errALR, errALT, errASC, errATW, errAWD

Examples

n=20; alp=0.05; h=2;phi=0.99; f=-2
PloterrALR(n,alp,h,phi,f)

PloterrALT Plots error, long term power and pass/fail criteria using adjusted Logit
Wald method

Description

Plots error, long term power and pass/fail criteria using adjusted Logit Wald method

Usage
PloterrALT(n, alp, h, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
phi - Null hypothesis value
f - Failure criterion
Details

Plot of adjusted Logit Wald-type interval using error due to the difference of achieved and nominal
level of significance for the n 4- 1 intervals
See Also

Other Error for adjusted methods: PloterrAAS, PloterrAAll, PloterrALR, PloterrASC, PloterrATW,
PloterrAWD, errAAS, errAAll, errALR, errALT, errASC, errATW, errAWD

Examples

n=20; alp=0.05; h=2;phi=0.99; f=-2
PloterrALT(n,alp,h,phi,f)
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PloterrAS Plots error, long term power and pass/fail criteria using ArcSine
method

Description

Plots error, long term power and pass/fail criteria using ArcSine method

Usage

PloterrAS(n, alp, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
Details

Plots of error, long term power and pass/fail criteria using ArcSine method

See Also

Other Error for base methods: PloterrAll, PloterrBA, PloterrEX, PloterrLR, PloterrLT, PloterrSC,
PloterrTW, PloterrWD, errAS, errAll, errBA, errEX, errLR, errLT, errSC, errTW, errWD

Examples

n=20; alp=0.05; phi=0.05; f=-2
PloterrAS(n,alp,phi,f)

PloterrAScC Plots error, long term power and pass/fail criteria using adjusted
Score method

Description

Plots error, long term power and pass/fail criteria using adjusted Score method

Usage
PloterrASC(n, alp, h, phi, f)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
phi - Null hypothesis value
f - Failure criterion
Details

Plot of adjusted Score-type interval using error due to the difference of achieved and nominal level
of significance for the n + 1 intervals

See Also
Other Error for adjusted methods: PloterrAAS, PloterrAAll, PloterrALR, PloterrALT,PloterrATW,

PloterrAWD, errAAS, errAAll, errALR, errALT, errASC, errATW, errAWD

Examples

n=20; alp=0.05; h=2;phi=0.99; f=-2
PloterrASC(n,alp,h,phi,f)

PloterrATW Plots error, long term power and pass/fail criteria using adjusted
Wald-T method

Description

Plots error, long term power and pass/fail criteria using adjusted Wald-T method

Usage
PloterrATW(n, alp, h, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
phi - Null hypothesis value
f - Failure criterion
Details

Plot of adjusted Wald-T-type interval using error due to the difference of achieved and nominal level
of significance for the n + 1 intervals
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See Also

Other Error for adjusted methods: PloterrAAS, PloterrAAll, PloterrALR, PloterrALT, PloterrASC,
PloterrAWD, errAAS, errAAll, errALR, errALT, errASC, errATW, errAWD

Examples

n=20; alp=0.05; h=2;phi=0.99; f=-2
PloterrATW(n,alp,h,phi,f)

PloterrAWD Plots error, long term power and pass/fail criteria using adjusted Wald
method

Description

Plots error, long term power and pass/fail criteria using adjusted Wald method

Usage
PloterrAWD(n, alp, h, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
phi - Null hypothesis value
f - Failure criterion
Details

Plot of adjusted Wald-type interval using error due to the difference of achieved and nominal level
of significance for the n + 1 intervals

See Also
Other Error for adjusted methods: PloterrAAS, PloterrAAll, PloterrALR, PloterrALT,PloterrASC,

PloterrATW, errAAS, errAAll, errALR, errALT, errASC, errATW, errAWD

Examples

n=20; alp=0.05; h=2;phi=0.99; f=-2
PloterrAWD(n,alp,h,phi,f)
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PloterrBA Plots error, long term power and pass/fail criteria using Bayesian
method

Description

Plots error, long term power and pass/fail criteria using Bayesian method

Usage

PloterrBA(n, alp, phi, f, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Plot of Bayesian Highest Probability Density (HPD) and two tailed intervals using error due to
the difference of achieved and nominal level of significance for the n + 1 intervals for the Beta -
Binomial conjugate prior model for the probability of success p

See Also

Other Error for base methods: PloterrAS, PloterrAll, PloterrEX, PloterrLR, PloterrLT, PloterrSC,
PloterrTW, PloterrWD, errAS, errAll, errBA, errEX, errLR, errLT, errSC, errTW, errWD

Examples

n=20; alp=0.05; phi=0.05; f=-2;a=0.5;b=0.5
PloterrBA(n,alp,phi,f,a,b)
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PloterrCAll Plots the calculated error, long term power and pass/fail criteria us-
ing 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald,
ArcSine)
Description

Plots the calculated error, long term power and pass/fail criteria using 5 continuity corrected meth-
ods (Wald, Wald-T, Score, Logit-Wald, ArcSine)

Usage

PloterrCAll(n, alp, phi, c, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
c - Continuity correction
f - Failure criterion
Details

Plots the error, long term power and pass/fail criteria calculaed using 5 continuity corrected methods
(Wald, Wald-T, Score, Logit-Wald, ArcSine)
See Also

Other Error for continuity corrected methods: PloterrCAS, PloterrCLT, PloterrCSC, PloterrCTW,
PloterrCWD, errCAS, errCAll, errCLT, errCSC, errCTW, errCWD

Examples

n=5; alp=0.05; phi=0.05; c=1/(2*n); f=-2
PloterrCAll(n,alp,phi,c,f)
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PloterrCAS Plots the error, long term power and pass/fail criteria for continuity
corrected ArcSine method

Description

Plots the error, long term power and pass/fail criteria for continuity corrected ArcSine method

Usage
PloterrCAS(n, alp, phi, c, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
c - Continuity correction
f - Failure criterion
Details

Plot of continuity corrected Wald-type interval for the arcsine transformation of the parameter p
using error due to the difference of achieved and nominal level of significance for the n+ 1 intervals

See Also

Other Error for continuity corrected methods: PloterrCAll, PloterrCLT,PloterrCSC,PloterrCTW,
PloterrCWD, errCAS, errCAll, errCLT, errCSC, errCTW, errCWD

Examples

n=5; alp=0.05; phi=0.05;c=1/(2*n); f=-2
PloterrCAS(n,alp,phi,c,f)

PloterrCLT Plots the error, long term power and pass/fail criteria for continuity
corrected Logit Wald method

Description

Plots the error, long term power and pass/fail criteria for continuity corrected Logit Wald method

Usage
PloterrCLT(n, alp, phi, c, f)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
c - Continuity correction
f - Failure criterion
Details

Plot of continuity corrected Wald-type interval based on the logit transformation of p using error
due to the difference of achieved and nominal level of significance for the n + 1 intervals

See Also
Other Error for continuity corrected methods: PloterrCAS, PloterrCAll, PloterrCSC, PloterrCTW,
PloterrCWD, errCAS, errCAll, errCLT, errCSC, errCTW, errCWD

Examples

n=5; alp=0.05; phi=0.05;c=1/(2*n); f=-2
PloterrCLT(n,alp,phi,c,f)

PloterrCSC Plots the error, long term power and pass/fail criteria for continuity
corrected Score method

Description

Plots the error, long term power and pass/fail criteria for continuity corrected Score method

Usage
PloterrCsC(n, alp, phi, c, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
c - Continuity correction
f - Failure criterion
Details

Plot of continuity corrected score test approach using error due to the difference of achieved and
nominal level of significance for the n + 1 intervals
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See Also

Other Error for continuity corrected methods: PloterrCAS, PloterrCAll, PloterrCLT, PloterrCTW,
PloterrCWD, errCAS, errCAll, errCLT, errCSC, errCTW, errCWD

Examples

n=5; alp=0.05; phi=0.05;c=1/(2*n); f=-2
PloterrCSC(n,alp,phi,c,f)

PloterrCTW Plots the error, long term power and pass/fail criteria for continuity
corrected Wald-t method

Description

Plots the error, long term power and pass/fail criteria for continuity corrected Wald-t method

Usage

PloterrCTW(n, alp, phi, c, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
c - Continuity correction
f - Failure criterion
Details

Plot of approximate and continuity corrected method based on a t_approximation of the standard-
ized point estimator using error due to the difference of achieved and nominal level of significance
for the n + 1 intervals

See Also
Other Error for continuity corrected methods: PloterrCAS, PloterrCAll, PloterrCLT, PloterrCSC,

PloterrCWD, errCAS, errCAll, errCLT, errCSC, errCTW, errCWD

Examples

n=5; alp=0.05; phi=0.05;c=1/(2*n); f=-2
PloterrCTW(n,alp,phi,c,f)
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PloterrCWD Plots the error, long term power and pass/fail criteria for continuity
corrected Wald method

Description

Plots the error, long term power and pass/fail criteria for continuity corrected Wald method

Usage
PloterrCWD(n, alp, phi, c, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
c - Continuity correction
f - Failure criterion
Details

Plot of Wald-type interval with continuity correction using error due to the difference of achieved
and nominal level of significance for the n + 1 intervals

See Also
Other Error for continuity corrected methods: PloterrCAS, PloterrCAll, PloterrCLT, PloterrCSC,
PloterrCTW, errCAS, errCAll, errCLT, errCSC, errCTW, errCWD

Examples

n=5; alp=0.05; phi=0.05;c=1/(2*n); f=-2
PloterrCWD(n,alp,phi,c,f)

PloterrkX Plots error, long term power and pass/fail criteria using Exact method

Description

Plots error, long term power and pass/fail criteria using Exact method

Usage

PloterrEX(n, alp, phi, f, e)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
e - Exact method indicator in [0, 1] 1: Clopper Pearson, 0.5: Mid P The input can
also be a range of values between 0 and 1.
Details

Plots of Confidence interval for p based on inverting equal-tailed binomial tests with null hypothesis
HO : p = p0 using error due to the difference of achieved and nominal level of significance for the
n + 1 intervals

See Also

Other Error for base methods: PloterrAS, PloterrAll, PloterrBA, PloterrLR, PloterrLT, PloterrsSC,
PloterrTW, PloterrWD, errAS, errAll, errBA, errEX, errLR, errLT, errSC, errTW, errWD

Examples

n=20; alp=0.05;phi=0.05; f=-2;e=0.5 # Mid-p

PloterreX(n,alp,phi,f,e)

n=20; alp=0.05;phi=0.05; f=-2;e=1 #Clopper-Pearson

PloterreEX(n,alp,phi,f,e)

n=20; alp=0.05;phi=0.05; f=-2;e=c(0.1,0.5,0.95,1) #Range including Mid-p and Clopper-Pearson
PloterreEX(n,alp,phi,f,e)

PloterrLR Plots error, long term power and pass/fail criteria using Likelihood
Ratio method

Description

Plots error, long term power and pass/fail criteria using Likelihood Ratio method

Usage
PloterrLR(n, alp, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value

f - Failure criterion
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Details

Plots of error, long term power and pass/fail criteria using Likelihood Ratio method

See Also

Other Error for base methods: PloterrAS, PloterrAll, PloterrBA, PloterrEX, PloterrLT, PloterrsSC,
PloterrTW, PloterrWD, errAS, errAll, errBA, errEX, errLR, errLT, errSC, errTW, errWD

Examples

n=20; alp=0.05; phi=0.05; f=-2
PloterrLR(n,alp,phi,f)

PloterrLT Plots error, long term power and pass/fail criteria using Logit Wald
method

Description

Plots error, long term power and pass/fail criteria using Logit Wald method

Usage

PloterrLT(n, alp, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
Details

Plots of error, long term power and pass/fail criteria using Logit Wald method

See Also

Other Error for base methods: PloterrAS, PloterrAll, PloterrBA, PloterrEX, PloterrLR, PloterrSC,
PloterrTW, PloterrWD, errAS, errAll, errBA, errEX, errLR, errLT, errSC, errTW, errWD

Examples

n=20; alp=0.05; phi=0.05; f=-2
PloterrLT(n,alp,phi,f)
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PloterrSC Plots error, long term power and pass/fail criteria using Score method

Description

Plots error, long term power and pass/fail criteria using Score method

Usage
PloterrSC(n, alp, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
Details

Plots of error, long term power and pass/fail criteria using Score method

See Also

Other Error for base methods: PloterrAS, PloterrAll, PloterrBA, PloterrEX, PloterrLR, PloterrLT,
PloterrTW, PloterrWD, errAS, errAll, errBA, errEX, errLR, errLT, errSC, errTW, errWD

Examples

n=20; alp=0.05; phi=0.05; f=-2
PloterrSC(n,alp,phi,f)

PloterrTW Plots error, long term power and pass/fail criteria using Wald-T
method

Description

Plots error, long term power and pass/fail criteria using Wald-T method

Usage
PloterrTW(n, alp, phi, f)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
Details

Plots of error, long term power and pass/fail criteria using Wald-T method

See Also

Other Error for base methods: PloterrAS, PloterrAll, PloterrBA, PloterrEX, PloterrLR, PloterrLT,
PloterrSC, PloterrWD, errAS, errAll, errBA, errEX, errLR, errLT, errSC, errTW, errWD

Examples

n=20; alp=0.05; phi=0.05; f=-2
PloterrTW(n,alp,phi,f)

PloterrwWD Plots error, long term power and pass/fail criteria using Wald method

Description

Plots error, long term power and pass/fail criteria using Wald method

Usage
PloterrWD(n, alp, phi, f)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
phi - Null hypothesis value
f - Failure criterion
Details

Plots of error, long term power and pass/fail criteria using Wald method

See Also

Other Error for base methods: PloterrAS, PloterrAll, PloterrBA, PloterrEX, PloterrLR, PloterrLT,
PloterrSC, PloterrTW, errAS, errAll, errBA, errEX, errLR, errLT, errSC, errTW, errWD
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Examples

n=20; alp=0.05; phi=0.05; f=-2
PloterrWD(n,alp,phi,f)

PlotexplAAll Plots the Expected length using 6 adjusted methods (Wald, Wald-T,
Likelihood, Score, Logit-Wald, ArcSine)

Description

Plots the Expected length using 6 adjusted methods (Wald, Wald-T, Likelihood, Score, Logit-Wald,
ArcSine)

Usage
PlotexplAAll(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the Expected length of 6 adjusted methods (Wald, Wald-T, Likelihood, Score, Logit-
Wald, ArcSine) for n given alp, h, a, b, t1 and t2 using all the methods

See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplALR, PlotexplALT, PlotexplASC,
PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALR, PlotlengthALT,
PlotlengthASC, PlotlengthATW, PlotlengthAWD, lengthAAS, lengthAAll, lengthALR, lengthALT,
lengthASC, lengthATW, lengthAWD

Examples

## Not run:
n= 10; alp=0.05; h=2;a=1;b=1;
PlotexplAAll(n,alp,h,a,b)

## End(Not run)
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PlotexplAAS Plots the Expected length using adjusted ArcSine method

Description

Plots the Expected length using adjusted ArcSine method

Usage

PlotexplAAS(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the Expected length of adjusted ArcSine method

See Also

Other Expected length of adjusted methods: PlotexplAAll, PlotexplALR, PlotexplALT, PlotexplASC,
PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALR, PlotlengthALT,
PlotlengthASC, PlotlengthATW, PlotlengthAWD, 1engthAAS, lengthAAll, lengthALR, lengthALT,
lengthASC, lengthATW, lengthAWD

Examples
## Not run:
n= 10; alp=0.05; h=2;a=1;b=1;
PlotexplAAS(n,alp,h,a,b)

## End(Not run)
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PlotexplAll Plots the Expected length using 6 base methods (Wald, Wald-T, Likeli-
hood, Score, Logit-Wald, ArcSine)

Description

Plots the Expected length using 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald,
ArcSine)

Usage

PlotexplAll(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots using 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine) for the
expected length of n given alp, h, a, b, t1 and t2 using all the methods

See Also

Other Expected length of base methods: PlotexplAS, PlotexplBA, PlotexplEX, PlotexplLR,
PlotexplLT,PlotexplSC,PlotexplTW, PlotexplWD, PlotlengthAS,PlotlengthAll, PlotlengthBA,
PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW, PlotlengthWD,
lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC, lengthTW, lengthWD

Examples
## Not run:
n= 10; alp=0.05; a=1;b=1;

PlotexplAll(n,alp,a,b)

## End(Not run)
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PlotexplALR Plots the Expected length using adjusted Likelihood Ratio method

Description

Plots the Expected length using adjusted Likelihood Ratio method

Usage

PlotexplALR(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the Expected length of adjusted Likelihood Ratio method

See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALT, PlotexplASC,
PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALR, PlotlengthALT,
PlotlengthASC, PlotlengthATW, PlotlengthAWD, 1engthAAS, lengthAAll, lengthALR, lengthALT,
lengthASC, lengthATW, lengthAWD

Examples
## Not run:
n= 10; alp=0.05; h=2;a=1;b=1;
PlotexplALR(n,alp,h,a,b)

## End(Not run)
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PlotexplALT Plots the Expected length using adjusted Logit Wald method

Description

Plots the Expected length using adjusted Logit Wald method

Usage

PlotexplALT(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the Expected length of adjusted Wald method

See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplASC,
PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALR, PlotlengthALT,
PlotlengthASC, PlotlengthATW, PlotlengthAWD, 1engthAAS, lengthAAll, lengthALR, lengthALT,
lengthASC, lengthATW, lengthAWD

Examples
## Not run:
n= 10; alp=0.05; h=2;a=1;b=1;
PlotexplALT(n,alp,h,a,b)

## End(Not run)
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PlotexplAS Plots ArcSine method of expected length

Description

Plots ArcSine method of expected length

Usage

PlotexplAS(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Plot of Wald-type interval for the arcsine transformation of the parameter p using sum of length of
the n + 1 intervals

See Also

Other Expected length of base methods: PlotexplAll, PlotexplBA, PlotexplEX, PlotexplLR,
PlotexplLT,PlotexplSC,PlotexplTW, PlotexplWD, PlotlengthAS, PlotlengthAll, PlotlengthBA,
PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW, PlotlengthWD,
lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC, lengthTW, lengthWD

Examples
## Not run:
n=5; alp=0.05;a=1;b=1
PlotexplAS(n,alp,a,b)

## End(Not run)
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PlotexplASC Plots the Expected length using adjusted Score method

Description

Plots the Expected length using adjusted Score method

Usage

PlotexplASC(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the Expected length of adjusted Score method

See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplALT,
PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALR, PlotlengthALT,
PlotlengthASC, PlotlengthATW, PlotlengthAWD, 1engthAAS, lengthAAll, lengthALR, lengthALT,
lengthASC, lengthATW, lengthAWD

Examples
## Not run:
n= 10; alp=0.05; h=2;a=1;b=1;
PlotexplASC(n,alp,h,a,b)

## End(Not run)
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PlotexplATW Plots the Expected length using adjusted Wald-T method

Description

Plots the Expected length using adjusted Wald-T method

Usage

PlotexplATW(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the Expected length of adjusted Wald method

See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplALT,
PlotexplASC, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALR, PlotlengthALT,
PlotlengthASC, PlotlengthATW, PlotlengthAWD, 1engthAAS, lengthAAll, lengthALR, lengthALT,
lengthASC, lengthATW, lengthAWD

Examples
## Not run:
n= 10; alp=0.05; h=2;a=1;b=1;
PlotexplATW(n,alp,h,a,b)

## End(Not run)
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PlotexplAWD Plots the Expected length using adjusted Wald method

Description

Plots the Expected length using adjusted Wald method

Usage

PlotexplAWD(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the Expected length of adjusted Wald method

See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplALT,
PlotexplASC,PlotexplATW,PlotlengthAAS, PlotlengthAAll, PlotlengthALR, PlotlengthALT,
PlotlengthASC, PlotlengthATW, PlotlengthAWD, 1engthAAS, lengthAAll, lengthALR, lengthALT,
lengthASC, lengthATW, lengthAWD

Examples
## Not run:
n= 10; alp=0.05; h=2;a=1;b=1;
PlotexplAWD(n,alp,h,a,b)

## End(Not run)
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PlotexplBA Plot the Bayesian method of expected length calculation

Description

Plot the Bayesian method of expected length calculation

Usage

PlotexplBA(n, alp, a, b, al, a2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

al - Beta Prior Parameters for Bayesian estimation

a2 - Beta Prior Parameters for Bayesian estimation
Details

Plots of Bayesian Highest Probability Density (HPD) and two tailed intervals using expected length
of the n + 1 intervals for the Beta - Binomial conjugate prior model for the probability of success p

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplEX, PlotexplLR,
PlotexplLT,PlotexplSC,PlotexplTW, PlotexplWD, PlotlengthAS, PlotlengthAll, PlotlengthBA,
PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW, PlotlengthWD,
lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC, 1lengthTW, lengthWD

Examples
## Not run:
n=5; alp=0.05;a=1;b=1;a1=1;a2=1
PlotexplBA(n,alp,a,b,al,a2)

## End(Not run)
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PlotexplCAll Plots the Expected length using 5 continuity corrected methods (Wald,
Wald-T, Score, Logit-Wald, ArcSine)

Description

Plots the Expected length using 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald,
ArcSine)

Usage

PlotexplCAll(n, alp, c, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correctection
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the expected length of 5 continuity corrected methods (Wald, Wald-T, Score, Logit-
Wald, ArcSine) for n given alp, h, a, b, t1 and t2 using all the methods

See Also

Other Expected length of continuity corrected methods: PlotexplCAS, PlotexplCLT, PlotexplCSC,
PlotexplCTW, PlotexplCWD, PlotlengthCAS, PlotlengthCAll, PlotlengthCLT,PlotlengthCSC,
PlotlengthCTW, PlotlengthCWD, 1engthCAS, lengthCAll, lengthCLT, lengthCSC, lengthCTW,
lengthCWD

Examples
## Not run:

n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
PlotexplCAll(n,alp,c,a,b)

## End(Not run)
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PlotexplCAS Plots the Expected length using continuity corrected ArcSine method

Description

Plots the Expected length using continuity corrected ArcSine method

Usage

PlotexplCAS(n, alp, c, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correctection
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the expected length of continuity corrected ArcSine method

See Also

Other Expected length of continuity corrected methods: PlotexplCAll, PlotexplCLT, PlotexplCSC,
PlotexplCTW, PlotexplCWD, PlotlengthCAS, PlotlengthCAll, PlotlengthCLT,PlotlengthCSC,

PlotlengthCTW, PlotlengthCWD, 1engthCAS, lengthCAll, lengthCLT, 1lengthCSC, lengthCTW,
lengthCWD

Examples
## Not run:
n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
PlotexplCAS(n,alp,c,a,b)

## End(Not run)
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PlotexplCLT Plots the Expected length using continuity corrected Logit Wald
method

Description

Plots the Expected length using continuity corrected Logit Wald method

Usage

PlotexplCLT(n, alp, c, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correctection
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the expected length of continuity corrected Logit Wald method

See Also

Other Expected length of continuity corrected methods: PlotexplCAS, PlotexplCAll, PlotexplCSC,
PlotexplCTW, PlotexplCWD, PlotlengthCAS, PlotlengthCAll, PlotlengthCLT,PlotlengthCSC,
PlotlengthCTW, PlotlengthCWD, 1engthCAS, lengthCAll, lengthCLT, 1lengthCSC, lengthCTW,
lengthCWD

Examples
## Not run:
n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
PlotexplCLT(n,alp,c,a,b)

## End(Not run)
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PlotexplCSC Plots the Expected length using continuity corrected Score method

Description

Plots the Expected length using continuity corrected Score method

Usage

PlotexplCSC(n, alp, c, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correctection
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the expected length of continuity corrected Score method

See Also

Other Expected length of continuity corrected methods: PlotexplCAS, PlotexplCAll, PlotexplCLT,
PlotexplCTW, PlotexplCWD, PlotlengthCAS, PlotlengthCAll, PlotlengthCLT,PlotlengthCSC,

PlotlengthCTW, PlotlengthCWD, 1engthCAS, lengthCAll, lengthCLT, 1lengthCSC, lengthCTW,
lengthCWD

Examples
## Not run:
n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
PlotexplCSC(n,alp,c,a,b)

## End(Not run)
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PlotexplCTW Plots the Expected length using continuity corrected Wald-T method

Description

Plots the Expected length using continuity corrected Wald-T method

Usage

PlotexplCTW(n, alp, c, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correctection
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the expected length of continuity corrected Wald-T method

See Also

Other Expected length of continuity corrected methods: PlotexplCAS, PlotexplCAll, PlotexplCLT,
PlotexplCSC, PlotexplCWD, PlotlengthCAS, PlotlengthCAll, PlotlengthCLT,PlotlengthCSC,

PlotlengthCTW, PlotlengthCWD, 1engthCAS, lengthCAll, lengthCLT, 1lengthCSC, lengthCTW,
lengthCWD

Examples
## Not run:
n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
PlotexplCTW(n,alp,c,a,b)

## End(Not run)
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PlotexplCWD Plots the Expected length using continuity corrected Wald method

Description

Plots the Expected length using continuity corrected Wald method

Usage

PlotexplCWD(n, alp, c, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correctection
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the expected length of continuity corrected Wald method

See Also

Other Expected length of continuity corrected methods: PlotexplCAS, PlotexplCAll, PlotexplCLT,
PlotexplCSC, PlotexplCTW,PlotlengthCAS, PlotlengthCAll, PlotlengthCLT,PlotlengthCSC,

PlotlengthCTW, PlotlengthCWD, 1engthCAS, lengthCAll, lengthCLT, 1lengthCSC, lengthCTW,
lengthCWD

Examples
## Not run:
n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
PlotexplCWD(n,alp,c,a,b)

## End(Not run)
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PlotexplEX Plot for Exact method of expected length calculation

Description

Plot for Exact method of expected length calculation

Usage

PlotexplEX(n, alp, e, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
e - Exact method indicator in [0, 1] 1: Clopper Pearson, 0.5: Mid P The input can
also be a range of values between 0 and 1.
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Plot of Confidence interval for p based on inverting equal-tailed binomial tests with null hypothesis
HO : p = p0 using expected length of the n + 1 intervals.

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplLR,
PlotexplLT,PlotexplSC,PlotexplTW, PlotexplWD, PlotlengthAS, PlotlengthAll, PlotlengthBA,
PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW, PlotlengthWD,
lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC, lengthTW, lengthWD

Examples

## Not run:

n=5; alp=0.05;e=0.5;a=1;b=1

PlotexplEX(n,alp,e,a,b)

n=5; alp=0.05;e=1;a=1;b=1 #Clopper-Pearson

PlotexplEX(n,alp,e,a,b)

n=5; alp=0.05;e=c(0.1,0.5,0.95,1);a=1;b=1 #Range including Mid-p and Clopper-Pearson
PlotexplEX(n,alp,e,a,b)

## End(Not run)
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PlotexplGEN Plot the expected length given hypothetical "p"

Description

n.n

Plot the expected length given hypothetical "p

Usage
PlotexplGEN(n, LL, UL, hp)

Arguments
n - Number of trials
LL - Lower limit
uL - Upper limit
hp - Hypothetical "p"
Details

The plot of the expected length for n given lower limit LL and upper limit UL

See Also

Other Expected length: PlotexplSIM, PlotlengthGEN, PlotlengthSIM, lengthGEN, lengthSIM

Examples

n= 5;

LL=c(0,0.01,0.0734,0.18237,0.3344,0.5492) #Lower and Upper Limits
UL=c(0.4507,0.6655,0.8176,0.9265,0.9899,1)

hp=seq(@,1,by=0.01)

PlotexplGEN(n,LL,UL,hp)

PlotexplLR Plots likelihood Ratio method of expected length

Description

Plots likelihood Ratio method of expected length

Usage

PlotexplLR(n, alp, a, b)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Plot of Likelihood ratio limits using sum of length of the n + 1 intervals

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLT,PlotexplSC,PlotexplTW, PlotexplWD, PlotlengthAS, PlotlengthAll, PlotlengthBA,
PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW, PlotlengthWD,
lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC, lengthTW, lengthWD

Examples

## Not run:
n=5; alp=0.05;a=1;b=1
PlotexplLR(n,alp,a,b)

## End(Not run)

PlotexplLT Plots Logit Wald method of expected length

Description

Plots Logit Wald method of expected length

Usage
PlotexplLT(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Plot of Wald-type interval based on the logit transformation of p using sum of length of the n + 1
intervals
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See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR,PlotexplSC,PlotexplTW, PlotexplWD, PlotlengthAS,PlotlengthAll, PlotlengthBA,
PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW, PlotlengthWD,
lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC, lengthTW, lengthWD

Examples
## Not run:
n=5; alp=0.05;a=1;b=1

PlotexplLT(n,alp,a,b)

## End(Not run)

PlotexplSC Plots the expected length for Score method

Description

Plots the expected length for Score method

Usage

PlotexplSC(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Plot of score test approach using sum of length of the n + 1 intervals

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR,PlotexplLT,PlotexplTW, PlotexplWD, PlotlengthAS, PlotlengthAll, PlotlengthBA,
PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW, PlotlengthWD,
lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, 1lengthSC, lengthTW, lengthWD
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Examples

## Not run:
n=5; alp=0.05;a=1;b=1
PlotexplSC(n,alp,a,b)

## End(Not run)

PlotexplSIM Plots the expected length using calculated using simulation

Description

Plots the expected length using calculated using simulation

Usage

PlotexplSIM(n, LL, UL, s, a, b)

Arguments
n - Number of trials
LL - Lower limit
uL - Upper limit
s - Number of Hypothetical "p"
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plot of the expected length for n given lower limit LL and upper limit UL

See Also

Other Expected length: PlotexplGEN, PlotlengthGEN, PlotlengthSIM, lengthGEN, lengthSIM

Examples

LL=c(0,0.01,0.0734,0.18237,0.3344,0.5492) #Lower and Upper Limits
UL=c(0.4507,0.6655,0.8176,0.9265,0.9899,1)

n=5; s=5000; a=1; b=1;

PlotexplSIM(n,LL,UL,s,a,b)
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PlotexplTW Plots Wald-T method of expected length

Description

Plots Wald-T method of expected length

Usage

PlotexplTW(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Plot of approximate method based on a t_approximation of the standardized point estimator using
sum of length of the n + 1 intervals

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR,PlotexplLT,PlotexplSC, PlotexplWD, PlotlengthAS, PlotlengthAll, PlotlengthBA,
PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW, PlotlengthWD,
lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC, lengthTW, lengthWD

Examples
## Not run:
n=5; alp=0.05;a=1;b=1
PlotexplTW(n,alp,a,b)

## End(Not run)
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PlotexplWD Plots the expected length for Wald method

Description

Plots the expected length for Wald method

Usage

PlotexplWD(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Evaluation of Wald-type intervals using sum of length of the n + 1 intervals

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR,PlotexplLT,PlotexplSC,PlotexplTW, PlotlengthAS, PlotlengthAll, PlotlengthBA,
PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW, PlotlengthWD,
lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC, lengthTW, lengthWD

Examples
## Not run:
n=5; alp=0.05;a=1;b=1
PlotexplWD(n,alp,a,b)

## End(Not run)
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PlotlengthAAll Plots the length summary for 6 adjusted methods (Wald, Wald-T, Like-
lihood, Score, Logit-Wald, ArcSine)

Description

Plots the length summary for 6 adjusted methods (Wald, Wald-T, Likelihood, Score, Logit-Wald,
ArcSine)

Usage

PlotlengthAAll(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots for 6 adjusted methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine). Sum of
the length is shown as bar graph.

See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplALT,
PlotexplASC, PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthALR, PlotlengthALT,
PlotlengthASC,PlotlengthATW, PlotlengthAWD, lengthAAS, lengthAAll, lengthALR, lengthALT,
lengthASC, lengthATW, lengthAWD

Examples
## Not run:
n= 10; alp=0.05; h=2; a=1;b=1;

PlotlengthAAll(n,alp,h,a,b)

## End(Not run)
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PlotlengthAAS Plots the summary length using adjusted ArcSine method

Description

Plots the summary length using adjusted ArcSine method

Usage

PlotlengthAAS(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the summary length of adjusted ArcSine method

See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplALT,
PlotexplASC, PlotexplATW, PlotexplAWD, PlotlengthAAll, PlotlengthALR, PlotlengthALT,
PlotlengthASC,PlotlengthATW, PlotlengthAWD, lengthAAS, lengthAAll, lengthALR, lengthALT,
lengthASC, lengthATW, lengthAWD

Examples

n= 10; alp=0.05; h=2;a=1;b=1;
PlotlengthAAS(n,alp,h,a,b)
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PlotlengthAll Plots the length summary for 6 base methods (Wald, Wald-T, Likeli-
hood, Score, Logit-Wald, ArcSine)

Description
Plots the length summary for 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, Arc-
Sine)

Usage

PlotlengthAll(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots for 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine). Sum of the
length is shown as bar graph.

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR,PlotexplLT,PlotexplSC,PlotexplTW, PlotexplWD, PlotlengthAS, PlotlengthBA,
PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW, PlotlengthWD,
lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC, lengthTW, lengthWD

Examples
## Not run:

n= 10; alp=0.05; a=1;b=1;
PlotlengthAll(n,alp,a,b)

## End(Not run)
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PlotlengthALR Plots the summary length using adjusted Likelihood Ratio method

Description

Plots the summary length using adjusted Likelihood Ratio method

Usage

PlotlengthALR(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the summary length of adjusted Likelihood Ratio method

See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplALT,
PlotexplASC, PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALT,
PlotlengthASC, PlotlengthATW, PlotlengthAWD, lengthAAS, lengthAAll, lengthALR, lengthALT,
lengthASC, lengthATW, lengthAWD

Examples

n= 10; alp=0.05; h=2;a=1;b=1;
PlotlengthALR(n,alp,h,a,b)
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PlotlengthALT Plots the summary length using adjusted Logit Wald method

Description

Plots the summary length using adjusted Logit Wald method

Usage

PlotlengthALT(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the summary length of adjusted Wald method

See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplALT,
PlotexplASC, PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALR,
PlotlengthASC, PlotlengthATW, PlotlengthAWD, lengthAAS, lengthAAll, lengthALR, lengthALT,
lengthASC, lengthATW, lengthAWD

Examples

n= 10; alp=0.05; h=2;a=1;b=1;
PlotlengthALT(n,alp,h,a,b)
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PlotlengthAS Plots ArcSine method of sum of length calculation

Description

Plots ArcSine method of sum of length calculation

Usage
PlotlengthAS(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Plot of Wald-type interval for the arcsine transformation of the parameter p using sum of length of
the n + 1 intervals

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR,PlotexplLT,PlotexplSC,PlotexplTW, PlotexplWD, PlotlengthAll, PlotlengthBA,
PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW, PlotlengthWD,
lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC, lengthTW, lengthWD

Examples

n=5; alp=0.05;a=1;b=1
PlotlengthAS(n,alp,a,b)

PlotlengthASC Plots the summary length using adjusted Score method

Description

Plots the summary length using adjusted Score method

Usage
PlotlengthASC(n, alp, h, a, b)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the summary length of adjusted Score method

See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplALT,
PlotexplASC, PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALR,
PlotlengthALT,PlotlengthATW, PlotlengthAWD, lengthAAS, lengthAAll, lengthALR, lengthALT,
lengthASC, 1engthATW, lengthAWD

Examples

n= 10; alp=0.05; h=2;a=1;b=1;
PlotlengthASC(n,alp,h,a,b)

PlotlengthATW Plots the summary length using adjusted Wald-T method

Description

Plots the summary length using adjusted Wald-T method

Usage
PlotlengthATW(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the summary length of adjusted Wald method
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See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplALT,
PlotexplASC, PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALR,
PlotlengthALT,PlotlengthASC, PlotlengthAWD, lengthAAS, lengthAAll, lengthALR, lengthALT,
lengthASC, lengthATW, lengthAWD

Examples

n= 10; alp=0.05; h=2;a=1;b=1;
PlotlengthATW(n,alp,h,a,b)

PlotlengthAWD Plots the summary length using adjusted Wald method

Description

Plots the summary length using adjusted Wald method

Usage
PlotlengthAWD(n, alp, h, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the summary length of adjusted Wald method

See Also

Other Expected length of adjusted methods: PlotexplAAS, PlotexplAAll, PlotexplALR, PlotexplALT,
PlotexplASC, PlotexplATW, PlotexplAWD, PlotlengthAAS, PlotlengthAAll, PlotlengthALR,
PlotlengthALT,PlotlengthASC, PlotlengthATW, lengthAAS, lengthAAll, lengthALR, lengthALT,
lengthASC, lengthATW, lengthAWD

Examples

n= 10; alp=0.05; h=2;a=1;b=1;
PlotlengthAWD(n,alp,h,a,b)
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PlotlengthBA Plot the Bayesian method of length summary

Description

Plot the Bayesian method of length summary

Usage

PlotlengthBA(n, alp, a, b, al, a2)

Arguments

n - Number of trials

alp - Alpha value (significance level required)

a - Beta parameters for hypo "p"

b - Beta parameters for hypo "p"

al - Beta Prior Parameters for Bayesian estimation

a2 - Beta Prior Parameters for Bayesian estimation
Details

Plots of Bayesian Highest Probability Density (HPD) and two tailed intervals using expected length
of the n + 1 intervals for the Beta - Binomial conjugate prior model for the probability of success p

Value

A dataframe with

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR, PlotexplLT,PlotexplSC,PlotexplTW,PlotexplWD, PlotlengthAS, PlotlengthAll,
PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW, PlotlengthWD,
lengthAS, lengthAll, lengthBA, lengthEX, lengthlLR, lengthLT, lengthSC, lengthTW, lengthWD

Examples

n=5; alp=0.05;a=1;b=1;al1=1;a2=1
PlotlengthBA(n,alp,a,b,al,a2)
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PlotlengthCAll Plots the sum of length for 5 continuity corrected methods (Wald,
Wald-T, Score, Logit-Wald, ArcSine)

Description

Plots the sum of length for 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald,
ArcSine)

Usage

PlotlengthCAll(n, alp, c, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots for 5 continuity corrected methods (Wald, Wald-T, Score, Logit-Wald, ArcSine). Sum of
the length is shown as bar graph.

See Also

Other Expected length of continuity corrected methods: PlotexplCAS, PlotexplCALl, PlotexplCLT,
PlotexplCSC, PlotexplCTW, PlotexplCWD, PlotlengthCAS, PlotlengthCLT, PlotlengthCSC,
PlotlengthCTW, PlotlengthCWD, 1engthCAS, lengthCAll, lengthCLT, lengthCSC, lengthCTW,
lengthCWD

Examples
## Not run:

n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
PlotlengthCAll(n,alp,c,a,b)

## End(Not run)
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PlotlengthCAS Plots the sum of length using continuity corrected ArcSine method

Description

Plots the sum of length using continuity corrected ArcSine method

Usage

PlotlengthCAS(n, alp, c, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correctection
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the expected length of continuity corrected ArcSine method

See Also

Other Expected length of continuity corrected methods: PlotexplCAS, PlotexplCALl, PlotexplCLT,
PlotexplCSC, PlotexplCTW, PlotexplCWD, PlotlengthCAll, PlotlengthCLT, PlotlengthCSC,
PlotlengthCTW, PlotlengthCWD, 1lengthCAS, lengthCAll, lengthCLT, 1lengthCSC, lengthCTW,
lengthCWD

Examples

n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
PlotlengthCAS(n,alp,c,a,b)
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PlotlengthCLT Plots the sum of length using continuity corrected Logit Wald method

Description

Plots the sum of length using continuity corrected Logit Wald method

Usage

PlotlengthCLT(n, alp, c, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correctection
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the expected length of continuity corrected Logit Wald method

See Also

Other Expected length of continuity corrected methods: PlotexplCAS, PlotexplCALl, PlotexplCLT,
PlotexplCSC, PlotexplCTW, PlotexplCWD, PlotlengthCAS, PlotlengthCAll, PlotlengthCSC,
PlotlengthCTW, PlotlengthCWD, 1lengthCAS, lengthCAll, lengthCLT, 1lengthCSC, lengthCTW,
lengthCWD

Examples

n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
PlotlengthCLT(n,alp,c,a,b)
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PlotlengthCSC Plots the sum of length using continuity corrected Score method

Description

Plots the sum of length using continuity corrected Score method

Usage

PlotlengthCSC(n, alp, c, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correctection
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the expected length of continuity corrected Score method

See Also

Other Expected length of continuity corrected methods: PlotexplCAS, PlotexplCALl, PlotexplCLT,
PlotexplCSC, PlotexplCTW, PlotexplCWD, PlotlengthCAS, PlotlengthCAll, PlotlengthCLT,
PlotlengthCTW, PlotlengthCWD, 1lengthCAS, lengthCAll, lengthCLT, 1lengthCSC, lengthCTW,
lengthCWD

Examples

n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
PlotlengthCSC(n,alp,c,a,b)
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PlotlengthCTW Plots the sum of length using continuity corrected Wald-T method

Description

Plots the sum of length using continuity corrected Wald-T method

Usage

PlotlengthCTW(n, alp, c, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correctection
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the expected length of continuity corrected Wald-T method

See Also

Other Expected length of continuity corrected methods: PlotexplCAS, PlotexplCALl, PlotexplCLT,
PlotexplCSC, PlotexplCTW, PlotexplCWD, PlotlengthCAS, PlotlengthCAll, PlotlengthCLT,
PlotlengthCSC, PlotlengthCWD, 1engthCAS, lengthCAll, lengthCLT, lengthCSC, lengthCTW,
lengthCWD

Examples

n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
PlotlengthCTW(n,alp,c,a,b)
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PlotlengthCwD Plots the sum of length using continuity corrected Wald method

Description

Plots the sum of length using continuity corrected Wald method

Usage

PlotlengthCWD(n, alp, c, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correctection
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plots of the expected length of continuity corrected Wald method

See Also

Other Expected length of continuity corrected methods: PlotexplCAS, PlotexplCALl, PlotexplCLT,
PlotexplCSC, PlotexplCTW, PlotexplCWD, PlotlengthCAS, PlotlengthCAll, PlotlengthCLT,
PlotlengthCSC, PlotlengthCTW, lengthCAS, lengthCAll, lengthCLT, 1lengthCSC, lengthCTW,
lengthCWD

Examples

n= 10; alp=0.05; c=1/(2*n);a=1;b=1;
PlotlengthCWD(n,alp,c,a,b)
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PlotlengthEX Plots the length summary for exact method

Description

Plots the length summary for exact method

Usage
PlotlengthEX(n, alp, e, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
e - Exact method indicator in [0, 1] 1: Clopper Pearson, 0.5: Mid P The input can
also be a range of values between 0 and 1.
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Plot of Confidence interval for p based on inverting equal-tailed binomial tests with null hypothesis
HO : p = p0 using expected length of the n + 1 intervals.

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR, PlotexplLT,PlotexplSC,PlotexplTW,PlotexplWD, PlotlengthAS, PlotlengthAll,
PlotlengthBA, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW, PlotlengthWD,
lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC, lengthTW, lengthWD

Examples

## Not run:

n=5; alp=0.05;e=0.5;a=1;b=1 # Mid-p

PlotlengthEX(n,alp,e,a,b)

n=5; alp=0.05;e=1;a=1;b=1 #Clopper-Pearson

PlotlengthEX(n,alp,e,a,b)

n=5; alp=0.05;e=c(0.1,0.5,0.95,1);a=1;b=1 #Range including Mid-p and Clopper-Pearson
PlotlengthEX(n,alp,e,a,b)

## End(Not run)
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PlotlengthGEN Plots the sum of lengths for a specific LL and UL

Description

Plots the sum of lengths for a specific LL and UL

Usage
PlotlengthGEN(n, LL, UL, hp)

Arguments
n - Number of trials
LL - Lower limit
uL - Upper limit
hp - Hypothetical "p"
Details

Plot of intervals obtained from any method using sum of the lengths for the n + 1 intervals

See Also
Other Expected length: PlotexplGEN, PlotexplSIM, PlotlengthSIM, lengthGEN, lengthSIM

Examples

n= 5;

LL=c(0,0.01,0.0734,0.18237,0.3344,0.5492) #Lower and Upper Limits
UL=c(0.4507,0.6655,0.8176,0.9265,0.9899,1)

hp=seq(@,1,by=0.01)

PlotlengthGEN(n,LL,UL,hp)

PlotlengthLR Plots likelihood Ratio method of sum of length calculation

Description

Plots likelihood Ratio method of sum of length calculation

Usage
PlotlengthLR(n, alp, a, b)



304 PlotlengthL T

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Plot of Likelihood ratio limits using sum of length of the n + 1 intervals

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR,PlotexplLT,PlotexplSC,PlotexplTW, PlotexplWD, PlotlengthAS, PlotlengthAll,
PlotlengthBA, PlotlengthEX, PlotlengthLT, PlotlengthSC, PlotlengthTW, PlotlengthWD,
lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC, lengthTW, lengthWD

Examples

n=5; alp=0.05;a=1;b=1
PlotlengthLR(n,alp,a,b)

PlotlengthLT Plots Logit Wald method of sum of length calculation

Description

Plots Logit Wald method of sum of length calculation

Usage

PlotlengthLT(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Plot of Wald-type interval based on the logit transformation of p using sum of length of the n + 1
intervals
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See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR,PlotexplLT,PlotexplSC,PlotexplTW,PlotexplWD, PlotlengthAS, PlotlengthAll,
PlotlengthBA, PlotlengthEX, PlotlengthLR, PlotlengthSC, PlotlengthTW, PlotlengthWD,
lengthAS, lengthAll, lengthBA, lengthEX, lengthlLR, lengthLT, lengthSC, lengthTW, lengthWD

Examples

n=5; alp=0.05;a=1;b=1
PlotlengthLT(n,alp,a,b)

PlotlengthSC Plots the length summary for Score method

Description

Plots the length summary for Score method

Usage
PlotlengthSC(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Plot of score test approach using sum of length of the n + 1 intervals

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR, PlotexplLT, PlotexplSC,PlotexplTW,PlotexplWD, PlotlengthAS, PlotlengthAll,
PlotlengthBA, PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthTW, PlotlengthWD,
lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC, lengthTW, lengthWD

Examples

n=5; alp=0.05;a=1;b=1
PlotlengthSC(n,alp,a,b)
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PlotlengthSIM Plots the sum of length using calculated using simulation

Description

Plots the sum of length using calculated using simulation

Usage

PlotlengthSIM(n, LL, UL, s, a, b)

Arguments
n - Number of trials
LL - Lower limit
uL - Upper limit
s - Number of Hypothetical "p"
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

The plot of the expected length for n given lower limit LL and upper limit UL

See Also

Other Expected length: PlotexplGEN, PlotexplSIM, PlotlengthGEN, lengthGEN, lengthSIM

Examples

LL=c(0,0.01,0.0734,0.18237,0.3344,0.5492) #Lower and Upper Limits
UL=c(0.4507,0.6655,0.8176,0.9265,0.9899,1)

n=5; s=5000; a=1; b=1;

PlotlengthSIM(n,LL,UL,s,a,b)
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PlotlengthTW Plots Wald-T method of sum of length calculation

Description

Plots Wald-T method of sum of length calculation

Usage
PlotlengthTW(n, alp, a, b)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Plot of approximate method based on a t_approximation of the standardized point estimator using
sum of length of the n + 1 intervals

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR,PlotexplLT,PlotexplSC,PlotexplTW, PlotexplWD, PlotlengthAS, PlotlengthAll,
PlotlengthBA, PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthWD,
lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC, lengthTW, lengthWD

Examples

n=5; alp=0.05;a=1;b=1
PlotlengthTW(n,alp,a,b)

PlotlengthWD Plots the length summary for Wald method

Description

Plots the length summary for Wald method

Usage
PlotlengthWD(n, alp, a, b)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
a - Beta parameters for hypo "p"
b - Beta parameters for hypo "p"
Details

Evaluation of Wald-type intervals using sum of length of the n + 1 intervals

See Also

Other Expected length of base methods: PlotexplAS, PlotexplAll, PlotexplBA, PlotexplEX,
PlotexplLR, PlotexplLT,PlotexplSC,PlotexplTW,PlotexplWD, PlotlengthAS, PlotlengthAll,
PlotlengthBA, PlotlengthEX, PlotlengthLR, PlotlengthLT, PlotlengthSC, PlotlengthTW,
lengthAS, lengthAll, lengthBA, lengthEX, lengthLR, lengthLT, lengthSC, lengthTW, lengthWD

Examples

n=5; alp=0.05;a=1;b=1
PlotlengthWD(n,alp,a,b)

PlotpCOpBIAALL Plots p-confidence and p-bias for a given n and alpha level for 6
adjusted methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, Arc-
Sine)
Description

Plots p-confidence and p-bias for a given n and alpha level for 6 adjusted methods (Wald, Wald-T,
Likelihood, Score, Logit-Wald, ArcSine)

Usage
PlotpCOpBIAALl(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

Plots of p-confidence and p-bias for 6 adjusted methods (Wald, Wald-T, Likelihood, Score, Logit-
Wald, ArcSine)
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See Also

Other p-confidence and p-bias of adjusted methods: P1otpCOpBIAAS, P1otpCOpBIALR, P1otpCOpBIALT,
PlotpCOpBIASC, P1lotpCOpBIATW, P1otpCOpBIAWD, pCOPBIAAS, pCOpBIAALL, pCOpBIALR, pCOpBIALT,
pCOpBIASC, pCOpBIATW, pCOpBIAWD

Examples

## Not run:
n=5; alp=0.05;h=2
PlotpCOpBIAALL(n,alp,h)

## End(Not run)

PlotpCOpBIAAS Plots p-confidence and p-bias for adjusted ArcSine method

Description

Plots p-confidence and p-bias for adjusted ArcSine method

Usage
PlotpCOpBIAAS(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

p-confidence and p-bias plots for adjusted ArcSine method

See Also

Other p-confidence and p-bias of adjusted methods: P1otpCOpBIAALL, P1otpCOpBIALR, PlotpCOpBIALT,
PlotpCOpBIASC, P1lotpCOpBIATW, PLlotpCOpBIAWD, pCOPBIAAS, pCOPBIAALL, pCOPBIALR, pCOpBIALT,
pCOpPBIASC, pCOPBIATW, pCOpBIAWD

Examples

n=5; alp=0.05;h=2
PlotpCOpBIAAS(n,alp,h)
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PlotpCOpBIALl Plots p-confidence and p-bias for a given n and alpha level for 6 base
methods (Wald, Wald-T, Likelihood, Score, Logit-Wald, ArcSine)

Description

Plots p-confidence and p-bias for a given n and alpha level for 6 base methods (Wald, Wald-T,
Likelihood, Score, Logit-Wald, ArcSine)

Usage

PlotpCOpBIAll(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

p-confidence and p-bias plots for 6 base methods (Wald, Wald-T, Likelihood, Score, Logit-Wald,
ArcSine)

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of base methods: P1otpCOpBIAS, PlotpCOpBIBA, PlotpCOpBIEX,
PlotpCOpBILR, P1otpCOpBILT, P1lotpCOpBISC, P1lotpCOpBITW, PlotpCOpBIWD, pCOPBIAS, pCOpBIALL,
pCOpBIBA, pCOPBIEX, pCOPBILR, pCOpBILT, pCOPBISC, pCOPBITW, pCOpBIWD

Examples

## Not run:
n=5; alp=0.05
PlotpCOpBIAll(n,alp)

## End(Not run)
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PlotpCOpBIALR Plots p-confidence and p-bias for adjusted Likelihood Ratio method

Description

Plots p-confidence and p-bias for adjusted Likelihood Ratio method

Usage
PlotpCOpBIALR(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

p-confidence and p-bias plots for adjusted Likelihood Ratio method

See Also

Other p-confidence and p-bias of adjusted methods: P1otpCOpBIAAS, P1otpCOpBIAALL, P1otpCOpBIALT,
PlotpCOpBIASC, P1lotpCOpBIATW, P1otpCOpBIAWD, pCOPBIAAS, pCOpBIAALL, pCOpBIALR, pCOpBIALT,
pCOpBIASC, pCOpBIATW, pCOpBIAWD

Examples

n=5; alp=0.05;h=2
PlotpCOpBIALR(n,alp,h)

PlotpCOpBIALT Plots p-confidence and p-bias for adjusted Logit Wald method

Description

Plots p-confidence and p-bias for adjusted Logit Wald method

Usage

PlotpCOpBIALT(n, alp, h)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

p-confidence and p-bias plots for adjusted Logit Wald method

See Also

Other p-confidence and p-bias of adjusted methods: P1otpCOpBIAAS, P1otpCOpBIAALL, P1otpCOpBIALR,
PlotpCOpBIASC, P1lotpCOpBIATW, P1lotpCOpBIAWD, pCOPBIAAS, pCOPBIAALL, pCOPBIALR, pCOpBIALT,
pCOpPBIASC, pCOPBIATW, pCOpBIAWD

Examples

n=5; alp=0.05;h=2
PlotpCOpBIALT(n,alp,h)

PlotpCOpBIAS Plots p-confidence and p-bias for base ArcSine method

Description

Plots p-confidence and p-bias for base ArcSine method

Usage

PlotpCOpBIAS(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

p-confidence and p-bias plots for base ArcSine method

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.
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See Also

Other p-confidence and p-bias of base methods: PlotpCOpBIALl, PlotpCOpBIBA, PlotpCOpBIEX,
PlotpCOpBILR, P1otpCOpBILT, PlotpCOpBISC, P1otpCOpBITW, P1otpCOpBIWD, pCOpBIAS, pCOpBIALL,
pCOpBIBA, pCOPBIEX, pCOPBILR, pCOpBILT, pCOPBISC, pCOPBITW, pCOpBIWD

Examples

n=5; alp=0.05
PlotpCOpBIAS(n,alp)

PlotpCOpBIASC Plots p-confidence and p-bias for adjusted Score method

Description

Plots p-confidence and p-bias for adjusted Score method

Usage

PlotpCOpBIASC(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

p-confidence and p-bias plots for adjusted Score method

See Also

Other p-confidence and p-bias of adjusted methods: P1otpCOpBIAAS, P1otpCOpBIAALL, P1otpCOpBIALR,
P1lotpCOpBIALT, PlotpCOpBIATW, PlotpCOpBIAWD, pCOPBIAAS, pCOPBIAALL, pCOPBIALR, pCOPBIALT,
pCOpPBIASC, pCOPBIATW, pCOpBIAWD

Examples

n=5; alp=0.05;h=2
PlotpCOpBIASC(n,alp,h)
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PlotpCOpBIATW Plots p-confidence and p-bias for adjusted Wald-T method

Description

Plots p-confidence and p-bias for adjusted Wald-T method

Usage
PlotpCOpBIATW(n, alp, h)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

p-confidence and p-bias plots for adjusted Wald-T method

See Also

Other p-confidence and p-bias of adjusted methods: P1otpCOpBIAAS, P1otpCOpBIAALL, P1otpCOpBIALR,
PlotpCOpBIALT, PlotpCOpBIASC, P1otpCOpBIAWD, pCOPBIAAS, pCOpBIAALL, pCOpBIALR, pCOpBIALT,
pCOpBIASC, pCOpBIATW, pCOpBIAWD

Examples

n=5; alp=0.05;h=2
PlotpCOpBIATW(n,alp,h)

PlotpCOpBIAWD Plots p-confidence and p-bias for adjusted Wald method

Description

Plots p-confidence and p-bias for adjusted Wald method

Usage

PlotpCOpBIAWD(n, alp, h)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
h - Adding factor

Details

p-confidence and p-bias plots for adjusted Wald method

See Also

Other p-confidence and p-bias of adjusted methods: P1otpCOpBIAAS, P1otpCOpBIAALL, PlotpCOpBIALR,
PlotpCOpBIALT, P1lotpCOpBIASC, P1lotpCOpBIATW, pCOPBIAAS, pCOPBIAALL, pCOPBIALR, pCOpBIALT,
pCOpBIASC, pCOpBIATW, pCOpBIAWD

Examples

n=5; alp=0.05;h=2
PlotpCOpBIAWD(n,alp,h)

PlotpCOpBIBA Plots p-confidence and p-bias for Bayesian method given n and alpha
level and priors a & b

Description

Plots p-confidence and p-bias for Bayesian method given n and alpha level and priors a & b

Usage
PlotpCOpBIBA(n, alp, al, a2)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
al - Shape parameter 1 for prior Beta distribution in Bayesian model
a2 - Shape parameter 2 for prior Beta distribution in Bayesian model
Details

Evaluation of Bayesian Highest Probability Density (HPD) and two tailed intervals using p-confidence
and p-bias for the n + 1 intervals for the Beta - Binomial conjugate prior model for the probability
of success p
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References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of base methods: P1lotpCOpBIAS, PlotpCOpBIAll, PlotpCOpBIEX,
PlotpCOpBILR, P1lotpCOpBILT, PlotpCOpBISC, P1otpCOpBITW, PlotpCOpBIWD, pCOPBIAS, pCOpBIALL,
pCOpBIBA, pCOPBIEX, pCOPBILR, pCOpBILT, pCOPBISC, pCOPBITW, pCOpBIWD

Examples

n=5; alp=0.05;al1=1;a2=1
PlotpCOpBIBA(n,alp,al,a2)

PlotpCOpBICALL Plots p-confidence and p-bias for a given n and alpha level for 5 con-
tinuity corrected methods (Wald, Wald-T, Score, Logit-Wald, ArcSine)

Description

Plots p-confidence and p-bias for a given n and alpha level for 5 continuity corrected methods (Wald,
Wald-T, Score, Logit-Wald, ArcSine)

Usage
PlotpCOpBICAll(n, alp, c)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

Plots of p-Confidence and p-Bias estimation of 5 continuity corrected methods (Wald, Wald-T,
Score, Logit-Wald, ArcSine)

See Also

Other p-confidence and p-bias of continuity corrected methods: PLotpCOpBICAS, P1otpCOpBICLT,
PlotpCOpBICSC, P1lotpCOpBICTW, PLlotpCOpBICWD, pCOPBICAS, pCOPBICALL, pCOPBICLT, pCOpPBICSC,
pCOpBICTW, pCOpBICWD
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Examples
## Not run:

n=5; alp=0.05;c=1/(2*n)
PlotpCOpBICAll(n,alp,c)

## End(Not run)

PlotpCOpBICAS Plots p-confidence and p-bias for continuity corrected ArcSine method

Description

Plots p-confidence and p-bias for continuity corrected ArcSine method

Usage

PlotpCOpBICAS(n, alp, c¢)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

p-confidence and p-bias plots for continuity corrected ArcSine method

See Also

Other p-confidence and p-bias of continuity corrected methods: PLotpCOpBICALl, P1otpCOpBICLT,
PlotpCOpPBICSC, P1otpCOpBICTW, PlotpCOpBICWD, pCOpBICAS, pCOpBICALL, pCOpBICLT, pCOPBICSC,
pCOpBICTW, pCOpBICWD

Examples

n=5; alp=0.05;c=1/(2*n)
PlotpCOpBICAS(n,alp,c)
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PlotpCOpBICLT Plots p-confidence and p-bias for continuity corrected Logit Wald
method

Description

Plots p-confidence and p-bias for continuity corrected Logit Wald method

Usage
PlotpCOpBICLT(n, alp, c)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

p-confidence and p-bias plots for continuity corrected Logit Wald method

See Also

Other p-confidence and p-bias of continuity corrected methods: PLotpCOpBICAS, PlotpCOpBICALI,
P1otpCOpBICSC, PlotpCOPBICTW, PlotpCOpBICWD, pCOPBICAS, pCOPBICALL, pCOpPBICLT, pCOPBICSC,
pCOpBICTW, pCOpBICWD

Examples

n=5; alp=0.05;c=1/(2#*n)
PlotpCOpBICLT(n,alp,c)

PlotpCOpBICSC Plots p-confidence and p-bias for continuity corrected Score method

Description

Plots p-confidence and p-bias for continuity corrected Score method

Usage
PlotpCOpBICSC(n, alp, c¢)
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Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

p-confidence and p-bias plots for continuity corrected Score method

See Also

Other p-confidence and p-bias of continuity corrected methods: P1otpCOpBICAS, PlotpCOpBICALL,
P1lotpCOpPBICLT, PlotpCOpBICTW, P1lotpCOpBICWD, pCOPBICAS, pCOpBICALl, pCOpBICLT, pCOpBICSC,
pCOpBICTW, pCOpBICWD

Examples

n=5; alp=0.05;c=1/(2*n)
PlotpCOpBICSC(n,alp,c)

PlotpCOpBICTW Plots p-confidence and p-bias for continuity corrected Wald-T method

Description

Plots p-confidence and p-bias for continuity corrected Wald-T method

Usage
PlotpCOpBICTW(n, alp, c)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

p-confidence and p-bias plots for continuity corrected Wald-T method

See Also

Other p-confidence and p-bias of continuity corrected methods: PLotpCOpBICAS, PlotpCOpBICALI,
PlotpCOpBICLT, P1lotpCOpBICSC, P1lotpCOpBICWD, pCOPBICAS, pCOPBICALL, pCOPBICLT, pCOpPBICSC,
pCOpBICTW, pCOpBICWD
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Examples

n=5; alp=0.05;c=1/(2*n)
PlotpCOpBICTW(n,alp,c)

PlotpCOpBICWD Plots p-confidence and p-bias for continuity corrected Wald method

Description

Plots p-confidence and p-bias for continuity corrected Wald method

Usage

PlotpCOpBICWD(n, alp, c)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
c - Continuity correction

Details

p-confidence and p-bias plots for continuity corrected Wald method

See Also

Other p-confidence and p-bias of continuity corrected methods: P1otpCOpBICAS, PlotpCOpBICALL,
P1otpCOPBICLT, PlotpCOPBICSC, P1lotpCOPBICTW, pCOPBICAS, pCOPBICALL, pCOpBICLT, pCOpBICSC,
pCOpBICTW, pCOpBICWD

Examples

n=5; alp=0.05;c=1/(2*n)
PlotpCOpBICWD(n,alp,c)
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PlotpCOpBIEX Plots of p-confidence and p-bias of Exact method given n and alpha
level

Description

Plots of p-confidence and p-bias of Exact method given n and alpha level

Usage

PlotpCOpBIEX(n, alp, e)

Arguments
n - Number of trials
alp - Alpha value (significance level required)
e - Exact method indicator in [0, 1] 1: Clopper Pearson, 0.5: Mid P The input can
also be a range of values between 0 and 1.
Details

Evaluation of Confidence interval for p based on inverting equal-tailed binomial tests with null
hypothesis HO : p = p0 using p-confidence and p-bias for the n + 1 intervals

Value

A dataframe with

x1 Number of successes (positive samples)
pconf p-Confidence
pbias p-Bias

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of base methods: PlotpCOpBIAS, PlotpCOpBIAll, P1lotpCOpBIBA,
PlotpCOpBILR, P1lotpCOpBILT, PlotpCOpBISC, P1otpCOpBITW, PlotpCOpBIWD, pCOPBIAS, pCOpBIALL,
pCOpBIBA, pCOPBIEX, pCOPBILR, pCOpBILT, pCOPBISC, pCOPBITW, pCOpBIWD
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Examples

n=5; alp=0.05;e=0.5; # Mid-p

PlotpCOpBIEX(n,alp,e)

n=5; alp=0.05;e=1; #Clopper-Pearson

PlotpCOpBIEX(n,alp,e)

n=5; alp=0.05;e=c(0.1,0.5,0.95,1); #Range including Mid-p and Clopper-Pearson
PlotpCOpBIEX(n,alp,e)

PlotpCOpBIGEN Plots p-Confidence and p-Bias estimation for general method

Description

Plots p-Confidence and p-Bias estimation for general method

Usage

PlotpCOPBIGEN(n, LL, UL)

Arguments
n - Number of trials
LL - Lower limit
uL - Upper limit
Details

Plot of the general method - intervals obtained from any method using p-confidence and p-bias for
the n + 1 intervals

See Also

Other General methods for p-Confidence and p-Bias: pCOpBIGEN

Examples

LL=c(0,0.01,0.0734,0.18237,0.3344,0.5492) #Lower and Upper Limits
UL=c(0.4507,0.6655,0.8176,0.9265,0.9899,1)

n=5;

PlotpCOpBIGEN(n,LL,UL)
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PlotpCOpBILR Plots p-confidence and p-bias for base Likelihood Ratio method

Description

Plots p-confidence and p-bias for base Likelihood Ratio method

Usage

PlotpCOpBILR(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

p-confidence and p-bias plots for base Likelihood Ratio method

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of base methods: P1otpCOpBIAS, PlotpCOpBIAll, P1lotpCOpBIBA,
PlotpCOpBIEX, P1lotpCOpBILT, PlotpCOpBISC, P1otpCOpBITW, PlotpCOpBIWD, pCOPBIAS, pCOpBIALL,
pCOpBIBA, pCOPBIEX, pCOPBILR, pCOpBILT, pCOPBISC, pCOPBITW, pCOpBIWD

Examples

n=5; alp=0.05
PlotpCOpBILR(Nn,alp)
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PlotpCOpBILT Plots p-confidence and p-bias for base Logit Wald method

Description

Plots p-confidence and p-bias for base Logit Wald method

Usage

PlotpCOpBILT(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

p-confidence and p-bias plots for base Logit Wald method

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of base methods: P1otpCOpBIAS, PlotpCOpBIAll, P1lotpCOpBIBA,

PlotpCOpBIEX, P1lotpCOpBILR, PlotpCOpBISC, P1otpCOpBITW, PlotpCOpBIWD, pCOPBIAS, pCOpBIALL,

pCOPBIBA, pCOPBIEX, pCOpBILR, pCOPBILT, pCOPBISC, pCOPBITW, pCOpBIWD

Examples

n=5; alp=0.05
PlotpCOpBILT(n,alp)



PlotpCOpBISC

325

PlotpCOpBISC Plots p-confidence and p-bias for base Score method

Description

Plots p-confidence and p-bias for base Score method

Usage

PlotpCOpBISC(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

p-confidence and p-bias plots for base Score method

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond

Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of base methods: P1otpCOpBIAS, PlotpCOpBIAll, P1lotpCOpBIBA,

PlotpCOpBIEX, P1lotpCOpBILR, PlotpCOpBILT, P1lotpCOpBITW, PlotpCOpBIWD, pCOPBIAS, pCOpBIALL,

pCOPBIBA, pCOPBIEX, pCOpBILR, pCOPBILT, pCOPBISC, pCOPBITW, pCOpBIWD

Examples

n=5; alp=0.05
PlotpCOpBISC(n,alp)
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PlotpCOpBITW

PlotpCOpBITW Plots p-confidence and p-bias for base Wald-T method

Description

Plots p-confidence and p-bias for base Wald-T method

Usage

PlotpCOpBITW(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

p-confidence and p-bias plots for base Wald-T method

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond

Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of base methods: P1otpCOpBIAS, PlotpCOpBIAll, P1lotpCOpBIBA,

PlotpCOpBIEX, P1lotpCOpBILR, PlotpCOpBILT, P1lotpCOpBISC, PlotpCOpBIWD, pCOPBIAS, pCOpBIALL,

pCOPBIBA, pCOPBIEX, pCOpBILR, pCOPBILT, pCOPBISC, pCOPBITW, pCOpBIWD

Examples

n=5; alp=0.05
PlotpCOpBITW(n,alp)
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PlotpCOpBIWD Plots p-confidence and p-bias for base Wald method

Description

Plots p-confidence and p-bias for base Wald method

Usage

PlotpCOpBIWD(n, alp)

Arguments

n - Number of trials

alp - Alpha value (significance level required)
Details

p-confidence and p-bias plots for base Wald method

References

[1] 2005 Vos PW and Hudson S. Evaluation Criteria for Discrete Confidence Intervals: Beyond
Coverage and Length. The American Statistician: 59; 137 - 142.

See Also

Other p-confidence and p-bias of base methods: P1otpCOpBIAS, PlotpCOpBIAll, P1lotpCOpBIBA,
PlotpCOpBIEX, P1lotpCOpBILR, PlotpCOpBILT, P1lotpCOpBISC, PlotpCOpBITW, pCOPBIAS, pCOpBIALL,
pCOpBIBA, pCOPBIEX, pCOPBILR, pCOpBILT, pCOPBISC, pCOPBITW, pCOpBIWD

Examples

n=5; alp=0.05
PlotpCOpBIWD(n,alp)
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probP0OS Bayesian posterior Probabilities

Description

Bayesian posterior Probabilities

Usage
probP0S(n, a, b, th)

Arguments

n - Number of trials

a - Prior Parameters

b - Prior Parameters

th - Theta value seeking Pr(Theta/X < th)
Details

Computes probability of the event p < p0 (pO0 is specified in [0, 1]) based on posterior distribution
of Beta-Binomial model with given parameters for prior Beta distribution for all z = 0,1,2.....n
where n is the number of trials

Value

A dataframe with

X Number of successes
PosProb Posterior probability
References

[1] 2002 Gelman A, Carlin JB, Stern HS and Dunson DB Bayesian Data Analysis, Chapman &
Hall/CRC [2] 2006 Ghosh M, Delampady M and Samanta T. An introduction to Bayesian analysis:
Theory and Methods. Springer, New York

See Also
Other Miscellaneous functions for Bayesian method: empericalBAx, empericalBA, probP0Sx,

probPREX, probPRE

Examples

n=5; a=0.5; b=0.5; th=0.5;
probP0S(n,a,b, th)
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probP0OSx Bayesian posterior Probabilities

Description

Bayesian posterior Probabilities

Usage

probPOSx(x, n, a, b, th)

Arguments
X - Number of successes
n - Number of trials
- Prior Parameters
- Prior Parameters
th - Theta value seeking Pr(Theta/X < th)
Details

Computes probability of the event p < p0 (p0 is specified in [0, 1]) based on posterior distribution
of Beta-Binomial model with given parameters for prior Beta distribution for all x = 0,1,2......n
where n is the number of trials

Value

A dataframe with

X Number of successes
PosProb Posterior probability
References

[1] 2002 Gelman A, Carlin JB, Stern HS and Dunson DB Bayesian Data Analysis, Chapman &
Hall/CRC [2] 2006 Ghosh M, Delampady M and Samanta T. An introduction to Bayesian analysis:
Theory and Methods. Springer, New York

See Also
Other Miscellaneous functions for Bayesian method: empericalBAx, empericalBA, probP0S, probPREX,
probPRE

Examples

x=5; n=5; a=0.5; b=0.5; th=0.5;
probP0Sx(x,n,a,b,th)
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probPRE The Predicted probability - Bayesian approach

Description

The Predicted probability - Bayesian approach

Usage

probPRE(n, m, al, a2)

Arguments
n - Number of trials from data
m - Future :Number of trials
al - Beta Prior Parameters for Bayesian estimation
a2 - Beta Prior Parameters for Bayesian estimation
Details

Computes posterior predictive probabilities for the required size of number of trials m from the given
number of trials n for the given parameters for Beta prior distribution

Value
A matrix of probability values between [0,1]

predicted_probability
- The predicted probability

Q:n The number of columns based on the value of n

References

[1] 2002 Gelman A, Carlin JB, Stern HS and Dunson DB Bayesian Data Analysis, Chapman &
Hall/CRC

See Also
Other Miscellaneous functions for Bayesian method: empericalBAx, empericalBA, probPOSx,

probPOS, probPREx

Examples

n=10; m=5; al1=0.5; a2=0.5
probPRE(n,m,al,a2)
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probPREXx The Predicted probability - Bayesian approach

Description

The Predicted probability - Bayesian approach

Usage

probPREx(x, n, xnew, m, al, a2)

Arguments

X - Number of successes

n - Number of trials from data

xnew - Required size of number of success

m - Future :Number of trials

al - Beta Prior Parameters for Bayesian estimation

a2 - Beta Prior Parameters for Bayesian estimation
Details

Computes posterior predictive probability for the required size of number of successes for xnew of
m trials from the given number of successes x of n trials for the given parameters for Beta prior
distribution

Value

A dataframe with x,n,xnew,m,preprb

X Number of successes

n Number of trials

xnew Required size of number of success

m Future - success, trails

preprb The predicted probability
References

[1] 2002 Gelman A, Carlin JB, Stern HS and Dunson DB Bayesian Data Analysis, Chapman &
Hall/CRC

See Also

Other Miscellaneous functions for Bayesian method: empericalBAx, empericalBA, probPOSx,
probPOS, probPRE
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Examples

x=0; n=1; xnew=10; m=10; al=1; a2=1
probPREX(x,n,xnew,m,al,a2)
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